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PREFACE

In recent years, there have been very rapid developments in the
computer and software industry. As a result of these developments,
its use has increased in many different areas of the engineering
sector. Thanks to the developments in this computer and software
sector, problems that have not been solved for a long time have been
solved or the solution of existing problems has accelerated. In this
study, we aim to contribute to the readers by compiling a selection
of distinguished works in this field.

The provided book outlines a multi-chapter research project
covering diverse topics in various fields:

Examines the usability of Kirklareli University's mobile web
page for associate degree students. While users generally expressed
satisfaction, some issues like missing links and menu inconsistencies
were identified. Ongoing improvements are recommended.

Explores the implementation of Irrigation 4.0 in agriculture,
integrating field sensor and actuator structures. The system uses
semantic web architecture and software languages for automated
data acquisition and control, demonstrating effective irrigation
decision-making and water pool control.

Investigates the impact of the Covid-19 pandemic on distance
education efficiency for undergraduate engineering students.
Challenges were found in numerical courses, emphasizing the need
for better preparation and collaboration for future epidemics.

Provides a survey on image denoising using transformer-based
networks, emphasizing their increasing use in various image
processing tasks. Future work is suggested to include a
comprehensive survey on image denoising for medical and
hyperspectral images.

Focuses on identifying customer segments in a retail store
using sequential in-store behavior data and purchasing data. A novel
matrix representation is proposed, significantly enhancing the
quality of generated customer clusters compared to existing
methods.



Investigates the use of Generative Adversarial Network
(GAN) architectures, especially StyleGAN, for logo generation. The
study suggests potential use of GAN networks as tools for computer
logo production.

Compares the performance of the Generalized Additive Model
(GAM) with machine learning algorithms for classifying breast
cancer. The GAM model achieved high classification accuracy,
outperforming popular machine learning algorithms.

Focuses on the application of machine learning models to
predict drought conditions, highlighting their effectiveness in
addressing environmental concerns and suggesting potential for
developing resilient strategies for climate change.

In summary, the book encompasses topics ranging from
usability studies and agricultural technology to the impact of the
Covid-19 pandemic on education, image processing, customer
segmentation, logo generation, breast cancer classification, and
environmental predictive modeling using machine learning. Each
chapter provides insights and recommendations relevant to its
respective field of study.

Editor
Prof.Dr.Eyyiip GULBANDILAR



Contents

PREFACE ...ttt 3
LO00] 01 (=] o | <P UU USRI 5
Usability and Heuristic Evaluation of the Mobile-Friendly Website
of an Institutional UnIVErSIty .........ccoiiirininiiienec e 7
DTS O 2 51 7
Irrigation 4.0: System Architecture and Application..................... 32
Mahmut DURGUN ..o 32
Levent GOKREM........c.ccooiriinieiiniense s 32
2.2.2. Wireless Sensor Unit (WSU).......ccccccevveveiieieeieceene 42

The Effect of Transition to Distance Education Method on Success
of Engineering Students in the Covid-19 Epidemic Outbreak....... 63
ANMet ALBAYRAK ..ottt 63

Image Denoising with Transformers: A SUIVEY .........cccecvevveivennnn, 86



ANMEt ULU oo 86

AYKUt KARAKAY A ..ottt 86
Bekir DIZDAROGLU .......ccovviieieieieicisesissesese e 86
A Novel Matrix Representation Combining Customers’ In-store
Sequential Behavior Data and Purchasing Data .............ccccceeeee. 102
AYIa GULCU ..o, 102
INANG ONUR .....ooieiiiciecceceee e, 102
SUMEYTa OZTOP .....oocviviviiiieceeieieeeee e 102
Ebru FUSA oot 102
Logo Generation Using Deep Generative Adversarial Networks: A
Comparison That Uses 1000 or Less Training Epochs................ 126
Eren EKIeN ... 126
OZUZ AITUN ... 126
The Evaluation Of Machine Learning Algorithms And Gam
Performance For Early Diagnosis Of Breast Cancer ................... 147
Muhammet Serdar BASCIL ......ccoooviiiiiiiiiieeeec e, 147
AL YASAR .ot 147
Taloutou Yari DRAMANE ........cooooieiiieeceee e 147
A Multifaceted Machine Learning Approach to Predicting Drought:
Insights from Soil and Air Data AnalysiS.........ccccveenirieninnnnnn. 167
Pinar KARADAYT ATAS oo 167
A Deep Learning Approach for Plant Diseases Classification .... 186
Nazan KEMALOGLU ALAGOZ .......c.oocovvniinieninineineieinenns 186
A Guide for Analyzing Seagrass Images With Deep Learning ... 199
OMEr SEVINC ... s 199
DUrmus A. KOC ... .o 199



CHAPTER |

Usability and Heuristic Evaluation of the Mobile-
Friendly Website of an Institutional University

Enes CELIK!

Introduction

Between 2000 and 2023, the number of internet users reached
5.569 billion people (IWS, 2023). Internet technology causes the
emergence of unique, innovative approaches and the introduction of
countless Internet applications into our lives. One of these
applications is websites, which many users use today. Websites are
applications that provide users with both time-saving and space
independence in quickly accessing the information sought.
Nowadays, smart mobile phones are replacing general-purpose
computers with constant access to the Internet and various
applications and are becoming an integral part of our lives. However,

1 Instructor, Computer Science, Babaeski Vocational School, Kirklareli University, orcid:
0000-0002-3282-865X
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the usability of websites accessed from mobile devices focuses on
understanding the intended purpose of a web page and its ability to
be used smoothly by users. At this point, usability helps people have
a better user experience of the web pages presented to them and
contributes to the development of mobile websites. It is essential in
today's digital age that a web page is mobile-compatible and
provides a user-friendly experience. Such studies not only help raise
and improve mobile website usability standards but also increase the
knowledge of researchers and practitioners in this field by providing
new perspectives and methods to the literature. Therefore, studies on
mobile web page usability make an essential contribution to the
future development of digital platforms. In this study, the usability
of the login page of the Kirklareli University mobile-compatible
website was evaluated on smartphones. The methods used in this
direction include Usability Tests and Heuristic Evaluation. Usability
testing systematically observes prospective or active software users
under controlled conditions. The primary purpose of these studies is
to detect as many usability problems as possible with the software or
web page (Dumas & Loring, 2008). These tests are usually
conducted by observers watching or taking notes while participants
perform a task. University students were chosen as the target
audience. It detects usability problems, collects quantitative and
qualitative data, and determines users' satisfaction with the software
(Usability, 2015).

Literature Review

Kjeldskov and Stage present six techniques for evaluating the
usability of mobile computing systems in laboratory environments.
The proposed techniques include various aspects of physical
movement combined with the need to segment physical movement
or attention. Having test subjects seated at a table supported the
identification of more usability problems than other recommended
techniques (standing with a mobile device) (Kjeldskov & Stage,
2004).



Ates and Karacan conducted analyses to determine the
usability of the Abant izzet Baysal University website for students.
The "Website Analysis and Measurement Inventory” survey
consisting of 20 questions was used as a data collection tool in the
research (Ates & Karacan, 2009).

Plane and Lighter is a research conducted to measure the
usability of the Hacettepe University Information and Document
Management Department web page, and its results are presented.
During the application phase of the classic usability test, fourteen
questions were asked to the subjects, which required using various
parts of the department web page (Ucak & Cakmak, 2009).

Wessels et al. describe the challenges and benefits of bringing
web applications to mobile devices. It covers many guidelines
offered to developers to facilitate the transition to mobile devices
(Wessels et al., 2011).

In one of his studies, Sengel determined the usability level of
the university website on the internet in terms of "learnability,
effectiveness, efficiency and satisfaction". In the study, which had a
single-stage case design, the observation method was used to collect
data about effectiveness, efficiency and learnability. "System
Usability Scale", consisting of 10 questions, was used to collect data
on satisfaction. All participants found that they had a positive
attitude that this site helps users find information about the university
(Sengel, 2013).

Giirses and Aytek investigated their opinions and attitudes
about the usability of user interfaces of electronic library websites.
This research was conducted on the Turkey Academic Network and
Information Center (ULAKBIM) website, which provides national
electronic library services to various academic users. First, the active
ULAKBIM website was redesigned based on usability guidelines to
optimise the usability of the user interface, taking into account
factors that contribute to user perceptions and attitudes. Within the
framework of experimental research, two ULAKBIM websites, the
existing site in the control group and the redesigned prototype site in
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the experimental group, were compared in terms of user performance
and satisfaction using both qualitative and quantitative
measurements (Glirses & Aytek, 2014).

Paz et al. provide evidence indicating that heuristics are
inappropriate for measuring the usability of emerging categories of
software applications. Therefore, considering the existing
limitations, a new set of usability heuristics is proposed following a
structured and systematic method. Fifteen new usability heuristics
were obtained as the final product of this research. The results
revealed that the new series of usability heuristics for transactional
web pages presented in this study yielded more accurate and
promising results than Nielsen's current offering (Paz et al., 2014).

Fung et al. evaluated the usability of the University of Hong
Kong mobile website against two other universities. The evaluation
result shows that the mobile website contains some usability issues
in intuitive use, such as failure to inform users of wait time, failure
to provide some information logically, some consistency issues in
displaying content, lack of advanced search for expert users, and
insufficient helpful error message (Fung et al., 2016).

Garcia-Lopez et al. aim to check whether navigation
guidelines are valid for personal computers. Because traditional
navigation guidelines for desktop computers may not apply to
mobile devices. The results suggested that most of the traditional
navigation guidelines are valid for current mobile devices, but some
require modification to validate the traditional rules for mobile
devices (Garcia-Lopez et al., 2017).

Hendra and Arifin measure the usability of a web-based
student grade processing information system. Usability level refers
to the ease of use of such information systems or software. The
higher the usability value, the greater the benefits of the information
system in assisting users. The USE Survey consists of 3 parameters
for usability measurement: benefits, ease of use and ease of learning.
The result of usability measurement will have the value of
"feasibility” and has proven to have a significant impact on utility
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variability, ease of use and ease of learning user satisfaction
variables (Hendra & Arifin,2018).

Manzoor et al. find that the criteria used to evaluate University
websites are vague and often unknown, negatively affecting the user
experience of students visiting such websites. To solve this problem,
we created a usability metric and examined leading university
websites to analyse whether these websites could meet students'
needs. The evaluation results found that 88% of students were
satisfied with the recommended usability features, but most
universities could not meet the students’ desired usability standards.
The findings also show that the usability evaluation score for each
usability feature varies from country to country. In addition, the
evaluation showed that the proposed approach would not only
increase the usability of academic websites but also provide the
easiest way to convert prospective student inquiries into registration
opportunities (Manzoor et al., 2018).

Delgado and his colleagues have challenged Higher Education
Institutions to adopt new technological tools that enable effective
student communication, especially with multi-platform mobile
applications. However, often, the development of these applications
does not meet the usability criteria, neither in design nor in
development, which is a determining factor in the success or failure
of the project. This study describes the relevant web portal's heuristic
evaluation and usability tests and identifies the problem factors
encountered in developing the multi-platform mobile application
(Delgado et al., 2018).

In one of his studies, Sevket evaluated the usability and
effectiveness of Ahmet Yesevi University TURTEP Distance
Learning online learning environment for students and faculty
members. The data obtained were examined using methods such as
descriptive analysis, analysis of variance, correlation analysis and
content analysis. Research results show that students' usability and
satisfaction level towards the online learning environment is at a
"Medium"” level, while faculty members' level is "High".
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Additionally, it has been found that there is a positive relationship
between usability and satisfaction (Sevket, 2019).

In one of her research studies, Hatice emphasises the
importance of websites, which are critical for universities today,
being accessible and user-friendly for students and users. It is
essential to ensure that the visuals accurately reflect the institution,
especially on the websites used by foundation universities for
promotional and advertising purposes, and that users can easily find
the information they are looking for. It is emphasised that the design
must be compatible with mobile devices, taking into account access
to websites from mobile devices. Suggestions for universities to
adopt the global trend to the analysis are integral to the study (Hatice,
2020).

In this study, Gonca et al. aim to evaluate the usability of
university website home pages by observing them. The home pages
of five Turkish universities were examined with an eye-tracking
approach, and it was determined that users had difficulties finding
menu components. These findings provide important clues about the
usability of web pages and guide external stakeholders of
universities in creating a more attractive and user-oriented web
design (Gonca et al., 2021).

In this study, Sevval et al. present the evaluation of prospective
student web pages of universities in Turkey in terms of accessibility,
usability and security. One hundred forty-seven web pages were
examined with automatic testing tools. As a result of the evaluation,
it was revealed that the majority did not pay enough attention to
accessibility and usability standards (Sevval et al., 2022).

In one of her studies, Zeynep examines the design elements
that affect the usability of university websites and examines these
elements in four main areas: content integrity, content architecture,
user experience and design aesthetics. By presenting approaches and
suggestions in each area, it is emphasised that these elements should
be taken into account at all stages of the design process to increase
the usability of websites (Zeynep, 2022).
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According to studies conducted in Turkey and around the
world regarding usability of academic websites in the last 20 years,
emphasis has been placed on design to eliminate usability problems
in the fields of university web pages, library systems, Distance
Learning systems and mobile applications. The knowledge and
experience of the end user is also an essential factor.

Materials and Methods

Usability Testing

Nielsen (1993) stated that usability cannot be limited in terms
of user interface and stated that it has the following components:

* Learnability: The system is easy to learn, allowing users to
do some work quickly when they first encounter it.

* Efficiency: It is the effective use of the system that allows the
user to work at a high-efficiency level after learning the system.

* Memorability: The ability to use the system without
repeating everything from scratch when it is used again, even if it is
interrupted for a while.

* Errors: The system has a low error rate.
« Satisfaction: It means that the system is pleasant to use.

In general, usability can be defined as "the level of
functionality, practicality, ease of learning and usage satisfaction of
all kinds of products that we use to perform various operations in our
daily lives despite the differences in usage environments." Usability
aims to design a product that meets the expectations and needs of the
target audience. In designing these products, planned usability
evaluation studies are of great importance. Usability testing is the
most common and primary usability engineering method to evaluate
interfaces with real users and authentic tasks. He stated that user
interface evaluations should be carried out as formative or
summative evaluations, two critical usability study points. He stated

that formative evaluation helps develop the interface as part of an
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iterative design process and is used to learn how the design can be
further improved and in detail, whether the interface is good or bad.
He emphasised that summative evaluation is included in measuring
the overall quality of the interface (Nielsen, 1993).

Usability Testing Tasks:

1. To find the final dates in the Associate Degree and
Undergraduate academic calendar of the 2022-2023 academic year

2. Accessing the latest event announcement at Kirklareli
University

3. For intelligent mobile devices with the Android operating
system on campus, View the web page for the Android operating
system from the wireless network connection guide

4. Viewing Kirklareli University promotional catalogue.
5. View the web page for writing a message to the Rector

6. Checking whether the university library is subscribed to
EBSCO from online databases

7. Erasmus coordinator; Finding the name of the university
with which an international agreement is made in Germany in the
Erasmus+ KA103 exchange program

8. Viewing the CV of the University Vice Rector

9. Finding the e-mail address and course resources of the
relevant instructor

10. Accessing the web page of the Kirklareli University
Distance Learning Portal

Note: 180 seconds are given for each task.

Heuristic Evaluation

Heuristic evaluation is a usability engineering method that
reveals usability problems in user interface design. This method
detects usability problems of interfaces examined by evaluators
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according to predefined usability heuristics. The expert decides how
to evaluate the interface. However, what is generally recommended
in the literature is to examine the interface at least twice. In the first
review, the interface is examined in general. In the second review,
the evaluator deepens the review, focuses on the design elements,
and evaluates the suitability of these elements according to usability
heuristics (Nielsen, 1994). Nielsen heuristics are;

Visibility of system status: The system should inform the user
about what is happening in the system with feedback within a
reasonable time.

Closeness to the real world: The system should speak the users'
language, using words and expressions that are familiar to the users,
rather than terms that the users will not understand.

User control and freedom: Since users often choose system
functions by mistake, the system should offer them an emergency
exit from this situation without an extended dialogue. That is why
Undo and Redo functions must be available in the system.

Consistency and standards: Users should not have to wonder
whether different words, situations and actions mean the same thing.

Error Prevention: Instead of great error messages, creating
careful designs that prevent users from making mistakes is more
critical. Situations that increase the possibility of users making
mistakes should be eliminated, or users' confirmation of whether
they want to take action should be obtained.

Knowing rather than being remembered: Actions, objects and
options should be visible to minimise the user's memory load. The
user should not have to remember some information when moving
from one dialogue to another. Information on using the site should
be visible or accessible when necessary.

Flexibility and efficiency of use: By anticipating user needs,
the number of necessary steps should be reduced, and the system
should allow customization.
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Aesthetic and minimalist design: Dialogues should not contain
unnecessary or irrelevant information. Each additional unit in the
dialogue reduces its visibility as it competes with the relevant
information.

Helping users recognise, understand and recover from errors:
Error messages should be expressed in clear language that does not
contain code, the problem should be fully explained, and a positive
solution should be offered to the user.

Help and documentation: It may be necessary to offer help and
documentation to users, even if it is better if a system can be used
without documentation. This information should be easily
searchable, focused on user tasks, contain concrete steps towards a
solution, and not be too long.

For economic reasons, intuitive evaluation is made instead of
experts; the project team used Nielsen's heuristics from the literature.

Participants

Due to economic reasons, the study was conducted only with
associate degree students of Babaeski VVocational School. The study
was conducted with four different groups. For a pilot application,
one person and each group consisted of at least 3 people, according
to Figure 1 with 13 participants.
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Figure 1. The Optimal Sample Size for Qualitative Usability
Studies [Nielsen, 2000]

According to Nielsen, 3 or 5 participants are sufficient
(Nielsen, 2000). All participants have sufficient computer and
internet literacy. First, the participants were asked to complete
demographic surveys to obtain general information about
themselves. Half of the participants are men and the other half are
women. The ages of the participants vary between 18 and 21, with
the average age being 19. Those previously using the Kirklareli
University mobile web page have been selected as experienced.
Groups were created according to demographic characteristics
according to Table 1. In the first stage, they were asked to browse
the Kirklareli University mobile web page for 1-2 minutes. In the
second stage, they were given some tasks and it was determined how
many of the tasks they completed, in what time and with what error
rate. Finally, users were asked to fill out a post-test usability
satisfaction survey. Afterwards, a free conversation was held.
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Table 1. Usability Test Groups

Those with little computer and internet experience and also
Group 1 | having little experience with the Kirklareli University mobile web
page
Groun 2 Those with little computer and internet experience and also more
P experience with the Kirklareli University mobile web page
Group 3 Having a lot of computer and internet experience and also having
P little experience with the Kirklareli University mobile web page
Group 4 Having a lot of computer and internet experience and also more
P experience with the Kirklareli University mobile web page
Results

User tests were conducted in this part of the study to examine
whether there are differences between users regarding usability
criteria (impact, effectiveness, and satisfaction) and, if so, the
reasons for these differences. Experiments were conducted with four
user groups. Each group consists of at least 3 students. The question
researched according to user groups in this study is; Are there
differences between user groups regarding impact (success),
effectiveness (time) and satisfaction? What are the reasons for these
differences? Observation results are given in Table 2.
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Table 2. Usability Test Results

Task | Group | Group | Group | Group | Total Success S(ggc;izs
S 1 2 3 4 (%) n)
1 100 100 100 100 100 12
2 100 100 100 100 100 12
3 100 100 100 100 100 12
4 100 100 100 100 100 12
5 33 100 100 100 83 10
6 100 100 100 67 91 11
7 0 0 0 67 16 2
8 100 100 100 100 100 12
9 67 100 67 100 83 10

10 0 0 33 67 25 3

According to the usability test results of the participating
groups according to Table 2, Participants in group 1 had difficulty in
tasks 5, 7, 9 and 10. Participants in Group 2 had difficulty in tasks 7
and 10. Participants in Group 3 had difficulty in tasks 7, 9 and 10.
Participants in Group 4 had difficulty with tasks 6, 7, and 10. Group
1 and Group 2 also failed in the 7th and 10th tasks. Group 3 failed
task 7. Figure 2 shows the average success levels of the groups.

5.00
4.00

3.0

o

2.0

o

M Groupl M Group?2

Group 3

Group 4

Figure 2. Average Success of Groups
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The average task completion times of the participant group are
given in Table 3. According to Table 3, the task that takes the most
time in general is task 7, and the task that takes the least time is task
2. In Groups 1 and 2, the 9th task is the most time-consuming, and
the task completed in the shortest time is task 2. In Group 3, the 10th
most time-consuming task is the 2nd, completed in the shortest time.
In Group 4, the 7th task took the most time, and the task completed
in the shortest time was task 1.

Table 3. Usability Test Time Results (seconds)

Tasks | Groupl | Group2 | Group3 | Group4 | Average
1 57 46 40 13 39
2 18 25 16 17 19
3 21 27 67 14 32
4 76 25 24 26 38
5 25 43 35 42 36
6 51 32 26 41 38
7 * * * 152 152
8 38 48 21 23 33
9 154 134 71 77 109
10 * * 96 106 140
Average 55 475 44 51,1

* Could not complete the relevant duties within the given time
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Analysis of the Likert scale used in the satisfaction survey,
question-by-question averages and standard deviations were
calculated. The 6th question is close to the "disagree” value, and the
4th question is close to the "agree" value. Satisfaction averages and
standard deviations of all groups are given in Table 4.

Table 4. Usability Test Satisfaction Results

Group 1| Group 2| Group 3| Group 4 | Average gg;gggﬂ
1.task | 2,33 3,00 3,33 4,00 3,15 1,21
2.task | 4,33 4,33 2,67 2,67 3,38 1,19
3.task | 1,67 3,00 2,67 3,00 2,53 1,05
4.task | 4,00 3,67 3,67 4,00 3,77 1,23
5. task | 2,33 2,67 3,67 2,67 2,84 0,98
6.task | 2,00 2,33 2,00 3,33 2,31 1,25
7.task | 2,33 2,00 3,67 3,33 2,92 1,03
8.task | 1,67 3,00 3,33 2,33 2,61 0,96
9.task | 3,33 2,33 3,00 3,67 3,15 1,14
10. task | 2,33 3,33 4,67 3,67 3,38 1,55
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Figure 4. Average Satisfaction Levels of the Groups

The reliability rate of the satisfaction survey was measured as
49%. If the 2nd and fourth questions in the survey are removed, the
reliability rate becomes 77%.

Participants generally stated that they benefited from their
knowledge and experience using the mobile web page and that it
helped guide them. The most disliked features of the mobile web
page; are being unable to access the Distance Learning Portal, Menus
being confused, and Administrators not being reachable. The most
popular features of the mobile web page are The home page, which
contains little information and detailed information about the
university, the web page is fast to load, the menus are prepared
categorically, and it is easy to access.

Task 7 is to find the university name with which the Erasmus
coordinator has an international agreement in Germany in the
Erasmus+ KA103 exchange program. The name of this university
cannot be found because it is not under the Erasmus+ KA103 menu.
However, it is under the "Interinstitutional Agreements" menu
heading. The Success Rate of this mission is 16%. Only 2 out of 12
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people did it. The average time to find or perform the task is 152
seconds. At this point, task 7 is difficult.

Task 10 is to access the web page of Kirklareli University
Distance Learning Portal. There is a Distance Learning Application
and Research Center link under the Application and Research
Centers heading under Academic in the menus. It is difficult for
students to find it here. A shortcut button should be placed on the
home page. The Success Rate of this mission is 25%. Only 3 out of
12 people did it. The average time to find or perform the task is 140
seconds. At this point, task 10 is difficult.

Task 5: View the web page for writing a message to the Rector.
The message to the Rector section is under the contact menu. Some
students search for the rector here when they find it under the
administration menu. The same link can also be placed on the rector's
website. The Success Rate of this mission is 83%. Only 2 out of 12
people could not do it. The average time to find or perform the task
is 36 seconds. At this point, task 5 is difficult.

Task 6: To check whether the university library is subscribed
to EBSCO from online databases. You can access online databases
under the library menu. It is unclear to have the EBSCOhost database
title under the same menu. When the student enters the page, he
searches. When you search, it becomes clear that he is subscribed.
However, he cannot find the answer in the list. The Success Rate of
this mission is 91%. Only one person out of 12 could not do it. The
average time to find or perform the task is 38 seconds. At this point,
task 6 is difficult.

Task 9: Find the relevant instructor's e-mail address and course
resources. The student should search the personnel section on the
Babaeski VVocational School page from the Academic menu, or there
is a shortcut button on the home page; he can also do it there. | cannot
find it in menu complexity. An Academic Personnel link should be
placed under the academic heading. The Success Rate of this mission
is 83%. Only 2 out of 12 people could not do it. The average time to
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find or perform the task is 109 seconds. At this point, task 9 is
difficult.

The hypotheses (H) established with the help of the SPSS
program were tested. It was analysed to see if there were any
differences between the groups. Groups: Group 1, Group 2, Group
3, Group 4. Performances: Average success rate, average task
completion time, average satisfaction.

HO: Group 1 factor does not affect average success.
H1: Group 1 factor affects average success.
H2: Group 2 factor does not affect average success.
H3: Group 2 factor affects average success.
H4: Group 3 factor does not affect average success.
H5: Group 3 factor affects average success.
H6: Group 4 factor does not affect average success.
H7: Group 4 factors affect average success.

According to the SPSS Anova test results, the relevant factors
do not affect the average success since the groups are similar.
ANOVA results are given in Figure 5. If the rightmost sig value in
the ANOVA table is less than 0.05, it is decided that there is a
significant difference between the averages of the compared groups.
The groups have similar characteristics if the sig value is more
significant than 0.05.

Sum of Squares df Mean Square F Sig.
Between Groups 1,800 3 600 ST 673
Within Groups 41,800 36 1,161
Total 43,600 39

Figure 5. ANOVA Results for Success
HO: Group 1 factor does not affect on average time.
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H1:
H2:
H3:
H4:
H5:
H6:
H7:

Group 1 factor affects on average time.
Group 2 factor does not affect on average time.
Group 2 factor affects on average time.
Group 3 factor does not affect on average time.
Group 3 factor affects on average time.
Group 4 factor does not affect on average time.
Group 4 factor affects on average time.

According to the SPSS anova test results, the relevant factors
do not affect the average time since the groups are similar. ANOVA
results are given in Figure 6. If the rightmost sig value in the
ANOVA table is less than 0.05, it is decided that there is a significant
difference between the averages of the compared groups. The groups
have similar characteristics if the sig value is more significant than

0.05.

Sum of Squares df Mean Square F Sig.
Between Groups 5521 475 3 1840,452 559 645
Within Groups 116447 300 36 3290,203
Total 123968,775 39

HO:
H1:
H2:
H3:
H4:
H5:
H6:
H7:

Figure 6. ANOVA Results for Time

Group 1 factor does not affect average satisfaction.
Group 1 factor affects average satisfaction.

The group 2 factor does not affect average satisfaction.
Group 2 factor affects average satisfaction.

The group 3 factor does not affect average satisfaction.
Group 3 factor affects average satisfaction.

Group 4 factor does not affect average satisfaction.
Group 4 factor affects average satisfaction.
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According to the SPSS ANOVA test results, the relevant
factors do not affect average satisfaction since the groups are similar.
ANOVA results are given in Figure 7. If the rightmost sig value in
the ANOVA table is less than 0.05, it is decided that there is a
significant difference between the averages of the compared groups.
The groups have similar characteristics if the sig value is more
significant than 0.05.

Sum of Squares df Mean Square F Sig.
Between Groups 2733 3 911 1,631 199
Within Groups 20111 36 559
Total 22,644 39

Figure 7. ANOVA Results for Satisfaction

Heuristic evaluation is the detection of usability problems that
cannot be found through usability testing. Thus, the two methods
were used to complement each other's deficiencies. Kirklareli
University's mobile web page is successful in terms of system
visibility. It provides convenience to the user by using metaphors in
harmony between real life and the system. Its shortcomings in terms
of user control and freedom are structurally adding a "back™ button,
"home" button, and "refresh” button to every web page, which will
help the user at the checkpoint. Regarding consistency and
compliance with standards, students want to be directed to home
pages when they click on banners; However, redirecting to
subdomain pages misleads the user. Since there is no interactive
system regarding error prevention, it does not pose much of a
problem. It has satisfactory actions in recognition versus
remembering. Quick menus can be created for expert users regarding
usage flexibility and efficiency. In terms of aesthetics and minimalist
design, it has a straightforward and mini design compared to the
desktop application. Adding address links to action-forming images
can create more interactive actions to eliminate error messages and
errors. It offers different assistance tools to the user in terms of
documentation and help.
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Conclusion and Discussion

Since the study groups have similar characteristics and were
selected only from associate degree students, there is no significant
difference between the user groups.

At the end of the study, users' positive and negative
observations about the mobile web page and suggestions were
determined. It meets the needs and expectations of accessing
information about the university. Users had no problems navigating
between menus. It has been observed that users are satisfied with the
infrastructure and usage speed of the mobile web page. Users have
stated that there are no links to the relevant images, insufficient
directions for some information, some menu titles are empty or do
not have a link assignment, and some menus are incompatible with
the relevant tasks. As a result of the findings obtained from the
research, some suggestions were made to make arrangements
regarding the content and design of the Kirklareli University mobile
website and to increase its usability. These recommendations:

Regarding usability tasks, confusion in menu subheadings was
eliminated; Subheadings should be understandable and clear. Mobile
web page redirects are inadequate and should be improved. The
mobile web page could be better equipped. By gathering certain
things together, access to information should be faster and in shorter
steps. They use the most commonly used navigation system in line
with the information obtained by rearranging the navigation tools
within the page with the same purpose. For Distance Learning, a link
can be placed on the home page. Because the Distance Learning
home page cannot be accessed from the easy access point.
Universities with agreements made for international student
exchange can be placed under the relevant Erasmus heading.

Intuitively, a "back™ button, a "home™ button and a "refresh”
button should be added structurally to every web page, as this will
provide the user with freedom at the control point. When you click
on the banners on the mobile web page, you want to be directed to
the home pages. However, since it is difficult for the user to navigate
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to sub-domain pages, home page links can be assigned. Adding
address links to symbolic images on the mobile web page can create
more interactive actions. First, link and layout problems arising from
design elements should be resolved. There are no significant
problems in terms of colour, text and consistency. Controllability
problems arising from how the mobile web page works must be
urgently resolved. There are no significant issues based on error
management, help and documentation. First, terminology and
information organisation problems arising from site-user
incompatibility must be resolved. There are no significant problems
in terms of flexibility and user workload.

According to the research results, it is thought that reviewing
the mobile web page and making the necessary adjustments in light
of the suggestions will increase user satisfaction. In addition, it will
be essential to repeat these tests regularly and at certain intervals so
that changing user needs can be reflected on the mobile site.
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CHAPTER I

Irrigation 4.0: System Architecture and Application

Mahmut DURGUN!
Levent GOKREM?

1-Introduction

The water used by plants for their normal development is
acquired from rainwater and they also absorb water from the soil by
roots. The nutrients in the root environment are transported to the
tips of the plants via irrigation. Since the continuity of the cycle is
ensured by way of transpiration of the water from the plant leaves,
sufficient level of moisture should be attained at the root zone.
Losses in yield and quality occur due to insufficient or incorrect
irrigation. Water resources should be used effectively since it is

! Department of Mechatronics Engineering, Tokat Gaziosmanpaasa University,60300,
Tokat Turkey
2 Department Of Electrical And Electronics Engineering, Tokat Gaziosmanpasa
University,60300, Tokat Turkey
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known that the water sources in the world are limited, that
agricultural water requirement is increasing with rising food demand
due to increasing world population and that excessive water is used
during irrigation (Cakmak et al., 2008),(Y1ldirim, 2008).

Turkey is not among the water-rich countries with an annual
amount of water per capita of around 1.519 m3 (Devlet Su Isleri
Genel Midirliigt, 2017). Turkish Statistical Institute (TSI) has
projected a population of 100 million for Turkey in the year 2040
(Kurumu, 2018). In this case, it is estimated that the amount of usable
water per capita in Turkey in 2040 will be around 1.120 m®/year.
Possible pressure on water resources will increase with due to the
impact of factors such as the current rate of growth and change in
water consumption habits. In addition, all these estimations will be
valid only if the current resources can be protected for 20 years
without any loss. Therefore, the resources should be well-preserved
and used rationally in order to pass on a sufficient amount of usable
water to future generations (Devlet Su Isleri Genel Miidiirliigii,
2017). About 16% of the water potential of Turkey is used for
drinking and daily use, 12% in industry and 72% in agricultural
irrigation (Cakmak et al., 2008).

Agriculture was faced with a significant process of
transformation starting from the end of the 18" century when the
traditional social structure based on agriculture changed rapidly into
an industrial society, the rural sections were subject to urbanization,
the agricultural areas diminished, the population increased rapidly
and mechanization in agriculture started resulting in various impacts
on the environment. The concept of “Industry 4.0 that has left its
mark on our day continues to increase its impact on agriculture day
by day. It has become an important issue to decrease the amount of
water used for irrigation purposes, to use the agricultural irrigation
systems in an efficient and effective manner, use the latest
technology in these systems and to provide solutions to many
different issues with this technology. The increase of water use
efficiency in agricultural irrigation is especially important for
ensuring the sustainability of agriculture (Wang et al., 2017).
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Determining the amount of water to be used in irrigation is one
of the most important issues related with agricultural water
management. Many farmers believe they obtain higher yield with
greater water use and they use their intuitions when determining the
water amount (McCown et al., 2012). They may either lose water or
decrease the yield by adding more water than necessary. Moreover,
it is also important to use the right amount of water for each plant.
Irrigation frequency in plant cultivation is affected from many
different factors such as the temperature and humidity of the
environment as well as topography. Attaining ideal values for these
factors and optimizing the results depends on the type of the planted
products. As an example, grape is affected from photo-synthesis that
produces the sugar stored inside during its maturing stage. The
balance between sugar, acid, pH and potassium is important when
determining the quality of the wine made from grapes. This balance
is mostly dependent on the irrigation frequency of the planted areas
(Nikolidakis et al., 2015). Expert agricultural engineers rely on data
from various sources (soil, plant and atmosphere) in order to
properly manage the irrigation requirement of plants and the increase
in water use efficiency (Thomidis et al., 2016). The current issues in
agricultural irrigation may be listed as; lack of practical irrigation
methods, consumption of labor, time and energy, uncertainties
related with rain, general monitoring difficulties, excessive water use
and unconscious irrigation.

Weather forecasts may be used when making decisions on
irrigation in order to prevent unnecessary irrigation in cases of rain
(Gowing & Ejieji, 2001),(Lorite et al., 2015). Weather forecast data
can be supplied by many different websites. Weather forecast data
in Turkey (rain amount, wind scale, maximum and minimum
temperature, humidity values and actual air pressure values) can be
obtained from the website of the General Directorate of
Meteorology. These data are presented daily for a period of up to 5
days for many provinces and district in Turkey (7.C. Tarim ve
Orman Bakanlhigi Meteoroloji Genel Miidiirliigii, 2018). This is
sufficient for real-time irrigation based on weather forecasts. This is
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an indication that it is subject to stochastic incidents such as
irrigating the product while it is raining and that the local
perturbations that take place in case of an unexpected weather event
cannot be amended (Dutta et al., 2014). At this point, weather
forecast data and data from the meteorology station inside the
agricultural area should be compared and the actual status should be
determined during the decision stage prior to starting irrigation since
general weather forecast data will be used at a district.

Agriculture is one of the areas in which sensors and wireless
networks are successfully used for countless benefits (Ageel-Ur-
Rehman et al., 2014; Durgun, 2021). Sensor based irrigation systems
are among the potential solutions which support field specific
irrigation method and provides water consumption for producers
(Mendez et al., 2012),(Kim & Evans, 2009). Sensor based irrigation
systems may respond rapidly to drought stress (Dursun & Ozden,
2011). The real-time sensor values in the field should be known and
evaluated in order to give the decision to start irrigation (Wang et al.,
2017). However, these systems require high investment costs and
they are not designed to adjust the irrigation intervals based on
weather forecast data. Moreover, there are various difficulties related
with distributed field sensors such as software design, data interface
and communication integration.

Remote monitoring provides ease of use for the farmers in
addition to fewer problems, ease of change in position and assembly.
It is vital to provide the means for monitoring and intervention in
any environment with cellular network access. For this purpose,
various researchers at the Colorado University have developed the
Water Irrigation Scheduling for Efficient Application (WISE)
interface for monitoring and management via mobile application
(Bartlett et al., 2015). However, the disadvantage related with this
and other similar mobile applications is that they operate subject to
the operating system.

The use of mobile devices, embedded systems, wireless
sensors and actuators in agriculture is increasing every day.
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However, there is a requirement for more than only sensors and
internet connection in order to establish an infrastructure with
maximum effectiveness. This infrastructure should be supported by
a system with the capability to acquire, store, analyze, process and
ensure the safety of large amounts of smart data (big data difficulty)
(Stergiou et al., 2018). Cloud-based systems are suggested in order
for the farmers to have access to real-time data on agricultural field
activities, for information purposes, for synchronization, data
storage and for enabling them to make decisions at the right time.
Cloud computing enables the synchronization of these objects in
addition to ensuring that they operate together. The processing
power behind cloud computing in addition to its abilities for
advanced storage and data access strengthen the distributed objects.
This framework develops a virtualized interface that makes it easier
to effectively share real-time data among multiple users (Ojha et al.,
2017).

Social media is a means of establishing relationships, sharing
knowledge and connecting with different people with whom one
may never meet in real life. Social media platforms enable the
development of communities and to share your story in ways that
were not possible until now. Some farmers are still cautious with
regard to modern agriculture applications. However, it should be
accepted that social media is a means for developing agriculture
(White & Irlbeck, 2014). The concept of social media for things is
one of the current issues. Social IoT (SIOT) is a developing
paradigm of 1oT with which different objects interact with each other
via social media (Afzal et al., 2017). Thanks to SIOT, objects enable
you to control and monitor all your connected devices inside the
agricultural area just like social media users. Social 10T provides
these opportunities independently via text or a tweet. Therefore,
objects generate platforms with which they may connect to each
other in their own social networks. The need for paid services such
as SMS is thus eliminated.

Today, there are various cloud platforms online. These
platforms are used for automotive and smart city applications;
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however their integration in sensitive agricultural applications is not
that common. The platform that we call Irrigation 4.0 is a cloud
based platform with a web-interface developed for irrigation water
management. This provides a user-friendly and lower cost interface
that is independent of device/operating system. This platform
provides engineering services that may provide solutions during
agricultural irrigation for issues such as; lack of practical irrigation
methods, labor, time and energy costs, rain uncertainties, difficulties
related with the monitoring of the general area, excessive water use
and unconscious irrigation issues which may increase irrigation
efficiency. Information has been provided in this study for setting-
up a system comprised of wireless, sensors, wireless actuators,
internet of objects and cloud computing concept after which the
system operation was tested for a period of five months.

2- 2.System Design

Irrigation 4.0 system is comprised of the components given in Figure
1. These are social network, farmer database, weather forecast
systems, irrigation database and irrigation 4.0 software and
hardware. These components have been explained in detail in this
article.
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Figure 1. Irrigation 4.0

2.1.Agricultural Area

The 4.5 decare agricultural area selected is located on a 25 %
slope on the 35" kilometer of the Tokat-Turhal highway and is
irrigated via flooding method. Since the agricultural area is
positioned on a slope, it is comprised of 22 sections with apple and
peach trees, grape vines as well as tomato and pepper plants.

A 3KW 4Hp water pump was set-up to the lowest section of
this selected agricultural area which will meet the water requirement
via groundwater spring, whereas a water pool with (6*5*1.5) 45 ton
capacity was built at the top. Afterwards, water flow was provided
from the water pump to the pool at a distance of 150 meters by way
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of 63 mm irrigation pipe. Irrigation line was distributed to the 20
sections inside the agricultural area by way of a 32mm irrigation pipe
connected to the pool. This area has been depicted in Figure 2.

Section 22

Tompe

s 71
Fﬁmp Unit

n
{ Water Pump

Figure 2. Agricultural Area

2.2. Electronic components

Two electronic modules were used in all actuator and sensor
circuits developed. These are microcontroller and wireless
communication modules.
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Atmega328au was used as the microcontroller. It has 14 digital
Input /Output pins, 6 Analog Input/ Output pins, Flash Memory 32
KB (ATmega328) of which 0.5 KB used by bootloader, SRAM 2
KB (ATmega328) EEPROM 1 KB (ATmega328). And it needs 16
MHz quartz crystal. The software was developed in C++ language
and is loaded to the microcontroller in accordance with the objective
of use.

ESP8266 was used as the Wireless Transceiver Module
(WTM). The module has embedded PIOs, 12C, UART, ADC, PWM
and provides rapid prototyping ability for WiFi. Communication
between WTM and the microcontroller is carried out via the serial
communication protocol. The software is compiled and uploaded via
Lua based ESPlorer software.

These two modules were used to develop the Wireless
Actuator Unit (WAU) and the Wireless Sensor Units (WSU).
Figures 3 and 4 parts a shows the hardware for the developed units,
while part b shows the software algorithms. Separate software was
developed for each microcontroller in these two units. The algorithm
denoted with the color red in part b of Figures 3 and 4 was loaded to
the WTM, whereas the algorithm denoted with the color purple was
loaded to the microcontroller.

2.2.1. Wireless Actuator Unit (WAU)

Three different WAU were developed in the Irrigation 4.0
system. These are; Wireless Water Pump Actuator Unit (WWPAU),
wireless electrical line actuator unit (WELAU) and wireless solenoid
valve actuator unit (WSVAU).
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Figure 3. Wireless Actuator Unit a) Actuator Unit Hardware b)
Actuator Unit software

WWPAU; is the switching circuit that may wirelessly control
the electrical board which operates the water pump. It is comprised
of a 3 phase contactor, motor protection relay, thermal relay, fuse,
switch circuit, microcontroller and WTM.

WELAU; is comprised of 2 contactors, switch circuit,
microcontroller and WTM. One of contactors switches the energy of
WWPAU on-off, whereas the other contactor controls the energy
line for the electronic water valves.

WSVAU; A total of 20 WSVAU units have been placed in
order to control the water to be supplied to each section inside the
agricultural area. The structure of the solenoid valves used is 1 input
1 output, 1 input 2 outputs and 1 input 3 outputs. A single output
solenoid valve was used if there is only one plant species inside the
section, valve with 2 outputs was used if there are two plant species
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and a solenoid valve with 3 outputs was used if there are 3 different
plant species. These valves are turned on-off remotely.

2.2.2. Wireless Sensor Unit (WSU)

2 different WSU were developed in Irrigation 4.0 system.

These are; wireless poll unit (WPU) and wireless meteor units
(WMU).
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Figure 4. Wireless Sensor Unit a) Sensor Unit Hardware b) Sensor
Unit software

WPU; is a wireless sensor unit that measures the amount of
water inside the pool and the irrigation water temperature. It consists
of an ultrasonic distance sensor and temperature sensor. The
ultrasonic distance sensor is used to measure the amount of water
inside the pool, whereas the waterproof temperature sensor can carry
out the temperature measurements for the water inside the pool.
Figure 5 (a) shows a schematic description of the pool unit, (b) shows
the actual unit and (c) shows the web software simulation.
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Figure 5. wireless poll unit a) schematic description of the pool
unit b) actual unit c) web software simulation

WMU; consists of rain gauge and soil moisture sensor
measuring wind speed, wind direction as well as temperature and
moisture values acquired from 3 different points. Its task is to
wirelessly transfer the sensor data for periodic time intervals.

2.2.3. Wireless Access Point

A Microtic Basebox 2 product has been used which supports
the 802.11 a/b/g/n/ac communication protocols and uses Wireless
local network technology at 2.4 GHz. It has 2 SMA antenna inputs.
Two high efficiency 15 Dbi omni antennas have been connected to
the antenna inputs. Huawei 4G LTE E5573 modem connection has
been established over the USB port with WiFi connection transferred
as an access point to the agricultural area.

2.3. Data view and Data Traffic

Data view provides a general perspective on data types,
sources, formats and periodicity (Table 1). It can be observed that
majority of the data are in the form of incoming/outgoing scalar data
from electronic components. Each sensor and actuator has to be
defined as an object. Conceptually, the Outsource Data sources can
be considered as a separate object. Outsource Data acquisition can
be easily made via cloud computing methods. Because cloud
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computing provides easier data access, faster data processing power
and faster data rates.

Sensor and actuator data are scalar data. Operations are carried
out by way of integers or floating numbers. These data are generated
or accessed in intervals that vary between 5 seconds to 1 hour. The
process takes place by generating an event after the conditions for
incoming data from Outsource Data sources are met.

Table 1. Data View; Type, Format and Periodicity

Form | Periodi
Group Type Source at city
Scala
Water Pump Control Actuator r 1 minute
Actuator . Scala 30
Selenoid Valve Control | Actuator r second
Scala 30
Electrical Line Control | Actuator r second
Temperature, Humidity Scala 50
Sensor Sensor r second
Wind Speed & Scala 14
Direction Sensor Sensor r second
Scala
Soil Sensor Sensor r 1 minute
Sensor
Scala
Rain Gauge Sensor Sensor r 1 minute
Water Temperature Scala
Sensor Sensor r 5 second
Scala
Pool Distance Sensor Sensor r 5 second
www.meteor.
Weather Forecast gov.tr Json event
Outsource Cloud
Data Web Irrigation Data Database Json event
Social Media twitter Json event
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Data traffic operations define the writing and reading
operations between objects and the cloud server. These operations
are carried out via http requests. URL formats shown below have
been generated for the reading and writing procedures. The reading
format is used by the actuators, while the writing operations are used
by the sensors.

The objects gains access to the URL defined below for reading.
IP is the server address; wkey is the access password assigned for
each actuator. Whereas the identification ID is the MAC address for
the wireless transceiver in the actuator object that is subject to status

query.

http: // [1P] /aktuator.php?wkey = password & identificationid
=vall

Thus, status data for the desired object is displayed on the
aktuator.php page. When this page is opened, only “%1,0,1,1 * data
is displayed on the screen. These correspond to “starting character,
status 1, status 2, status 3, status 4, end character”. First of all, the
data sample between the % and _ signs are cut by the Wireless
Transceiver which is then transferred to the microcontroller. The
microcontroller separates the “1,0,1,1” data that it receives over the
serial port in accordance to the commas. The values are assigned to
the variables. For example, if we consider that the object for this
example is WELAU, the relay will be turned on since there is a “1”
which corresponds to the input energy for the pump; whereas the
electric line for the solenoid valves will be turned off by way of a
relay since there is a value of “0” in status 2 thereby providing the
required energy transfer. No operation is carried out for the unused
values if they do not have a corresponding unit in the hardware.
Currently, the actuators have been structured to allow at most 4
status fields in a single URL which can transfer data via GET or
POST method.
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For writing, the sensors generate an URL as given below and
transmit the data as HTTP request. IP is the server address; whereas
wkey is the access password assigned for each sensor.

http: // [IP] /sensor.php?wkey = password & id = val0 & fieldl
=vall & field2 = val2

Identificationid is the MAC address for the wireless
transceiver in the actuator object that is subject to status query. The
fieldl, field2 parameters are scalar values for the measurements
related with the sensors. However, the values are first freed from the
digits after the comma since problems may arise in values with
comma. It is transmitted to the server as an integer. Thus, the web
served records the data.

The transmission of these data via Post or GET methods
generates a return value on the server side and the sensor is informed
when the recording is successful. Data and time stamps for the server
are included in the data set to be recorded. Currently, the platform
has been structured to allow at most 4 measurement fields in a single
URL which can transfer data via GET or POST method.

2.4. Cloud components

A total of 7 modules have been actualized on the server. These
models are actuator control module, meteorology station module,
weather forecast monitoring module, pool control module, irrigation
database module, social media module and farmer cloud data
module. Data acquisition, data query, recording and analysis
operations are carried out by way of these modules (Figure 6).
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Figure 6. Irrigation 4.0 Cloud Components

2.4.1. Actuator control module

The database of the actuators includes Identification data,
status 1, status,2, status 3, status 4, description data. MAC address
for each WTM has been defined as Identification data. An integer
value is written in the status fields. For example, the value of “1” for
the relay is the relay closed operation whereas “0” is the relay open
operation. The actuator control module makes queries according to
the actuator identification data in the database. The values obtained
at the end of the query are displayed as values on the web site. The
values displayed on the screen are read by the WTM in the actuators
which are then transferred to the microcontroller. The
microcontroller then carries out the data analysis and decision
making procedures.

2.4.2. Meteorology station module

A table has been generated for each sensor in the database.
These are wind, temperature-moisture, rain amount and soil moisture
tables. The sensor value is recorded according to the accuracy of the
key value in the WTM MAC address in these tables for each sensor
circuit. If the recording is successful, the page informs the Wireless
Sensor objects by way of a return.

47



2.4.3. Pool control module

The data generated by the sensors inside the pool are first
recorded in a temporary table. The table consists of identification
data, pool height value and temperature value. The pool temporary
table calculates the arithmetic means of all data recorded in 1 minute.
The data for that minute are recorded in a new table and the
permanent table is cleaned. Thus, possible errors (e.g. due to sudden
ripples in the water) can be prevented. Afterwards, the value in the
actuator table that controls the pump motor is changed according to
the amount of water in the pool the data in the table. For instance, let
us consider that the water height threshold value for the pool is
adjusted as “10”. If the value in the pool height table is displayed as
“107; the status of the record for the motor pump in the actuator table
is changed and so the motor is stopped.

2.4.4. Weather forecast monitoring module

A table for weather forecast data has been generated in the database
for the weather forecast monitoring module software. The table
contains data, min temp, max temp, moisture, wind and rain fields.
A Shell software was developed in the Linux operating system in
order to record data to these fields. When this software is executed,
the data for the selected region acquired from Turkish General
Directorate of Meteorology (MGM) are read as JSON and recorded
in the database. The Shell software has been arranged as CRON Job
in order to automatize these data. The system updates these data
continuously in 1 hour intervals and records them to the database if
there are any changes. Figure 7 shows the general structure for the
weather forecast monitoring module.

--48--



Local Wealher From MGM Dashboard Widget

Figure 7. Weather Forecast Monitoring Module

Figure 7 shows the database structure for weather forecast data
as well as the graphic display on the Dashboard. Five day weather
forecast data are recorded in the database. A widget is also generated
on the Dashboard in order to enable the user to acquire information.

2.4.5. Irrigation database

Irrigation data is a general table and holds the general
irrigation data defined for the crops included in the database by the
user or those that were already present in the database. The table
contains the approximate amount of water to be provided, irrigation
frequency and irrigation time data according to the development
stage of the crop. The system software uses the data in this table for
learning the irrigation operation according to the development stage
of the crop. Figure 8 shows the general structure of the irrigation
database.

Tomato Seed 5 031t 1times Early Moring
Tomato Tiny 19 04lt imes | Early Morning, Early Night
Tomato 16 051t Times  Early Morning, Early Night
Apple 10 2t 203y Early Night
Vingyard 8 1t Every week Early Momning

Cloud Computing

Web Data

Figure 8. Irrigation Database
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2.4.6. Social media

Social media cloud module shares the operations, changes and
updates in the agricultural area with us and the social media
environment thereby providing notifications on the activities that are
taking place at the agricultural area. The system shares information
on the state of irrigation in the agricultural area, the development
stages of the plant and the agricultural area sensor values. These
shares are displayed on the social media timeline.

2.4.7. Farmer Cloud data

Farmer data cloud module has been developed to activate the
irrigation system with online data or data from the places where the
personal information of the user is stored. For example, the position
data of the farmer is monitored online via social media or mobile
phone. It is decided according to the position data whether to start
the irrigation procedure or not. If the farmer is working inside the
agricultural area the irrigation system should not be operated and it
should be programmed to operate at a later time.
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2.5. Web based cloud software
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Figure 9. Web based cloud software

Cloud software is a virtual server with a static IP address that
operates on Linux operating system. Web server software and
database infrastructure have been uploaded to the server. Web server
software is PHP based. The interface has been developed using

HTML, CSS, Javascript with data transitions developed via AJAX
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technology. User access, system control and monitoring take place
in the browser (Figure 9). MYSQL database has been used as the
database. CRUD (create/read/update/delete) and query operations
have been carried out via SQL commands.

Any standard web browser may be used to access WCS. WCS
behaves like a web portal with dynamic content.

The graphs displayed according to the data in the WCS
database are generated dynamically. WCS Dashboard is Responsive.
Meaning that an interface has been developed which can be easily
displayed and controlled via mobile devices and computers. A login
software was developed which enables the login and logout
procedures with a password for safe access too WCS. The status and
values for the agricultural area can be viewed on the dashboard after
user login.

3. System applications and pictures

Figure 10 shows the dashboard with which the user may
monitor and control the system. The dashboard displays pool
notifications, energy consumption graphs and instantaneous sensor
data.

Figure 10. Dashboard page
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Figure 11 shows the data query tool for the previous data of
the sensors. The user may select the desired data and time interval.
A graph (line, rose, bar) can be drawn. The data can be exported (pdf,
xml, csv, json). Automatic reports can be prepared.

Figure 11 Dashboard data query tool

Figure 12 shows the pool water level graph. The date interval
has been selected as August 28 and August 30, 2018. The ultrasonic
distance sensor is 20 cm away when the pool is full. Therefore,
values that are above 20 in the graph represent the decrease in the
pool water amount. It can be seen that irrigation at the agricultural
area has started on August 29 at 00:00 and that it continued for 3
hours. The increase in the graph is expressed by the increase in the
distance between the distance sensor and pool water. The system has
restarted the water pump to fill the pool with water for half an hour.
The water pump has been operated for 2 hours during these
procedures that were repeated for about 6 hours and irrigation has
been made for 4 hours. These operations have been carried out at
night time when energy is at its most economic rate and when
evaporation is the lowest. Filling the pool with water and agricultural
area irrigation can also be carried out manually. For instance, the
irrigation system has been operated manually on August 29 at 20:00.
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Figure 12. Pool Level Graph

Figure 13 shows the rain amount in milligram perceived by the
rain gauge sensor.

Rain Gauge
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Figure 13. Rain gauge graph
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Figure 14 shows the graphics for the data obtained from the
wind direction and speed sensor inside the agricultural area. Query
interface may be used on the dashboard screen for generating wind
direction and wind speed graphs for the desired time interval.

Wind Rose Graph
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Figure 14 Wind rose graph

4. Discussion

In this study, web based Irrigation 4.0 developed via cloud
computing has been suggested with which the sensors and external
data sources operate as a whole. The system evaluates a combination
of the data in the database acquired from weather forecasts, real time
field sensors, irrigation data according to the crop and manages the

field actuators for deciding on when to start the irrigation in addition
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to providing notifications via social media. The applicability of
developing an irrigation platform based on internet of things and
cloud computing concept has been indicated in our study.

Cloud computing forms the basis of Irrigation 4.0. All data are
stored in the cloud. All controls are made via the cloud. All decisions
are given over the cloud. The system is evaluated over the cloud
when there is an error in the system and the user is informed.
Irrigation operation is monitored according to the crops in the
agricultural area. The system decides on the right time for irrigation
and carries out the irrigation procedure itself. Water pumping to the
irrigation pool is carried out during the night time when energy is
economic and more stable. Datalogger task may be completed by
storing the irrigation and environment data in the cloud database.
Manuel or future programs may be included in the irrigation system.

The system has been designed to minimize the workload of the
user. Many of the operations are automatically completed by cloud
computing. Basic information related with the irrigation system that
will not change frequently have been determined as assumptions in
the database and a single page has been prepared to display and
update these data. An additional database has been developed for
integrating expert opinions on irrigation and irrigation data based on
literature to the system. Thus, a global irrigation database has been
developed which can operate with our system and receive feedback.

Cloud computing has been developed as a web application.
The system may be accessed by connecting to the application via any
browser. It provides many advantages due to its ease of use,
interactivity and the fact that it is developable. Web site development
infrastructure has been designed as responsive. Thus, it may be
operated via computers or mobile devices which have internet access
through browsers. This design does not require an additional
application and hardware; only a Web browser is required. Updates
can be performed easily, because developers may rearrange the
software in the web server. Cloud server shall record real time field
sensor data, current weather forecast data, user activities and
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actuator data. The system is easy to use since it can be operated via
a browser.

Data entry should be made by taking into consideration the
different water demand and development of different crops in the
system. Data entries should be made during the first stage. In
addition, variation of the data entered and entering the data according
to the environment conditions will increase the efficiency of the
system. The results of field experiments and on-site studies should
be evaluated for system design results. If the system developers and
users are different, they should be in contact throughout these stages.
It is important to understand the requirements of the user and to
benefit fully from managerial experience.

Table 2 compares flooding irrigation, classic drip irrigation
and Irrigation 4.0. Classic drip irrigation and Irrigation 4.0 are more
advantageous in comparison with flooding irrigation with regard to
irrigation time, water consumption, energy consumption, operating
time, score and cost. The advantage in irrigation time, the fact that
the farmer directs the irrigation channels during flooding irrigation
and the distribution of the irrigation water to the field result in loss
of time. Excessive water consumption takes place since the amount
of water used in flooding irrigation cannot be adjusted. The water
pump operates more during irrigation since the irrigation time is
longer. This increases the energy consumed during flooding
irrigation. There is no loss of time in classic drip and Irrigation 4.0
systems since irrigation is made via irrigation pipes. The price of
electricity varies in Turkey subject to the time interval of use. The
price for kWatt/hour is 50 kurus during 06:00-12:00. The price is 25
kurus during 22:00-06:00. The advantage in price is due to this
difference. The term comfort indicates the method of irrigation and
labor difficulty. The most difficult operations take place during
flooding irrigation. Because the farmer has to spend both time and
effort. The farmer also has to carry out most operations manually and
give the decisions himself during classic drip irrigation. He has to
monitor weather forecast data and decide on the irrigation time. He
has to direct irrigation according to the types of his crops and provide
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sufficient amount of water. This consumes too much time and effort.
Whereas irrigation is carried out automatically in Irrigation 4.0 by
monitoring the current state. However, the farmer has to decide on
when to operate the system even if remote control is included in
classic drip system or he has to be physically inside the field to start
the irrigation procedure. This poses another difficulty. The Irrigation
4.0 system may be monitored online from a web-site by entering a
user name and password by way of mobile devices or computers
without any application or interface requirement. The Irrigation 4.0
system may provide notifications for the users via social networks
(facebook, twitter, Instagram etc.). Irrigation 4.0 system provides
notifications to the farmer regarding the irrigation status of the field
as well as special requirements of the system. Flooding irrigation and
classic drip irrigation do not have remote irrigation options
according to the weather forecast and plant species. Moreover, there
is also no remote social network or notification support.

Table 2. Compare table for Irrigation systems

Flooding classic drip Irrigation
irrigation irrigation 4.0
Irrigation time 6 hour 2.5 hour 2.5 hour
Water consumption m3 43 Ton 6 Ton 6 Ton
Energy consumption 18 kWatt 7.5 kWatt 7.5 kWatt
22:00-
Time 06:00-12:00 | 22:00 - 06:00 06:00
Puant Price 50 krs 25 krs 25 krs
Summary Price 9TL 1,875TL 1,875 TL
Comfort Low Normal High
According to the type of the Weather
Forecast Irrigation None None Yes
According to the type of the plant
Irrigation None None Yes
Remote Irrigation None None Yes
Remote Monitoring None None Yes
Social Network None None Yes
Notification Support None None Yes
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5. Conclusion

This article has focused on the structure, design, objectives,
development and application of Irrigation 4.0. The developed system
has been integrated with field sensor structure, actuator structure,
software development, interface and communication design.
Semantic web architecture Javascript, Jquery, Php software
languages have been used for automatic data acquisition, complex
information system procedures and for providing a control and
monitoring graphic display. The system has been tested in an
agricultural area and its applicability has been shown. The system
decides when to start the irrigation, water control in the pool as well
as when to send notifications. Further studies are required in order
to diversify the data for system development and to evaluate the
impacts of irrigation results.

--59--



References

Afzal, B., Umair, M., Asadullah Shah, G., & Ahmed, E.
(2017). Enabling loT platforms for social 10T applications: Vision,
feature mapping, and challenges. Future Generation Computer
Systems. https://doi.org/10.1016/j.future.2017.12.002

Ageel-Ur-Rehman, Abbasi, A. Z., Islam, N., & Shaikh, Z. A.
(2014). A review of wireless sensors and networks’ applications in
agriculture. Computer Standards and Interfaces, 36(2), 263-270.
https://doi.org/10.1016/j.csi.2011.03.004

Bartlett, A. C., Andales, A. A., Arabi, M., & Bauder, T. A.
(2015). A smartphone app to extend use of a cloud-based irrigation
scheduling tool. Computers and Electronics in Agriculture, 111,
127-130. https://doi.org/10.1016/j.compag.2014.12.021

Cakmak, B., Yildinm, M., & Akiiziim, T. (2008). Tiirkiye’de
Tarimsal Sulama Y®6netimi, Sorunlar ve Coziim Onerileri. TMMOB
2. Su Politikalart Kongresi, 2(2), 215-224.

Devlet Su Isleri Genel Miidiirliigii. (2017). Stratejik plan 2017
—2021.

Durgun, Y. (2021). Nesnelerin interneti teknolojisinin kiimes
ortamina uygulanmasi ve etkileri. Avrupa Bilim ve Teknoloji
Dergisi, 28, 463-468.

Dursun, M., & Ozden, S. (2011). A wireless application of drip
irrigation automation supported by soil moisture sensors. Scientific
Research and Essays, 6(7), 1573-1582.
https://doi.org/10.5897/SRE10.949

Dutta, R., Morshed, A., Aryal, J., D’Este, C., & Das, A.
(2014). Development of an intelligent environmental knowledge
system for sustainable agricultural decision support. Environmental
Modelling and Software, 52, 264-272.
https://doi.org/10.1016/j.envsoft.2013.10.004

--60--



Gowing, J. W., & Ejieji, C. J. (2001). Real-time schedulling of
supplemental irrigation for potatoes using a decision model and
short-term weather forecasts. Agricultural Water Management,
47(2), 137-153. https://doi.org/10.1016/S0378-3774(00)00101-3

Kim, Y., & Evans, R. G. (2009). Software design for wireless
sensor-based site-specific irrigation. Computers and Electronics in
Agriculture, 66(2), 159-165.
https://doi.org/10.1016/j.compag.2009.01.007

Kurumu, T. 1. (2018). Niifus Projeksiyonlari,2018-2080.

Lorite, 1. J., Ramirez-Cuesta, J. M., Cruz-Blanco, M., &
Santos, C. (2015). Using weather forecast data for irrigation
scheduling under semi-arid conditions. Irrigation Science, 33(6),
411-427. https://doi.org/10.1007/s00271-015-0478-0

McCown, R. L., Carberry, P. S., Dalgliesh, N. P., Foale, M.
A., & Hochman, Z. (2012). Farmers use intuition to reinvent analytic
decision support for managing seasonal climatic variability.
Agricultural Systems, 106(2), 33-45.
https://doi.org/10.1016/j.agsy.2011.10.005

Mendez, G. R., Md Yunus, M. A., & Mukhopadhyay, S. C.
(2012). A WiFi based smart wireless sensor network for monitoring
an agricultural environment. 2012 IEEE I2MTC - International
Instrumentation and Measurement Technology Conference,
Proceedings, 2640-2645.
https://doi.org/10.1109/I12MTC.2012.6229653

Nikolidakis, S. A., Kandris, D., Vergados, D. D., & Douligeris,
C. (2015). Energy efficient automated control of irrigation in
agriculture by using wireless sensor networks. Computers and
Electronics in Agriculture, 113, 154-163.
https://doi.org/10.1016/j.compag.2015.02.004

Ojha, T., Misra, S., & Raghuwanshi, N. S. (2017). Sensing-
cloud: Leveraging the benefits for agricultural applications.

—-61--



Computers and Electronics in Agriculture, 135, 96-107.
https://doi.org/10.1016/j.compag.2017.01.026

Stergiou, C., Psannis, K. E., Gupta, B. B., & lIshibashi, Y.
(2018). Security, privacy & efficiency of sustainable Cloud
Computing for Big Data & 10T. Sustainable Computing: Informatics
and Systems, February.
https://doi.org/10.1016/j.suscom.2018.06.003

T.C. Tarim ve Orman Bakanhgi Meteoroloji Genel
Miidiirliigii. (2018).

Thomidis, T., Zioziou, E., Koundouras, S., Karagiannidis, C.,
Navrozidis, I., & Nikolaou, N. (2016). Effects of nitrogen and
irrigation on the quality of grapes and the susceptibility to Botrytis
bunch rot. Scientia Horticulturae, 212, 60-68.
https://doi.org/10.1016/j.scienta.2016.09.036

Wang, W., Cui, Y., Luo, Y., Li, Z., & Tan, J. (2017). Web-
based decision support system for canal irrigation management.
Computers and Electronics in Agriculture, September, 0-1.
https://doi.org/10.1016/j.compag.2017.11.018

White, D., & Irlbeck, E. (2014). Exploring Agriculturalists ’
Use of Social Media for Agricultural Marketing Exploring

Agriculturalists * Use of Social Media for Agricultural Marketing.
98(4).

~ Yildiim, O. (2008). Sulama Sistemlerinin Tasarimi. Ankara
Universitesi Zir. Fak. Yay., No: 1565, Ankara.

—62--



CHAPTER Il

The Effect of Transition to Distance Education
Method on Success of Engineering Students in the
Covid-19 Epidemic Outbreak

Ahmet ALBAYRAK

1. Introduction

Covid-19 cases, which have been seen in many countries since
January 2020, were detected for the first time in Turkey on March
11, 2020, according to official records. The World Health
Organization announced on March 11, 2020 that the epidemic had
reached a global dimension. As of March 13, 2020, education was
suspended in Turkey. Following the recess, state officials and
university boards held discussions on what could be done. It was
recommended that the period remaining on April 6, 2020, after a
three-week break, should be completed through distance education.
After April 6, all universities switched to online education to the best
of their capacity. Unfortunately, in this period, it has been seen how
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unprepared the majority of universities are for online education. The
Council of Higher Education shared with the public a survey on
distance education during the Covid-19 period on May 3, 2020. With
this survey, it was concluded that "Universities made a rapid
transition to distance education...". However, this result indicates
that the transition process to distance education has been completed.
They stated that the transition to distance education was completed
only on legal grounds and as bureaucratic processes. However,
moving from face-to-face education to distance education quickly
and effectively in the middle of the semester does not mean just
fulfilling the procedures. Student satisfaction has been questioned in
independent studies on this subject, and it has been revealed that
many students are not satisfied with online education. In another
study conducted in April, 233 students from universities participated
and asked the question, “Do you find the distance education you
have received productive?” The question was asked and 71%
answered “No”. “Do you receive distance education from other
channels during the Covid-19 process?” The rate of students who
answered “Yes” to the question was 88% [1]. One of the reasons for
these high rates is the difficulties arising from adaptation to epidemic
conditions.

Along with the Covid-19 cases, many changes have occurred
due to social, economic and psychological reasons as well as
education. In the study conducted on the international ECLB-
COVID19 survey of Ammar et al., it was revealed that in addition to
the stress brought by the disease, people felt closed at home, and it
had negative effects on mental health [3].

Aino Suomi and his friends conducted a study about people
living in Australia who are unemployed and benefited due to Covid-
19. As a result of this study, it has been observed that people's
perspectives towards people receiving government assistance have
changed [8]. As a result of a study on the University of the South
Pacific Tuvalu Campus conducted by Rosiana Kushila Lagi,
pedagogical and financial problems have emerged due to Covid-19.
It has been suggested to solve the financial problem within the
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university by offering additional courses for students with learning
difficulties, both for the student to understand the courses and by
charging additional courses [2].

Today, there is the Covid-19 epidemic in which hundreds of
thousands of students worldwide are involved in online adaptations
of face-to-face exams [4]. In this context, it is assumed that students
have various digital abilities [3]. The diversity of students'
demographics and personal profiles poses significant challenges for
academics who want to improve measurement performance. As a
result of the Covid-19 outbreak, exams in higher education have
been delayed for the first time in many countries [5]. However, as
the pandemic continues, the need to move to an online learning
format or an alternative assessment has become more urgent and
important.

In the study conducted by Subreen Al Salman and her friends,
the difficulties faced by the students during the Covid-19 process
when the schools were closed and the students continued their
education thanks to distance education were examined. 720 students
participated in this study. As a result of the research, it was observed
that the level of participation and learning changed according to the
gender of the student, the region where he/she lived and the
education level of his/her family [2].

In a study conducted in Romania, university students studying
technical departments were discussed and the distance education
process in epidemic conditions was evaluated. As a result of the
study, it was seen that it would be better to conduct distance
education in a hybrid (synchronous, asynchronous) manner [6]. In
another study conducted in Czechia, it was concluded that the
experience gained in distance education should also be used after the
epidemic. Videos taken in some lessons during the epidemic period.
It is recommended that the course materials like videos should be
used later. It has been observed that students are affected physically
and mentally during the distance education process. Various
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suggestions have been presented for students who were affected
[15].

In order to manage the epidemic during the Covid-19 epidemic
process in Turkey, a committee consisting mostly of experts in the
field of infectious diseases and public health was established. This
committee is structured as two separate committees, a science and a
society committee. Infectious diseases specialists were mostly in the
scientific committee. The Scientific Committee monitors and
analyzes the course of the epidemic in the country and in the world
and scientific studies and the measures taken by countries against the
epidemic. As a result of these analyzes, the scientific committee
makes recommendations to policy makers and the government.
Depending on the size of the epidemic, the Scientific Committee can
meet every week or every two weeks. The recommendations given
are in the form of the measures to be taken in the public and private
sectors and how the patients will be treated in the epidemic. Among
these recommendations, there is also how the education processes
should be at all educational levels. As a matter of fact, face-to-face
education, which was suspended on March 11, taking into account
the recommendation of the scientific committee, continues with the
distance education method. It is also the recommendation of the
scientific committee that distance education and education activities
should continue in the Fall and Spring semesters of 2020-2021.

The Covid-19 pandemic has brought unprecedented health,
political, economic, social and educational challenges and has
profoundly changed daily life. The inability to leave the house and
the temporary closure of schools have affected education systems
worldwide. As a result, distance education has created a heavy
burden on teachers, students and parents [10]. This rapid
transformation in teaching method may have caused students to
experience significant difficulties in maintaining their academic
motivation. As of April 2020, 85% of students worldwide (in 180
countries) were out of school due to school closures (World Bank
Group, 2020). Italy has been one of the most affected countries by
the Covid-19 epidemic in the world. Schools and universities in Italy
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suspended academic activities on February 24, after which the
country was declared closed from March 9. As the novel coronavirus
spread across Europe, other national governments have taken similar
measures. In Portugal, schools were closed from 16 March [20].

The Covid-19 epidemic, which was very effective in Europe at
the beginning, spread to Southeast Asian countries over time. In
Indonesia and Malaysia, the distance education method was
evaluated with the participation of 136 students from higher
education institutions with the Likert scale survey method.
According to the results obtained, 51% of the students said that they
adapted to distance education and 38% said that they were neutral in
the distance education method. It can be said that distance education
has a positive effect on the continuation of education in the event of
an epidemic and can be used as an alternative learning option for
lecturers and students. On the other hand, good preparation is
required for the effective execution of distance education activities
[14].

In the literature, it can be said that the distance education
method, which was used due to the Covid-19 epidemic, did not
satisfy the students in general. However, online learning also has
benefits [13]. Overall, it provides students with a great deal of
flexibility and allows them to learn wherever and whenever they
want. Self-learning and accelerating learning [4] provide significant
benefits associated with managing the self-learning process and
personalized learning. There is also no speed and time limitation in
distance education. This means that students can access the course
content whenever they want. Active learning is encouraged as
students play a leading role in the learning process of the distance
education method. In addition, student-centered, self-directed,
flexible learning is encouraged and allows students to use versatile
educational tools.

In a study in which the distance education process was
analyzed in the training of engineers during the Covid-19 epidemic,
it was seen that productivity increased with the increase of the
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practical applicability of data visualization [17]. During the
epidemic, while distance education decreased student-student and
student-instructor interaction, it was observed that new skills were
acquired. One of them was determined that the course contents
became functional after the limitations were clarified [19]. Anxiety,
which is one of the negative effects of the epidemic on society and
students, also reduced academic performance [8]. A study conducted
in Pakistan mentions the negative effect of limited interaction on
students’ attitude [6].

Although the distance education process has many advantages,
there are many obstacles to the successful execution of distance
education in higher education institutions, including the internet
network infrastructure, the lack of computer competence of students
and teachers, the effectiveness of students and teachers in using
technology. This study mainly tries to find answers to the following
questions;

1. Which variables affect students' course success in distance
learning method during the Covid-19 epidemic?

2. What are the characteristics of the distance education system
perceived by students who receive engineering education at the
undergraduate level?

3. In the distance education process, which of the verbal,
numerical and field courses have higher performance?

The contribution of this study to the literature can be given as
investigating the success of university students who received
engineering education at the undergraduate level during the distance
education process in verbal, numerical and field courses. In addition,
it is important to explain the variables that affect students’
achievement. This study is structured as a survey conducted in the
following sections and sharing the results.

--68--



2. Material and Method

In this study, the level of achievement of students as a result of
distance education continued for two separate periods during the
Covid-19 epidemic was investigated. The reason why this study was
carried out after the completion of the 2019-2020 Summer School
semester and the 2020-2021 Fall semester is that a certain period of
time has passed in the distance education process and various
technical problems and teacher/student-oriented inadequacies are
expected to disappear. In addition, it is thought that with the passage
of this period, teachers/students are used to the process and that
better measurements can be made. In the literature, the impact of the
Covid-19 epidemic process on education has been analyzed by many
studies [21].

However, research on how engineering students perceive this
process is limited [1].

In addition, there is no study in which the performances in the
courses were analyzed in the education-teaching activities that
continue with distance education due to the epidemic. In the
epidemic process, what are the factors that affect course
achievements have not been investigated much. In this study, the
performance of the students who receive engineering education
(Computer Eng., Electrical-Electronic Eng., Mechanical Eng.) in
numerical, verbal and field-based courses and the factors affecting
their performance were analyzed.

Student distributions in the study, in which a total of 549
undergraduate students participated are; 228 Computer Engineering
students (26 students in Class I, 94 students in Class Il, 64 students
in Class Il and 44 students in Class 1V), 189 Electrical and
Electronics Engineering students (66 students in Class I, 67 students
in Class Il, Class Ill 54 students and IV. Class 2 students), 132
Mechanical Engineering students (I. Class 46 students, 1. Class 32
students, I11. Class 36 students and 1V. Class 18 students). In order
to see the effect of distance education on student achievement during
the Covid-19 process, 3 output variables were added to the questions
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in which a total of 25 questions were asked. These variables, on the
other hand, are the variables that characterize success in numerical,
verbal and field-based courses. These variables were obtained by
taking the average of the verbal, numerical and field grades of each
student who filled out the questionnaire before the epidemic and
during the epidemic period. The dependent sample T test was
applied between the notes before and during the epidemic. The
remaining 25 input variables can be grouped as variables that
analyze the psychological state of students, variables related to the
Covid-19 epidemic process, variables related to education,
demographic variables, and environmental support variables. In
Figure 1, the age distribution of the students participating in the
research is given.
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Figure 1. Age distribution of the students participating in the
survey.
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During the covid-19 process, students from all parts of the
society have experienced intense psychological problems. These
psychological problems naturally affect student success. In order to
analyze this situation, questions such as do you have a relationship
and how is the relationship between you and your family were asked.
In this context, data including personal information is given in Table
2. Participants gave answers to the questions given in Table 1
according to a 5-point Likert scale (Very bad, Bad, Middle, Good,
very good).

Table 1. Descriptive statistics on Personal Information (n=549)

Questions Evaluation Statistics
1 2 3 4 5 Avg. Sd.
Evaluate the quality of 26 52 208 386 328 394 0.988
relations between your
family members?
Evaluate Your Free Time 7.6 13.8 372 220 194 332 1.157
After School?
How often doyougoout 156 184 312 174 174 3.03 1296
with your friends?
Evaluate Your Current 16 46 198 396 344 401 0934
Health Status?

The variables related to the Covid-19 epidemic process are
whether you have contracted the Covid-19 disease and whether you
have had Covid-19 disease in your environment. Table 2 gives the
results of these variables.

Table 1. Descriptive statistics on Covid-19 disease (n = 549)

Questions Evaluation (%) Statistics
Yes No Avg. Sd.
Have you ever had the Covid-19 24.2 75.8 1.76 0.429
disease?
Has anyone around you had Covid-19 84.6 15.4 1.15 0.361
disease?
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According to Table 2, it is seen that mostly the people around
the students had the virus. The variables related to education are
given in Table 3. It is seen that families generally support students
during the Covid-19 epidemic process.

Table 3. Descriptive statistics on education (n=549)

Questions Categories Frequency | Percent Statistics
(%) Avg. | Sd.
Did you get education Yes 126 25.2 1.75 0.435
support? No 374 74.8
Did you take courses for Yes 105 21.0 1.79 0.408
an extra fee? No 395 79.0
Weekly working time less than 2 113 22.6 2.54 1.097
hours
between 2-5 129 25.8
hours
between 5-10 133 26.6
hours
more than 10 125 25.0
hours
What is the number of 0 lessons 226 45.2 3.60 12.23
course failures in your 1-5 lessons 233 46.6
past class? 6-10 lessons 25 5.0
11 and more 16 3.2
than 11
lessons
Did your family provide Yes 373 74.6 1.25 0.436
educational support? No 127 254
Did you participate in Yes 270 54.0 1.46 0.499
extra-curricular
activities? No 230 46.6
Do you have internet Yes 500 90.0 1.10 0.300
access at home? No 49 10.0
Enter the number of 0 Days 163 32.6 4.85 7.966
absenteeism in school Between 1-10 292 58.4
Days
11 and More 45 9.0
Days
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Table 3 shows that 91.07% of the students had internet access
due to the epidemic. It can be said that the vast majority of students
(79%) did not receive paid educational support. The other group of
input variables in the study were described as environmental
variables. In Table 4, data on environmental variables were shared.

Table 4. Descriptive statistics on environmental variables (n=549)

Questions Categories Frequency | Percent Statistics
(%)
Avg. Sd.
Do you live with your Yes 146 26.5 1.65 0.35
family? No 403 73.4
How many members Less than or 105 19.12 1.69 0.308
does your family have? equal to 3
Greater than 3 444 80.8
What is your mother's No 113 20.5 1.54 1.97
education level? Primary 129 234
education
Middle school 133 24.2
High school 125 22.7
High education 49 8.9
What is your father's No 226 452 2.54 1.43
education level? Primary 233 46.6
education
Middle school 25 5.0
High school 16 3.2
High education 233 42.4
What is your mother's About health 273 49.7 151 0.39
occupation?
Civil services 127 23.1
Housewife 40 7.2
Other 109 19.8
What is your father's About health 119 21.6 1.16 0.99
profession?
Civil services 224 40.8
Not working 2 0.3
Other 204 37.1
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As given in Table 4, the majority of the students participating
in the study live with their families (73.4%), and the number of
members in their families is predominantly more than three (80.8%).
In the case of parents' education, it is seen that the education level of
the fathers is relatively higher. In the professions of mothers and
fathers, it is seen that mothers mostly have a health-related
profession (49.7% for mothers, 21.6% for fathers). The data of the
grades taken from numerical, verbal and field-weighted courses,
which are the output variables of this research, are given in Table 5.
The grading system in which the evaluation is made is the hundredth
grade (0-49=F, 50-59=FD, 60-69=D, 70-79=C, 80-89=B, 90-
100=A).

Table 5. Descriptive statistics about students' course grades
(n=549)

Questions Evaluation (%) Statistics
0- 50- 60- 70- 80- 90- | Avg. Sd.
49 59 69 79 89 100
Average gradeof 11.0 7.6 16.6 214 252 29.2 69.66 22.89
numerical courses

Average gradeof 6.2 40 96 218 332 352 7563 19.78
verbal courses

Average gradeof 40 58 88 244 322 356 7710 18.12
field courses

According to Table 6, the courses taken by university students
in the distance education process were categorized as numerical,
verbal and field. Considering the course averages, it was observed
that the most unsuccessful category was numerical courses with
69.66, while the most successful category was field courses with
77.10 average. The verbal course average was 75.63. As a result, it
has been observed that students in numerical courses have difficulty
understanding in online education compared to verbal and field
courses. In the 90-100 band, this rate was 29.2%. In the same range,
it was 35.2% in verbal courses and 35.6% in field courses.
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For the dependent sample T test, the exam grades of the
participants before the pandemic and the exam grades, they received
during the distance education period during the pandemic were used.
Thus, the effect of the pandemic-distance education process on the
exam grades was measured. Participant names and student numbers
were taken in order to observe the change in the same people in order
to avoid any shift in the previous and subsequent data of the students
in the re-application of the test. The two samples obtained were
analyzed in SPSS environment. In the analysis, independent
variables were determined as exam grades and dependent variables
were engineering department names. In the dependent sample T test,
the first group was determined as the exam grades before the
epidemic, and the second group was determined as the exam grades
during the epidemic period. As a result of the analysis, the T test (T=
2,620) value was positive. This result means that the pre-pandemic
exam grades are higher than the exam grades during the pandemic
period. During the epidemic period, it was determined that the
decrease in exam grades was higher especially in numerical courses
(T=5,457). In addition, no significant difference (T=0.921) was
observed within the engineering departments (mechanical,
electrical-electronic and computer).

3. Results And Discussion

In this study, the success of undergraduate engineering
students in distance education during the epidemic was analyzed as
verbal, numerical and field-based courses. Although the research is
a survey study, when considered together with input and output
variables, it falls within the scope of statistics and machine learning.
One of the most important features of a statistics and machine
learning model is that the interpretable variables it has. Considering
the interpretation output classes, the importance of the input
variables was determined and the variables were well explained.
Feature selection algorithms can be given as a combination of a
search technique to suggest new feature subsets, together with an
evaluation measure that scores different feature subsets. The most
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basic algorithm is to test every subset of features that minimizes the
error rate [9]. Although social research was conducted in this study,
it can be considered as a statistics and machine learning problem
with variables defined as input and output. It is important to know
the importance of the input variables in the model when estimating
the output classes. The contributions/effects of each input variable
on the output variable were determined [7]. The variables
determined as the output class in this study were the grades that
students receive from numerical, verbal and field-based courses in
the distance education process. These grades were obtained within
the framework of the academic performance of the students and the
results were given in Table 6. In order to develop a prediction model
using this data set, it has been determined to what extent the variables
affect the output classes. Since there are categorical variables in the
data, a feature extraction approach based on decision trees has been
adopted. In Figure 2, the importance degrees of the input variables
that affect the success of numerical courses were given.

Scikit-learn package was used in Jupiter notebook editor on
Python Anaconda platform to determine the importance levels of
input variables in the model. Various transformations, Panda and
Numpy packages were also used to determine the feature importance
in the data set. Apart from this, the matplotlib library was used to
visualize the results.

--76--



With the family

Is there Internet?

Family Education Support?
Covidien one nearby?

Harmful Habit?

Extra Course?

Number of Individuals in the Family
Non-Curricular Course?

Covid?

Relationship status?

Education Support?

Variables

Father profession

Free time 7

How is the relationship with the family?
Mather profession

Current Health Status?

Number of Unsuccessful Lessons
Mother Education level

Father Education level

Frequency of going out with friends
Weekly Study

Number of Absences

0.00 001 002 003 004 005 006 007
Degree of importance

Figure 2. The degree of importance of the variables affecting the
success of the numerical courses

When Figure 2 is examined, the variables that have the highest
impact on student success in numerical courses were determined as
number of absenteeism, weekly study time, socialization with
friends, and education level of parents. The variables with the lowest
impact on the output class were living with the family, whether there
is an internet connection, the family's educational support, whether
there is Covid-19 in the environment, and whether there is any
harmful habit. In Figure 3, the importance degrees of the input
variables that affect the performance of the field courses were given.
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Figure 3. The degree of importance of the variables affecting the
performance of the field courses.

When Figure 3 is examined, the variables that have the highest
impact on student achievement in field courses were the number of
absenteeism, weekly study time, education level of parents and
socialization with friends. The variables that have the lowest impact
on the output class were living with the family, whether there is an
internet connection, the family's educational support, whether they
take extra lessons and whether there is Covid-19 in the environment.
These results largely overlap with the variables that affect the
performance of the field courses and the variables that affect the
performance of the numerical courses. In Figure 4, the importance
degrees of the input variables that affect the success of the verbal
weighted courses were given.
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Figure 4. The importance of the variables that affect the
performance of the verbal-weighted courses.

When Figure 4 is examined, the variables that have the highest
impact on student achievement in verbal weighted courses were the
number of absenteeism, weekly study time, education level of
parents, and whether there is free time. The variables with the lowest
effect on the output class were living with the family, whether there
is an internet connection, whether the family receives educational
support, educational support and extra lessons. These results largely
overlap with the variables that affect the performance of the field
courses, the variables that affect the performance of the numerical
courses, and the variables that affect the performance of the verbal
weighted courses.

In the model developed as a result of the survey, there were 25
input and 3 output variables. When the variables affecting the output
classes were examined, the education level of the parents in the
distance education process was extremely important positively. On
the other hand, the effects of extra courses or training supports taken
during the epidemic process on the output class were very low. It is
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seen that the effect of internet connection on student success were
very low. The reason for this is not very clear. The students who
participated in the study answered the question of whether they have
internet connection problems while receiving distance education. In
the explanation part of this question, an explanation was added as
"computer and internet". It is likely that the student understood this
as whether there is a computer. Although the number of students who
do not have a computer is very few, all students have smartphones.
Smartphones also have a certain level of internet connection. In this
sense, it can be said that students do not experience internet
connection problems. For this reason, the effect of the variable "Is
there internet" on course success was low.

4. Conclusion And Suggestions

Due to the Covid-19 cases seen in the world and in Turkey,
universities have suspended face-to-face education and the distance
education process has started. This research was conducted to
measure how efficient distance education is for engineering students
during this epidemic process. In the research, the effect of the
epidemic process on the education of engineering students was
examined with the survey questions. 549 undergraduate engineering
students participated in the survey and the survey results were
analyzed. While the most unsuccessful category was numerical
courses among the courses categorized as numerical, verbal and field
courses, it was observed that the most successful category was field-
weighted courses. The contribution of this study to the literature is
that engineering students explain which variables affect their success
during the epidemic in the courses they take in two separate
semesters, and categorize the courses taken and investigate whether
the achievements in courses were at the desired level. According to
the results obtained with the study, the performance in numerical
weighted courses is low in both periods. Numerical weighted courses
are courses that include abstract mathematics such as engineering
mathematics. The fact that students could not learn these lessons
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through distance education during the epidemic was reflected in their
lecture notes.

Epidemics such as Covid-19 are likely to recur in the coming
years. Being better prepared for these epidemics is not only a
necessity for the health sector, but also for the education sector like
all other sectors. According to the results of this study, distance
education methods should be developed especially in numerical
courses (engineering mathematics). This is not so easy that it can
only be accomplished with teacher effort. Therefore, governments
and education sector representatives should work together. In
addition, it is necessary to adapt the developing technology to
distance education systems and to develop communication
infrastructures.
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CHAPTER IV

Image Denoising with Transformers: A Survey

Ahmet ULU?
Aykut KARAKAYA 2
Bekir DIZDAROGLU3

Introduction

As the production of digital images captured in poor conditions
continues to rise, the significance of image-denoising methods in
computer-aided analysis has become paramount. Presently, the task
of extracting clear information from noisy images to attain a pristine
result is of critical importance. Image denoising techniques
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effectively eliminate noise and present a clean image containing no
noise (Gonzales and Wintz,1977).

In general, image-denoising methods can be broadly
categorized into two classes: model-based and learning-based
approaches. Model-based denoising encompasses spatial filters (Ulu
and Dizdaroglu,2016), transform domain techniques (Tang and
Jang,2014), and sparsity-based methodologies (Shao et al.,2013).
These algorithms rely on basic assumptions regarding specific
characteristics inherent to original images. Non-Local Means (NLM)
based algorithms aim to discern repetitive patterns within the image
to facilitate effective denoising (Shao et al.,2013). Despite their
demonstrated efficacy in mitigating noise, these methods exhibit
three primary limitations. Firstly, due to their typically iterative
nature, they entail a substantial computational burden. Secondly, the
determination of parameters, such as window size or step size such
as in the NLM, is typically conducted manually. Thirdly, they lack
the versatility to concurrently perform multiple tasks, such as image
denoising, correction of JPEG artifacts, and enhancement of low-
resolution images.

Conversely, learning-based approaches endeavor to discern
noise-free images by acquiring a mapping function that relates noisy
and pristine images. Owing to their formidable learning capabilities,
deep learning-based techniques, notably Convolutional Neural
Networks (CNNSs), have emerged as the preeminent choice among
these methodologies. The DNnCNN (Zhang et al.,2017) represents the
initial CNN formulation leveraging the benefits of batch
normalization (BN) and residual learning, thereby achieving
markedly enhanced denoising outcomes. Notwithstanding, certain
drawbacks associated with CNN-based methodologies warrant
mention. The training process for a CNN may extend over several
days, albeit it is a one-time endeavor with no need for subsequent
retraining during inference. Additionally, an ample corpus of image
samples is requisite during the training phase, although this
challenge may be mitigated through patch extraction from a single
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image or the application of data augmentation techniques (Ulu et
al.,2023).

Among deep learning techniques, transformer-based methods
have achieved great success in recent years and have surpassed the
success of methods obtained using CNN. Because, while a majority
of Convolutional Neural Network (CNN)-based methodologies have
demonstrated remarkable performances, the conventional
convolution layer has several shortcomings. Initially, the
convolution kernel lacks content adaptability to images. Employing
an identical convolution kernel for the restoration of diverse image
regions may not yield optimal results (Khan et al.,2022). Secondly,
given that the convolution kernel can be perceived as a small
segment wherein acquired features encapsulate local information, it
follows that global information may be compromised in endeavors
to model long-range dependencies.

In the last few years, transformer-based designed networks
have become very popular in the computer vision area. Their great
model capacity and ability to capture long-range dependencies made
transformers greatly used in so many computer vision areas. Self-
attention (SA) stands as the foundational element in transformers. Its
distinctive implementation, such as multi-head self-attention, is
finely tuned for parallelization and efficient representation learning.
SA is very effective for long-range dependencies, but it has also high
computational complexity making it impossible to use high-
resolution images as in the area of image restoration. That is why,
despite being the pioneering study for image denoising with
transformers, IPT has a high computational cost (Chen et al.,2021).
The researchers to prevent this complexity, try to used SA on a small
spatial windows like 8x8 or divided to image into non-overlapping
block. SwinIR can be given as the best sample study for it (Liang et
al.,2021). Liang et al proposed a new model called SwinIR using
Swin transformers (Liu et al.,2021) with residual connections.
Basically, Swin transformer applies attention based on small
windows and sliding it to drop computational complexity.
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Finding these alternatives make image denoising with
transformers greatly studied area. That is why in this paper we
review imade denoising methods with transformers. Additionally,
hyperparameters have a crucial role in training a network and greatly
affect the acquired results. Researchers decide these
hyperparameters experimentally, but we believe previous studies can
provide preliminary information to researchers when deciding on
these parameters. For this reason, this paper includes knowledge
about selected hyperparameters besides of content of the reviewed
studies. The contributions of this study can be summarized as
follows:

- To best our knowledge, this is the first review that prepared
only transformed-based for denoising.

- Different from previous work, to help other researchers while
choosing their own hyperparameters, hyperparameters that
are chosen in previous studies are presented.

In the following sections of the paper, Section 2 reviews recent
developments and details on image denoising with transformers.
Section 3 provides discussion on this topic. The last section contains
the conclusion.

Image Restoration With Transformers

In this section, we have presented details about the reviewed
papers. In total eleven paper has been chosen, including their
contributions, chosen hyperparameters is given in Table 1. As
hyperparameters, four parameters are chosen which are batch size,
optimizer, loss function, and learning rate.

Wang et al presented a U-shaped transformer for image
denoising in (Whang et al.,2022). This study presents two
fundamental design innovations. Firstly, they introduce a pioneering
Locally-Enhanced  Window  (LeWin) Transformer  Dblock,
characterized by its implementation of non-overlapping window-
based self-attention as opposed to the conventional global self-
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attention mechanism. This innovation substantially diminishes the
computational intricacies associated with high-resolution feature
maps, all the while adeptly encapsulating local contextual
information. Additionally, they put a depth-wise convolutional layer
between two fully-connected layers within the feed-forward network
of the Transformer block. This enhances the model's capacity to
capture localized contextual information. Secondly, they put forth a
trainable multi-scale restoration modulator in the guise of a multi-
scale spatial bias. This modulator serves the purpose of fine-tuning
features across various layers of the Uformer decoder.

Zamir et al proposed an efficient transformer model for image
restoration. They made several changes in the basic building
transformer block (multi-head attention and feed-forward network).
Firstly, they replaced vanilla multi-head attention with multi-Dconv
transposed attention (MDTA) that has linear complexity. MDTA is
making local context mixing via 1x1 convolution. This brings
advantages like emphasis on the spatially local context, the strength
of convolution and contextualized global relationships between
pixels and model. Besides, they changed the basic feed-forward
network (FN) that consists of two fully connected layers and a non-
linearity between them. In the first linear layer of the FN, they used
a gating mechanism to improve information flow (Zamir et al.,2022).
We also changed the learning strategy. They trained their network
on small patches and large batches in early epochs and large image
patches and small batches in later epochs. They made this change
gradually and called it progressive learning.

Liu et al. proposed a new transformed-based network that is
two-branched and contains deformable attention for image denoising
(Liu et al.,2023). The proposed network design is an Unet-like
structured encoder-decoder network and basically, it contains dual
deformable transformer blocks(DDTB) and depth feed-forward
networks. At the beginning of every DDTB, firstly layer
normalization is applied and features are split over channel
dimensions and sent into a dual branch structure consisting of local
and global branches. While the local branch divides the feature into
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non-overlapping patches with predefined patch sizes and applies
deformable attention and, the global branch applies patch
partitioning with a predefined number and performs calculations
among the corresponding positions of each patch via deformable
attention again. The outputs are then combined using the
concatenating operator. Applying deformable attention allows the
network to concentrate on areas that are more crucial while also
bringing down computational costs.

Transformer models are known for their high computational
complexity. In the literature, to mitigate this, attempts have been
made to apply a local self-attention mechanism by partitioning the
input image into non-overlapping square segments. However, this
approach has hindered the utilization of long-range dependencies.
To prevent these drawbacks, Chen et al. presented a study, and they
introduced a novel image restoration model named Cross
Aggregation Transformer (CAT) (Chen et al.,2022). Instead of
extracting square windows, they choose one side of windows with a
length equal to the width or height of the image. They introduced
this as Rectangle-Window Self-Attention (Rwin-SA) that expand the
attention area and aggregate the features cross different window.
This enabled the extraction of long-range dependency information
without increasing computational complexity. Additionally, they
introduced the Axial-Shift Operation, applied between consecutive
Rwin-SA layers, to enhance inter-window interaction. In
comparison to the shift operation in Swin Transformer (Liu et
al.,2021), axial-shift explicitly facilitates interaction between
windows of the same orientation (horizontal-horizontal or vertical-
vertical), and implicitly allows interaction between horizontal and
vertical windows. Additionally, they suggest the Locality
Complementary Module (LCM), a parallel convolution operation
performed on the value (V) within the self-attention mechanism
alongside the attention component. In contrast to Transformers,
which predominantly establish global long-range dependencies,
CNNs possess traits like translation invariance and locality, allowing
them to proficiently capture 2D local structures within an image
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(e.g., corners and edges). The LCM supplements Rwin-SA with
local information, facilitating the integration of both global (self-
attention) and local (convolution) cues.

Zhang and et al. introduced the first study that proposed
transformer-based self-supervised image denoising (Zhang and
Zhou,2023). The network structure generally consists of Context-
Aware Denoise Transformer (CADT) and Secondary Noise
Extractor (SEN) units. CADT has a hierarchical network (dual)
structure with global and local branches. While in the global branch,
they use a window-based transformer encoder to extract global
information, in the local branch they presented a little CNN network
including deformable convolution to extract local information
extraction. With residual learning strategy, in the output of CADT,
the noise map is acquired. Then the residual image to further image
denoising for preservation of details of the original image is given to
the SEN network. The SEN basically includes layer normalization
ve multi-layer perceptron. To get the final denoised image, SEN
output is subtracted from CADT.

Yao and et al. presented a new transformed-based network
whose name is Densformer (Yao et al.,2022). It generally consists of
3 modules which names are the preprocessing module, the local-
global feature extraction module ve reconstruction module. In the
preprocessing module, it contains a 3x3 conv layer to extract the
shallow layer. In local-global feature extraction module, it contains
densely connected 4 Sformer groups that consist of 4 Sformer layers.
Each Sformer layer contains multiple Enhanced Lewin Transformers
and a single convolutional layer behind all transformers. They used
windows self-attention to drop computational complexity.

Xue and friends presented a Unet-like design TC-Net which
includes downsampling and upsampling for image denoising (Xue
and Ma,2023). To drop the computational complexity, they utilized
swin-transformers. Additionally, between the encoder and the
decoder they used two-way skip-connections (same layer and cross-
layer). Besides benefiting from local information extraction of
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convolutional layers, they added a convolution layer instead of MLP
blocks in traditional swin-transformers. Adding noise directly to
images helps the model handle different types of noise. Existing
image restoration algorithms struggle with these complexities, while
it remains crucial to eliminate noise unrelated to the task at hand.
Given that damaged images vary in their noise characteristics and
styles, it becomes imperative to establish distinct thresholds for
different samples to effectively eliminate all forms of noise.

Table 1. Details of reviewed papers

Paper Handled Contributions Loss_/ Bath Optimizer Learning
problem Size Rate
(Wang | Drop - Applyin SA Charbonnier Adamw 2x107%
etal., | Complexity | onnon- Loss /32 and
2022) | and improve | overlapping reduces
model blocks 1x107°
capacity - Depth-wise with
convolutional cosine
layer adding in annealing
traditional SA
(Zamir | Drop -Adding Depth- | L1 loss/ Adamw 3x10~4
etal., | Complexity | wise progressive and
2022) | and improve | convolution learning reduces
model - Using gating 1x1076
capacity mechanism in with
FN cosine
- Proposing a annealing
new learning
stragety
(Liuet | Drop - Dual branch L1 loss/ AdamW 3x107*
al., Complexity | structure progressive and
2023) | and improve | - Deformable learning reduces
model Attenion 1x107°
capacity with
cosine
annealing
(Chen | Drop - Changing L1 loss/ 32 Adamw 3x107*
etal., | Complexity | square window and
2022) | and improve | to rectangle reduces
model window 1x1076
capacity - A new shift with
operation cosine
annealing
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Paper Handled Contributions Loss_/ Bath Optimizer Learning
problem Size Rate
- Local
Complementary
Module
(Zhang | Improve - First self- L2 loss/ 4 Adam 3x107*
and model supervised with and
Zhou, | capacity transformer divided by
2023) model 4 every 20
- Secondary epochs
Noise Extractor
(SNE) block for
further
denoising
(Yao | Improve -Densely L2 loss/Na | Adam 1x10~*
etal., | model connected half for
2022) | capacity transformer ever 20k
blocks iterations
(Xue | Improve - Two way skip | Combination | Adam 2x1073
and model connection of perceptual
Ma, capacity - Changing loss and
2023) MLP blocks reconstruction
with loss /8
convolutions in
transformer
- a shrinkage
network to set
different
thresholds for
removing all
kind noises
(Xiao | Not being - stochastic Charbonnier Adam 3x10~*
etal.,, | translation window size loss/8 and
2022) | invariantof | - Layer reduces
transformers | Expectation 1x1076
Propagation with
algorithm cosine
annealing
(Liet | Lossof -DWT Charbonnier AdamwW 2x1074
al., gradient integrating to loss / 32 and
2023) | continuity transformer reduces
and noise blocks 1x107°
patterns with
while using cosine
annealing
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Paper Handled Contributions Loss_/ Bath Optimizer Learning
problem Size Rate
transformers
on windows
(Yin Improve -Multiscale Charbonnier Adam 2x107*
and model feature loss / Na and
Ma, capacity extraction reduces
2022) - Separable 1x107
convolution with
with Swin cosine
transformer annealing
(Zhao | Drop - Residual Charbonnier | Adamw 2x107%
etal.,, | Complexity | convolutional loss / 48 and
2022) | and improve | blocks using in reduces
model decoder part of 1x1077
capacity transformer with
- RBF attention cosine
annealing

This is why, they introduce a subnetwork within the deep
residual shrinkage network, which autonomously acquires a range of
thresholds. This innovation empowers each sample to autonomously
ascertain a set of individualized thresholds through the deep residual
shrinkage network, thus circumventing the need for professional
artificial knowledge in setting thresholds for individual samples.

Xiao and et al. introduce a new transformer-based network
whose name is Stoformer (Xiao et al.,2022). The authors generally
dwell on the subject that transformers have advantages like a huge
loss of local information and not being translation invariant. They
showed that using a fixed window size and applying local attention
to that window causes the loss of local information and distracts the
network from being translation invariant. That is why, they proposed
a new transformer that uses stochastic window size. To conduct tests,
they additionally presented the Layer Expectation Propagation
algorithm. This algorithm provides an approximate marginalization
of stochastic shifts, while still maintaining translation invariance and
locality. The proposed network design is U-net-like.
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In (Li et al.,2022), Li et al proposed a new transformer-based
network whose name is the DnSwin for image denoising. To drop
the computational complexity in the transformer, images are divided
into patches attention is applied to these patches. However, dividing
the image into patches may damage gradient continuity and disrupt
noise patterns. To solve this problem, they used the discrete wavelet
transform (DWT) and thereby they built frequency dependencies.
Proposed model consist of 3 components. These are encoder module,
wavelet sliding-window transformer (WSWT) module and decoder
module. The encoder and decoder module include residual
convolutional blocks to extract the first features and reconstruct the
final image respectively, WSWT is a combination of DWT and swin
transformers.

In(Yinetal.,2022), Yin et al proposed CSformer named a new
transformer-based network that basically consists of two modules
which are the cross-scale features fusion (CS2F) block and mixed
global-local Swin (M-Swin) Transformer block. The CSformer has
a specific multi-scale framework, in which the multi-scale features,
extracted by M-Swin Transformer, are fused using a CS2F block.
Such cross-scale fusion not only enriches the features but also yields
multi-scale self-attention. In addition, the M-Swin Transformer
block consists of the Swin Transformer block and the separable
convolution-based convolutional local-extraction (CLE) block,
which can boost the ability of the Transformer in local
representation.

Zao et al presented a new network trying to combine
transformer and convolutional layers (Zhao et al.,2022). For this
purpose, while designing the encoder part of the network with
transformer blocks, they used residual convolutional blocks.
Transformer-based encoder improves the representation capability
of the network while the convolutional decoder significantly reduces
the computational complexity. They utilized swin transformers and
added radial basis function (RBF) attention to increase the basic swin
transformer's capability. They designed their network U-netlike.
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DISCUSSION

In this section, review paper analyzed in terms of handled
problems and chosen hyperparameters that have great impact on
training a network.

The studies that proposed a new model for image denoising
with transformers usually discuss model complexity problems. For
this purpose, studies using transformers on local windows like swin-
transformer. But that causes a loss of local information. To overcome
this problem, either adding convolutional layers (depth-wise) or
changing the window size like stochastic or cross-shape is applied.
Models are generally designed U-net like and also skip connections
are used between the encoder and the decoder parts.

For hyperparameters, we have chosen batch size, learning rate,
optimizer, and loss function. Adam (Kingma and Ba,2014) optimizer
is widely used in CNN-based methods. But for transformer-based
image denoising problems, the AdamW (Loshchilov and
Hutter,2017) optimizer is widely chosen. Besides, the L2 loss was
generally chosen to optimize the model for image-denoising studies
via a CNN-based model. However, for the transformer-based model,
L1 loss and Charbonnier are widely used. For batch sizes, small
numbers like 4, 8, and 32 are preferred for transformers in addition
to wide usage of progressive learning (Zamir et al., 2022) . For the
initial learning rate, 2x10"(-4) and 3x107(-4) are widely preferred
and cosine annealing has been chosen for decay

Conclusion

Transformers are used more and more every day thanks to their
model capacity and being input-independent. That makes them
inevitably useful for image processing tasks including image
denoising. In this paper, we presented a little survey on image
denoising with transformer-based image-denoising networks. In
addition to presenting handled problems and offered solutions, the
hyperparameters that highly affect network convergence are present
to give pre-information to the readers while choosing their own
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parameters. However, image denoising with transformers is not only
applied to regular images, they are highly used to remove noises in
medical and hyperspectral images in literature. That is why, it is
planning to prepare a comprehensive survey for image denoising
including it for medical and hyperspectral images as future work.
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CHAPTER V

A Novel Matrix Representation Combining
Customers’ In-store Sequential Behavior Data and
Purchasing Data!
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Introduction

Companies can gain valuable insights by analyzing customer
behavior data. Identifying valuable customers, capturing
personalized needs of the customers and personalized marketing can
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all be achieved by analyzing customer data through data mining and
machine learning techniques. Zhao (2023: 3) claims that the
effectiveness of marketing campaigns can be greatly improved by
personalized marketing which is based on massive customer data
analysis. It is stated in the study that the conversion rate of the
personalized promotion was 40% higher than that of the non-
personalized promotion. It is suggested to create customer segments
based on their preferences and behaviors. Then, product
recommendations are provided to the customers in each segment
based on their characteristics.

Customer segmentation provides valuable information about
customer profiles which then can be used to make marketing
decisions. Customers’ purchase history, Point Of Sales (POS) data,
and other customer-related demographic or geographic data can be
used for creating customer segments. Incorporating behavioural
factors such as shopping time, wandering routes and visiting patterns
can yield significant improvement in the segmentation quality. This
is especially important for making successful product
recommendations. Once the customer segments are created based on
behavioral data, each customer is recommended a set of products that
customers with similar in-store behavioural patterns have previously
purchased.

Incorporating behavioral data can also help discover many
important characteristics about the customers. For example in-store
behaviour data can be used to identify the most visited or the least
visited aisles and discover the most frequent customer paths in a
store. Any kind of correlations between aisle visit durations and
purchase behaviour can be discovered with the use of in-store
behaviour data in addition to POS data. There are many studies in
the literature where important information is obtained using
customer behaviour data. For example Larson et al. (2005:395-397)
try to find answers to the following questions: What is the most
frequent path of the customers? Which areas are skipped by the
customers? In which areas do the customers spend most of their
times? Do they spend much of their time moving around the outer
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ring of the store, or do they spend most of their time in certain store
sections?

Earliest studies that aim to discover customer behaviours use
information obtained from Radio Frequency IDentification (RFID)
tags that have been installed on shopping charts. Another approach
is to use Bluetooth Low Energy (BLE) Beacon technology which
enables the retailers to solve a variety of challenges. Similar to RFID
tags, Beacon devices can be used for positioning of the workers or
the customers in a store. On the other hand, these devices can interact
with mobile applications running on customers’ bluetooth enabled
mobile devices when the customers are present in the store. Real-
time product information or promotions can be sent to the customers
with the use of this technology. Please refer to (Pangriya, 2023: 4-8)
to gain insights about the use of Beacon technology in the retail
sector.

In this study, we focus on customer segmentation based on
both customer behavior and POS data. We present the findings of
the first phase of a research project that is currently being conducted
jointly by Patika Global Technology and a home improvement
retailer company which sells thousands of products like decorative
products, furniture, home textile products, kitchen equipments,
bathroom, ceramic, garden furniture, lighting products, youth room,
ready curtains, carpets and paints in 45 stores located in 20 cities.

The store management team needs to identify its customers in
order to create personalized product recommendations considering
other customers with similar in-store behaviors and also purchase
histories. Therefore the first step is to create high-quality customer
segments that will reveal common characteristics of the customers.
The management team also tries to answer the following questions:
Is there a a correlation with the visit duration and the purchase
behaviour? Which factors affect the visit duration of the customers?
Which are the most visited and the least visited departments? What
are the most frequent paths that the customer take in the store?
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Within the scope of the project lead by Patika Global, customer
in-store data will be collected using BLE Beacon sender and receiver
devices that will be placed in shelves and shopping carts in a selected
store branch in Istanbul. After data collection process and tedious
data preprocessing steps, customer in-store behaviour data along
with customer purchase data will be used to identify customer
segments. We present a novel matrix representation that combines
sustomer sequential behaviour data and purchase data. We provide
the results based on a synthetic dataset that has been created by
observing shopping behaviours of the customers of that retailer store
branch. We have designed this synthetic dataset so that it carries all
the characteristics of the dataset that will be collected from real
customers. Experimental results show that the proposed matrix
representation can handle both types of data and be used in almost
all clustering algorithms yielding in high quality clusters.

Related Work

Cooil et al. (2008: 13-30) investigate several approaches for
clustering customers of a retail chain in Tirkiye. In one approach,
they create segmentations solely based on customers’ purchase
history. On another approach, they incorporate behavioral patterns
such store visit frequency and duration of the stay. With the help of
their effective customer segmentation approaches they could
discover some rare customer segments like “gourmets” and “diet
lovers”. Hiziroglu (2013: 6491) investigates the critical factors that
affect the quality of customer segmentation in his review article.

There is another line of work which creates customer segments
based on Recency, Frequency and Monetary (RFM) values. In the
RFM analysis where the customer purchase history is the key, the
customer transaction data is first transformed into RFM data via a
data pre-processing step. Then, several clustering algorithms are
applied to this transformed data in order discover customer groups.
Christy et al. (2021: 1252) creates segments of customers of an
enterprise using K-means and Fuzzy C- Means algorithms based on
RFM values. In another study, RFM values have been used to
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clustering electricity market participants (Giilcii and Caliskan, 2020:
481). Wu et al. (2020: ) discover four customer segments for a real-
world problem using RFM analysis and K-means clustering
algorithm. As a result of targeted marketing stratgeies, there has been
observed improvements in several performance indicators such as
the number of active customers and the total purchase amount. This
is also consistent with the findings of Zhao (2023:4). It is stated in
the study that the conversion rate of the personalized promotion is
40% higher than that of the non-personalized promotion. It is
suggested to create customer segments based on their preferences
and behaviors. Then, product recommendations are suggested to
each customer segment based on their characteristics.

As our main goal in this study is to identify customer segments
using behavioral data along with the purchase data; we find it useful
to metion some studies that analyze sequential customer data. Larson
et al. (2005:396) analyze the behaviours of the customers in a
grocery store with the help of RFID tags located on their shopping
carts. They create a dataset by collecting (X,y) coordinates of each
customer throughout the entire store visit. They discover 14
shopping routes using k-medoids clustering algorithm (Kaufman and
Rousseeu, 2009).

Angelis and Dias (2014:722) attempt to identify clusters from
categorical sequential data using a hybrid approach that combines
Hidden Markov model (HMM) and a hierarchical clustering
procedure in order to identify the customer groups with similar
trajectories.

Karlsen and Moschoyiannis (2019:4-9) aim to develop a travel
assistance application that provides suggestions to railway
customers by first identifying groups of customers. In order to
identify similar customer trajectories, they use wireless trajectory
data that consists of a number of (time, point) entries. Each point is
associated with a BLE beacon device tied to a location identifier,
such as a place name. Each customer has a unique id and a trajectory
refers to a single customer. A comprehensive recent study on the
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clustering sequential data can be found in (Werde et al., 2022: 5-7).
The authors investigate the suitability of the clustering algorithms
using Block Markov Chains for several real-world sequential
datasets.

In another study, Oztaysi et al. (2018: 19) perform a location-
based customer segmentation by using location information as well
as other transaction information such as the monetary value and the
products in order to create customer segments. They use the data
coming from 12,000 beacons that have been located in over 4,000
locations. These location points are categorized as shopping malls,
cafés, banks, restaurants, airports, and so on. If the user spends less
than 30 minutes in a location that visit is not counted. For each
customer, the number of visits at each location category for each
month is kept in the database. Then, clusters are formed by using
Fuzzy C - means algorithm on this dataset. In the study, 8 user
segments are identified as: Professional Flyers, Low Socials,
Shopping Women, Passive Flyers, Hedonics, Active Ones, Frequent
Flyers, and Shoppers.

Zuo et al. (2014:1465-1470) analyze customer purchasing
behaviour using RFID and POS data in a Japanese supermarket.
Instead of the whole supermarket, they focus on the purchase
behaviour of the customers in a specific section. They select the fish
selling area as the experiment object. In the study, 6883 sale
transactions belonging to 2847 customers are used. Support Vector
Machine (SVM) is used to predict customer purchase behaviour for
the fish section. Only two explanatory variables are used in the study.
These are the age of the customer and the time spent in the fish area.
Fish purchasing behaviour is defined as the response variable. It
takes a value of True if fish is purchased; False otherwise.

In another study, Zuo et al. (2015:62-68) combine both of
purchase behavior and in-store behavior of the customers. In-store
behaviours of the customers are collected using RFID tags attached
to the shopping carts. When the customers walk through shelves,
RFID tags emits signals which are received by RFID receptors
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placed at the bottom of the shelves. They train a Bayesian Network
(BN) model to correctly classify customer purchase behavior using
purchase background and stay time as the explanatory variables.
They focus on the purchase behaviour in a specific area, bread area
in their case.

Shende et al. (2017:1) aims to improve shopping mall
experience of the customers by sending real-time personalized
product offers to them. In their system, the customers are tracked
using beacons that are set up in the retail shops. Bluetooth Low
Energy (BLE) signals emitted by the beacons interacts with the
mobile application on the customers’ smart phones. This information
is sent directly to the server for processing. The server then sends
personalized offers to the customer based on the past purchase
history of that customer. They use K-means clustering algorithm for
this purpose.

Alfian et al. (2020:1-4) perform customer behaviour analysis
in a retail store utilizing RFID data. RFID reading data is collected
in a laboratory environment as a typical retail store scenario. In order
to be able to identify the product that the user is interested, two type
of tag reads, no behavior and browsing, are considered. As a total,
109 data readings, 62 no behaviour and 47 browsing, were collected
in the study. They use nine statistical features of signal strength such
as min, max, median and kurtosis as the explanatory variables.
Response variable is binary which takes a value of 1 if that product
is being browsed by the customer, 0 oherwise. The authors train
several machine learning algoritms, but they finf that Multilayer
Perceptron (MLP) model yields the best accuracy.

Zhao et al. (2022:561-564) propose a sequential classification-
based model that combines RFID data with point of sales (POS) data
in order to classify and identify consumers’ purchasing behavior.
They propose a classification model based on sequence-to-sequence
(Seqg2seq) learning architecture. They chose an island area of the
supermarket to perform the tracking experiment. Customers’ RFID
data such as residence time and wandering direction has been

--108--



collected for two months and then used as explanatory variables. The
same customers’ POS data for the past three months was used tas
response varaibles in their classification model. They use some
experimental rules to create customer classes according to the POS
amount.

Li (2023:4-8) focus on customer behavior analysis for e-
commerce. They use the customer’s past product browsing activity
data to construct a model that represents the behaviour of the
customers. They construct a classification model based on XGBoost
algorithm which predicts whether a customer exhibits purchase
behaviour or not. Park et al. (2021:3-7) apply the same algorithm to
predict the product to be purchased given the customer’s browsing
activity.

Methodology

In this section we first define the dataset that has been used in
this study. Secondly, we explain our novel matrix representation that
incorporates customers’ in-store behavioural data as well as the POS
data.

Dataset

Dataset Design

In this subsection, we first describe the structure of our main
data tables that will be used to keep both behavior and POS data of
the customers. Table 1 illustrates the structure of the table that will
be used to keep the customer in-store behaviour data. U1 represents
the unique id of a customer and S1 respresents the visit id of that
specific customer. When we examine the rows belonging to sesion
S1 of customer U1, we can see that the customer enters the store at
15:00:10 on 2023-07-31. Then, the customer visits department A and
stays there for 9 minutes. The next row shows that the customer visits
department D next and stays there for 21 minutes.

-109--



There might be some other departments between A and D;
howeever, we only see duration data belonging to departments A and
D. As the customer passes through other departments, shopping cart
Beacons continue to record signals coming from the sender Beacons
located in the shelves of those departments. During the data cleaning
process these signals have been cleaned so that only data regarding
the departments where customers actually spend time are recorded.

Table 1 - Customer Behaviour Data

User id Session id Time Department id Du_ratlon
(minutes)
2023-07-31 15:00:10 Entrance 0
2023-07-31 15:00:10 A 9
U1 S1 2023-07-31 15:09:20 D 21
2023-07-31 15:30:05 z 5
2023-07-31 15:35:05 Register 0
2023-07-31 15:01:10 Entrance 0
2023-07-31 15:01:10 B 14
U2 S1 2023-07-31 15:15:20 E 25
2023-07-31 15:40:30 F 10
2023-07-31 15:50:30 Register 0
2023-08-02 13:15:50 Entrance 0
2023-08-02 13:15:50 A 5
U1 S2 2023-08-02 13:20:40 B 25
2023-08-02 13:45:50 z 30
2023-08-02 14:15:50 Register 0

As can be seen in Table 1, each customer visit data starts with
“Entrance” and ends at “Register” and the durations for these should
be 0. When a customer reaches the register, customer POS data
which is shown in Table 2 is recorded. Each row in this table refers
to a visit of a customer. For example, first row refers to visit id S1 of
customer Ul. The ids of the products that the customer has
purchased and the total amount is recorded in the table.
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Table 2 - Customer POS Data

User id Session Time Purchased items Monetary Amount
id (USD)

U1 S1 2023-07-31 P1, P1, P8, P9, P70 122
15:35:05

U1 S2 2023-07-31 P4, P16, P16 36
15:50:30

U2 S1 2023-08-02 P2 50
14:15:50

Table 1 and Table 2 are merged with respect to customer and
session ids in order to have the complete information about each
customer. Table 3 illustrates this merged table. As can be seen in the
table, there is one row per each customer visit. Customer behaviour
data and POS data are all shown in this table. Tabular behavior data
in table 1 is transformed to sequential behaviour data column after a
data preprocessing step. This column shows that customer U1 visits
departments A, D and Z in the given order. The visit durations are
also given in the same column. This way, no behaviour information
is being lost.

Table 3 - Customer Behaviour and POS Data Combined

.. Session . . Sequential
User id id Time Purchased items Behavior Data
Ul S1 2023-07-31 15:35:05 P1, P1,P8,P9,P70 A:9, D:21,Z7Z:5
Ul S2 2023-07-31 15:50:30 P4, P16, P16 B:14, E:25, F:10
u2 S1 2023-08-02 14:15:50 P2 A5, B:25, Z:30

Synthetic Dataset Statistics

In this subsection, we describe the synthetic dataset that is
used to illustrate the key features of our customer matrix
representation technique and then provide statistics about the
synthetic dataset. This synthetic dataset has been created in such a
way that it carries main characteristics of the dataset that will be
collected from real customers when BLE Beacon devices starts to

operate.
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Figure 1 provides a view of the first 15 rows in our synthetic
dataset which is comprised of 356 rows. Date and time, user and
session id and the name of the department that has been visited at
that date and time, duration of the visit, product id of the product that
has been purchased from that department and the payment amount
are all being kept in the dataset.

data.head(15)

date_time sessionid userid department duration productid quantity price total

0 2023-08-07 11:00:00 s1 U1 Entrance 0 NaN NaN  NaN NaN
1 2023-08-07 11:00:00 s1 U1 Aydinlatma 3 NaN NaN  NaN NaN
2 2023-08-07 11:03:00 s1 u1 Boya 5 NaN NaN  NaN NaN
3 2023-08-07 11:08:00 s1 U1 Banyo 15 1000518992 1.0 2640 2640.0
4 2023-08-07 11:23:00 s1 u1 Register 0 NaN NaN  NaN NaN
5 2023-08-07 11:02:00 s2 uz2 Entrance 0 NaN NaN  NaN NaN
6 2023-08-07 11:02:00 s2 U2  Aydinlatma 1 NaN NaN  NaN NaN
7 2023-08-07 11:03:00 s2 uz2 Mutfak 7 1000771410 1.0 999.9 999.9
8 2023-08-07 11:10:00 s2 uz Register 0 NaN NaN  NaN NaN
9 2023-08-07 11:15:00 s3 u3 Entrance 0 NaN NaN  NaN NaN
10 2023-08-07 11:15:00 s3 U3 Dekorasyon 1 NaN NaN  NaN NaN
11 2023-08-07 11:16:00 s3 u3 El Aleti 8 1000150869 1.0 669.9 669.9
12 2023-08-07 11:24:00 s3 u3 Mobilya 20 1000332954 1.0 1209 1209.0
13 2023-08-07 11:44:00 s3 U3 Register 0 NaN NaN  NaN NaN
14 2023-08-07 11:21:00 s4 u4 Entrance 0 NaN NaN  NaN NaN

Figure 1. Raw data table

Dataset statistics are given in Figure 2. The left subfigure
presents the statistics regarding object variables whereas the right
subfigure represents the statistics regarding numeric variables.
There are 12 unique customers with a total of 77 unique session ids
in the dataset. Also there are 22 departments including Entrance and
the Register and 165 unique products in the dataset. The statistics
indicate that the median visit duration is 5 minutes and the maximum
visit duration is 45 minutes.
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data.describe(include='object"')

sessionid userid department productid price

count 356 356 356 168 168.0
unique 77 12 22 165 141.0
top 517 ue Entrance 1000150869 129.9
freq 8 36 77 2 5.0

data.describe()

date_time duration quantity total
count 356 356.000000 168.000000 168.000000

mean 2023-08-10 10:35:53.932584704 8.550562 2.726190 2219.466369

min 2023-08-07 11:00:00 0.000000 1.000000 15.990000
25% 2023-08-08 18:33:00 0.000000 1.000000 129.900000
50% 2023-08-10 11:43:30 5.000000 1.000000 444750000
5% 2023-08-11 18:42:15  13.250000 2.000000 2341.800000
max 2023-08-13 12:00:00  45.000000 100.000000 42595.000000
std NaN  10.839169 8.604902  4446.736264

Figure 2. Raw data statistics

The raw data table is transformed into the data table shown
in Figure 3 after a data preprocessing step. In this table, there are 77
rows which equals to the number of unique sessions. For example,
the first row keeps transaction and behaviour data of customer U9
regarding his/her visit session s9. In this particular visit the customer
has visited only “Bahg¢e” department and stayed there for about 15
minutes. The customer has bought an item with a total payment
amount of $80.97. When we look at customer U3, we can see that he
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has visited two departments and purchased a product from one of
those departments.

userid departments durations  departments purchased departments totals

session id

s9 U9 Entrance, Bahce, Register 0,15,0 Bahce 80.97

s8 us Entrance, Isitma, Register 0,19,9 Isitma 649.0
s77 us Entrance, Hirdavat, Register 0,7,0 Hirdavat 1499.4
s76 us Entrance, Mobilya, Register 0,15,0
s75 U4 Entrance, Isitma, Elekirik, Register 0, 14, 3,0 Isitma 8598.0
s74 U3 Entrance, Ev Gerecleri, Dekorasyon, Register 0,12, 5,0 Ev Gerecleri 157.9
s73 U2 Entrance, Mutfak, Register 0,21,0 Mutfak 6479.0
s72 Ul Entrance, Mobilya, Register 0,50 Mobilya 4999.0

Figure 3. Transformed data table

Customer Segmentation Models

In this section, we first describe the customer segmentation
models that are created for the current dataset. After discussing the
results of these models, we describe our matrix representation that
has the ability to include both in-store and purchase data of the
customers by taking into account the recency of those events.

Segmentation Based on Visit Durations

In order to create clusters based on customer department visit
duration, we need to perform a preprocessing step to get a data table
shown in Figure 4. In this table, each row or each data point refers
to a store visit of a single customer. As per department visit durations
will be the input to this model, there are 20 variables which equal to
the number of departments in the store. This transformed data can be
given as input to any clustering method like Kmeans or Kmedoids.
No normalization step is needed for this data because the visit
duration in terms of minutes are being used. However, this input
matrix seems to be a sparse matrix considering the departments with
zero visit durations. This might be a problem for large stores with
hundreds of different departments.
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Figure 4. Clustering input data

We apply Kmeans and Kmedoids clustering algorithms on
the data given in Figure 4 and evaluate the quality of the clusters
using intrinsic methods due to the unavailability of the ground truth.
We use two intrinsic methods, namely Sum-of-SquaredError and the
Silhouette coefficient (Han et al., 2011), in our study.

In the Sum-of-Squared-Error (SSE) method, the
homogeneity of the clustering is calculated by summing over the
squared distances between the clustering objects and their cluster
centers for each cluster. SSE of a given clustering model is
calculated as shown in Eq. 1 where, d(o, ci) is the Euclidean distance
between an object o in cluster i and the center of that cluster ci.

Z{'{=1 ZOECid (01 Ci)z qu

In the silhouette coefficient method, each cluster is assessed
in terms of its separation from other clusters and its compactness.
For a clustering model with k clusters, a silhouette value, sil(oi)€
[—1, 1], is computed for each object i in the dataset as shown in Eq.
2. In the formula, a(0i) represents the average distance between
object i and all other objects in the same cluster, and b(o;) represents
the minimum average distance between object i and the objects in
different clusters. Therefore this metric measures how elements
within a given cluster are close to each other and how they are distant
to the elements in other clusters.
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sil(o;) = _bloi)—aloy) Eq.2

maxa(o;),b(0;)

If an object i is close to the objects that are in the same cluster
and far from the objects in the other clusters, then a sil(0;) value close
to 1 is achieved. A negative sil(0i) signals a bad clustering. For each
cluster, average silhoutte value is calculated, then these results are
averaged to get the average silhouette coefficient of k clusters.
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Figure 5. K-Medoids clustering performance evaluation

The experiments reveal that K-Medoids algorithm performs
much better than Kmeans algorithm whose clustering performance
is presented in Figure 5. As the number of clusters increases, more
homogeneous clusters are obtained as expected. The silhouette
coefficient also gives consistent results. Although the results are
promising, these clusters are actually the clusters of customer
sessions because, each row in the input table refers to a single visit
of a customer. Therefore this approach does not actually help to find
clusters of customers. Moreover, the customers’ in-store visit
directions and their purchase behaviours are not taken into account.
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Therefore another clustering approach that uses all this available
data is required.

Segmentation Based on a Novel Matrix Representation

The clustering model that uses department visit duration data
helps to identify the customer segments based on the time spent in
different departments. It also helps to identify the group of
departments that customers spend time in a single visit. This model
can be combined with POS data and transformed into a classification
model easily by adding a POS data-related label. For example, the
label can be True/False value indicating the purchase from a specific
department. A multi-class classification model can also be created
by taking into the volume of the purchase like low-volume
customers, middle-volume customers and high-volume customers.

In order to capture customer in-store behaviour, a model
should use both sequential department visit data and visit duration
data. Moreover, the model should also include repeated visits of a
single customer. In this section, we introduce a novel matrix
representation model that uses both sequential department visit data
and POS data. This representation is also capable of handling
multiple visits of repeated customers. For example, if a customer has
visited the store for six times in the last three months, then six
different matrix representations are generated for that customer.
Then, all these matrices are combined by giving more importance to
the matrice that is associated with the most recent visit. The details
of this method are explained in this section.

The following customer data has been used to create
customer matrix representations:

o Department visit order
o Department visit durations

e Purchase amount for each department

A multi-dimentional customer-session matrix M of size |S| X
ID| x |D| is created for each customer. S denotes the set of all visit
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sessions of that customer and D denotes the set of all departments.
The size of M will be 4x|D|x|D| if the customer has visited the store
4 times for a given time interval. Initially, M is composed of all
zeroes. For a given customer, a department visit behaviour is
encoded into M as follows: For example, customer Ul’s session S1
data contains the following data:

date_time department duration total price
0 2023-08-07 11:00:00 Entrance 0 0
12023-08-07 11:00:00 Aydinlatma 45 0
2 2023-08-07 11:03:00 Mutfak 8 0
32023-08-07 11:08:00 Banyo 13 264
4 2023-08-07 11:23:00 Register 0 0

The customer enters the store, then visits ‘Aydinlatma’
department and stays there for 4.5 minutes. Then, M [‘SI’,
‘Entrance’, ‘Aydinlatma’] cell is assigned 4.5. The customer then
visits ‘Mutfak’ department and stays there for 8 minutes. This time
M matrix [S1°, ‘Aydinlatma’,“Mutfak’] cell is assigned 8. The next
entry is [S1°, ‘Mutfak’, ‘Banyo’] , but this time a product from
‘Banyo’ department has been purchased. So, M matrix [S1’,
‘Banyo’, ‘Banyo’] cell is assigned 2.64 which is the amount divided
by 100 for normalization. The purchases are always represented
along the diagonal in this matrix. Figure 6 illustrates the session data
for this customer. For session S2 data of the same customer, M
matrix [S2’, ..., ...] entries have been filled.

Entrance _ Aydinlatma Boya Banyo Register Mutfak  Dekorasyon  El Aleti Mobilya
Entrance—0:6 4.50 0.00 0.00 0.00 0.00 0.00 0.00 0.00
Aydinlatma|  0.00 0.00 B 0-00- 0-06- 8.00 0.00 0.00 0.00
Boya| 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
Banyo| 0.00 0.00 0.00 2.64, - 0.00 0.00 0.00 0.00 0.00
Register]  0.00 0.00 0.00 D,@ 0.00 0.00 0.00 0.00 0.00
Mutfak| 0.00 0.00 0.00 13.bo 0.00 0.00 0.00 0.00 0.00
Dekorasyon| 0.00 0.00 0.00 0.00 ~0.00 0.00 0.00 0.00 0.00
El Aletii  0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
Mobilya| 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
Yer Dogemeleri|  0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
Tesisat| 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
Bahge| 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
Elektrik| 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
Isitma| 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
Ev Gerecleri  0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
El Aletleri_ 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00

Figure 6. M matrix that represents session S1 behaviour data of a
single customer
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These two-dimentional session matrices are then combined
in order to create a single |D|x|D| matrix for each customer. This is
done by taking weighted average of all session matrices of the
customer. The more recent sessions ara assigned a higher weight
then old sessions. The whole aim of this process is to capture both
in-store behaviour and purchase data of the customers in a single
structure.

Similarity Matrix
Customers
u1l vz us u4 us Us u7 us us u10 vi1 Uiz
445.7 269.2 25.3 6.4 105.0 155.7 315 177 20 92.1 571 190.1
269.2 446.8 36.6 03 102.8 1411 32.7 60.7 36 126.0 292 187.3
25.3 36.6 109.8 273 6.4 54.6 46.4 71 44 121 824 15.5
6.4 0.3 27.3 1125 13.7 42.1 1223 10.8 72 7.2 98.7 240
E 105.0 102.8 6.4 13.7 1136.7 87.8 176 52 6.7 123.2 177 108.1
E 155.7 1411 54.6 421 87.8 225.5 30.4 47 5.6 66.0 111.1 180.1
% 315 32.7 46.4 1223 17.6 30.4 257.8 19.9 9.4 11.2 197.9 14
3 17.7 60.7 71 10.8 5.2 47 19.9 30.1 8.9 16.8 109 2.2
2.0 3.6 4.4 7.2 6.7 5.6 9.4 89 66.8 4.8 3.2 5.0
92.1 126.0 121 7.2 123.2 66.0 11.2 16.8 48 73.1 124 79.6
57.1 29.2 82.4 98.7 17.7 111 197.9 10.9 32 12.4 297.3 441
190.1 187.3 15.5 240 108.1 180.1 14 2.2 5.0 79.6 441 226.6

Figure 7. Customer similarity matrix

After creating matrix representations of all the customers,
customer-customer similarities are calculated. This requires an
element-wise matrix multiplication process followed by taking the
sum over all elements. Two customers showing the same behaviour
will result in a higher similarity than two dissimilar customers. This
similarity calculation is done for ech pair of customers and a
similarity matrix of size |C|x|C]| is obtained, where C is the set of all
customers. This similarity marix is shown in Figure 7.
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user id departments durations departments purchased departments totals

session id

s72 ul Entrance, Mobilya, Register 0,50 Mobilya 4999.0

s60 Ul Entrance, Mutfak, Register 0,150 Mutfak 13999.0

s48 U1l Entrance, El Aletleri, Hirdavat, Register 0,7,13,0 El Aletleri, Hirdavat 7699.0, 79.99

s36 Ul Entrance, Ev Gerecleri, Register 0,27,0 Ev Gerecleri 413.8

s24 ul Entrance, Ahsap, Register 0,32,0 Ahsap 2039.0

s13 U1l Entrance, El Aleti, Register 0,170 El Aleti 2458

sl Ul Entrance, Aydinlatma, Boya, Banyo, Register 0, 3, 5, 15, 0 Banyo 2640.0

userid departments durations departments purchased departments totals

session id

s73 u2 Entrance, Mutfak, Register 0,21,0 Mutfak 6479.0

s61 uz2 Entrance, Mutfak, Register 0.20,0 Mutfak 4139.0

549 u2 Entrance, Mobilya, Aydinlatma, Register 0,35,10,0 Mobilya, Aydinlatma 2939.0, 2349.0

s37 vz Entrance, Hirdavat, Register 0,27,0 Hirdavat 413.7

s25 U2 Entrance, Aydinlatma, Bahge, Mobilya, Mutf... 0, 3,7, 21,10, 0 Mutfak 11659.0

s2 u2 Entrance, Aydinlatma, Mutfak, Register 0,170 Mutfak 999.9

s14 u2 Entrance, Tesisat, Register 0,70 Tesisat 178.9
user id departments durations departments purchased departments totals

session id
s9 u9 Entrance, Bahce, Register 0,15,0 Bahge 80.97
s68 u9 Entrance, Nalburiye, Aydinlatma, Register 0,14.4.0 Nalburiye 459.9
s56 U9 Entrance, Aydinlatma, Boya, Banyo, Register 0, 5,7, 10,0
s44 ue Entrance, Yer Dégemeleri, Register 0,17, 0 Yer Dogemeleri 3995.0
532 us Entrance, Batarya, Register 0,7.0

s20 ue Entrance, Tesisat, Register 0.45.0 Tesisat 775.6

Figure 8. Input data regarding customers U1, U2 and U9

In the similarity matrix, the customer with the hightest
similarity with a given customer is shown in green. When we
examine the row for customer U1, we can see that U2 is the most
similar customer to U1. The second most similar customer to U1 is
U12. When we examine the dataset, we see that both Ul and U2
make high-volume purchases from ‘Mobilya’ and  ‘Mutfak’
departments and low-volume purchases from ‘Hirdavat’ department.
The following in-store department visit pattern is also common for
both customers:
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Entrance — Mutfak, Mobilya, Aydinlatma
Mutfak, Hirdavat — Register

The similaritty matrix indicates that U9 is the most distant
customer to U1. When the input data of both customers are analyzed,
it can be seen that U1l and U9 has no purchases from common
departments and their store visit patterns are quite different. The
input data for all these three customers is given in Figure 8.

We have used this similarity matrix to create clusters using
two clustering algorithms. As shown in Figure 9, Kmeans clustering
yields 4 clusters, and it can be seen that U1, U2, U12 and U6 have
been assigned to the same cluster.

[ vi [ wve [ we [ wa | ws [ wse | w | us [ we | wio | wu | w2 |

|inq)0 | Group 0 | Group 3 | Group 3 | Group 2 | Group 0 | Group 1 |Gruup3 | Group 3 ‘ Group 3 ‘ Group 1 0
Figure 9. Clusters created using the manual similarity matrix using
Kmeans

When we examine the input data regarding the participants
of Group 1, the input data shown that both of these customers have
spent time and made purchases in ‘Isitma’ and ‘Banyo’ departments.
We can also infer from the clustering results that Group 3 is the most
crowded group and it is composed of customers that mainly spend
time in ‘Bahge’ department and make purchasesi in that department.

Discussion

In this study, we aim at identifying customer segments of a
retailer store based on both customers’ in-store behavior data and
purchasing data. Although there are numerous studies that focus on
customer segmentation using purchasing data or user profile
information, there are only a few studies that utilize both customer
sequential in-store behavior data and purchasing data.

We propose a novel matrix representation that combines
sequential in-store behaviour data and purchasing data of the
customers. For each customer, a representative matrix is constructed
by taking into account the order of the departments visited by that
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customer, the duration of the visit at each department and the price
of the products that have been purchased at each department
Moreover, data regarding repeated visits of a customer are being
handled in this representation. This customer matrix representation
IS used to create customer by customer similarity matrix which is
then used in a clustering algorithm. Experimental results based on a
synthetic dataset reveal that this matrix representation that can
handle both sequential visit data and transaction data greatly
improves the quality of the created clusters.
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CHAPTER VI

Logo Generation Using Deep Generative Adversarial
Networks: A Comparison That Uses 1000 or Less
Training Epochs

Eren Ekrent?
Oguz Altun?

Introduction

Generative Adversarial Networks, or GAN for short, was
proposed by lan Goodfellow et al. (2016). Different data structures
such as sound, image, video, 3D object can be produced by
computers using this algorithm (Li and Yunsick 2021, Zhu et al.
2017, Kim et al. 2017, Karras et al. 2019, Smith and Meger 2017).
As can be seen in Figure 1, this algorithm consists of 2 artificial
neural networks, one generator and one parser. These 2 networks
work in a zero-sum game model. Therefore, the loss value in the
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generator network is equal to the gain value for the discriminator
network. A GAN system works as follows:

e The generative network generates a sample in space from
random noise input.

e The discriminator network detects whether this sample is
fake or real.

e Loss value for discriminator network equals to gain value for
generator network and also gain for discriminator network
equals to loss value for generator network.

e Thus, these 2 networks are trained at the same time by
conflicting with each other, and the generator network
becomes capable of producing samples in the desired
domain.

We trained these algorithms with the limited number of epochs
because most of the time, researchers are not able to get a high
computation system service and with the low profile computational
systems, it is not feasible to train with higher number of epochs.

Back Propagation: Maximize Error
Latent - Goneritor - Generator
Space Image ‘
Real
Discriminator ‘ or
Fake

Dataset » Real Back Propagation: Minimize Erroe

Image

Figure 1. GAN Architecture (Int Src. 1)

Logo and Its Importance for Brands

Logos play a significant role in the branding of companies. In
fact, commercial brands and logos have become like business cards
that help us identify products, services, and organizations (Kamile
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2016). Therefore, large companies are increasingly placing more
importance on logo designs. Additionally, on a freelance job site
called upwork.com, as of this writing, there are over 60,000 listings
for logo designers and more than 10,000 job postings requesting logo
designs.

Furthermore, in today's world, international brands are also
undergoing changes in their logo designs. Some of these brands are
shown in Figure 2.
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Figure 2. Change of Logo Designs of Global Brands (Int Src. 2)
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METHOD

In this section, related works with our research, the methods
we compared and the dataset we used are introduced.

Related Works

Oeldorf and Spanakis (2019) proposed a model named
LoGANvV2 which is based on StyleGAN. It has been shown that the
LoGANv2 model can generate visually appealing high-quality
logos. Due to its style-based conditioning structure, logos can be
generated based on customized styles or categories.

Sage et al. (2018) proposed a method for stabilizing GAN
training and gaining additional control over the generator output by
means of clustering. Using a dataset with more than 600 thousand
logos, the authors produced high quality logos that are visually
appealing and relevant to the brand. They also proposed a method
for manipulating the logos. They were able to change the colors of
the logos and the styles of the texts. It is thought that this proposed
method can lead researchers for logo production.

Radpour and Bheda (2019) proposed an architecture that
transforms text-to-image. They used that architecture for emoji
generation. They have achieved extremely successful results by
integrating word embeddings into the generator network and
conditioning the GAN network for these words. Since logo
production is also an image production problem, this structure,
which proposes a conversion from text to image, can also be used
for logo production.

Atarsaikhan et al. (2018) proposed that logo production can be
done using the neural style transfer architecture. In this work, a cost
function is proposed so that the structure in the sketch image is not
lost while transferring the style. This aimed to prevent the loss of the
content of the applied picture, which is one of the problems in style
transfer. In the results, it was observed that this structure was
successful and visually interesting logos were produced. In addition,
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they have added a new approach to the neural style transfer by
preserving the content of the original image.

Xu et al. (2021) proposed an architecture that they named
DRB-GAN, which applies the style in image to the target image.
They used the Dynamic ResBlock (DRB) structure to apply the style
to the target image. The DRB structure is designed to adapt to
different styles, and with the normalization layer, it is aimed to
prevent the overfitting of styles. One of the negative aspects of this
structure, which can produce visually interesting results, is the high
cost of processing. Promising results have been obtained for style
transfer. It has the potential to be a powerful tool for designers.
Based on this, we predict that if logo production is defined as a style
transfer problem, this architecture can be used in logo production.

Yang et al. (2019) proposed a method, which is called as
Shape-Matching GAN, for transferring the style of a source image
to a target text in a controllable manner. Shape Matching-GAN
architecture consists of two components, a shape matching module
and a scale-controllable module. The shape matching module
extracts shape features from both style and target image. Then uses
these features to learn the mapping for shape matching in
bidirectional way. On the other hand, scale controllable module is
used for controlling the style of the target text. The proposed method
was evaluated on several datasets and managed to show that it can
generate high quality text images. Also the proposed method is able
to control the style of the target image.

Shen et al. (2018) proposed a method which transfers style via
meta networks. Instead of stochastic gradient descent, these meta
networks can be used for generating the near optimal network for
neural style transfer. One of the most impressive feature of this
method is that, unlike traditional methods, meta network requires
only one network to train for style transfer.

Shu et al. (2021) proposed a method called MS-CartoonGAN
which can transform photos to multiple cartoon styles. They
proposed three loss functions and those functions are used to retain
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semantic content and recover flat shading in different abstract levels,
producing fine edges and enhancing the difference between output
cartoon styles. In particular, MS-CartoonGAN improves upon
CartoonGAN, which is used for single style transfer. This method is
able to generalize the cartoonization task in multiple styles with a
single training process while single style CartoonGAN needs to be
trained for multiple times.

Lin et al. (2021) introduces a technique to enhance the
detection of vehicles in low-light nighttime conditions. Authors
recommend a GAN based method for transforming nighttime images
to daytime images in terms of lighting. These transformed images
are used as input to a vehicle detection algorithm. That leads to
improved detection accuracy compared to conventional methods that
operate directly on the original nighttime images.

Zeng etal. (2021) proposed a GAN based method, AOT-GAN,
for image inpainting problem. Their results show that, AOT-GAN
method is able to improve by allowing to capture both informative
distant contexts and patterns of interest for large missing regions.
The discriminator network is improved by mask prediction task
which helps to generate better textures for the generator network. On
the other hand, the mask selection is remained a limitation for that
work. Authors have used user specified masks or masks that
generated by model. This is because automatic object segmentation
is still a challenging problem. In general, results show that they have
managed to perform visually well on image inpainting problem.

Dataset

In this study, Large Logo Dataset (Int Src. 3) was used as the
dataset. This dataset, which contains 122980 logos in total, consists
of 64x64 and 400x400 resolution logo images. An example image of
20 logos of the dataset is given in Figure 3.
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Figure 3. 20 Different Logos from the Large Logo Dataset

10000 of these 122980 images were used for the training set.
In addition, these 10000 images have been reduced to 64x64
resolution in order to reduce the cost of computation and storage.

Edge detection algorithms used for the sketch transforming
process. Then, the resulting image was converted to negative colors
and an artificial sketch was obtained. This approach is one of the
unique aspects of our study and it is thought that this approach can
be applied on other images to obtain artificial sketching.

In this context, 3 different edge detection algorithms were
tested. These are Canny Edge Detection, Sobel Edge Detection and
Laplacian Edge Detection algorithms. When the results are
examined visually, the Canny Edge Detection algorithm gave more
consistent results than the other 2 algorithms. In Figure 4, we showed
that the results of these algorithms.
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Normal Image Canny Laplacian Sobel

Figure 4. Comparison of Edge Detection Algorithms

Compared Methods

In this section, we introduce the methods we used in our
comparisons.

CycleGAN was proposed by Jun-Yan Zhu et al. (2017). In this
architecture there are 2 generator networks and 2 discriminator
networks. These generative networks aim to learn the match between
an input image and an output image by using matched images from
2 different domains. The basis of architecture is the hypothesis that
if an image in domain one is converted to another domain and then
converted back to its own domain, the same image should be
obtained. The authors called this as the cycle-consistency loss,
however, they also applied the adversarial loss value for both the
generator and the discriminator network. In Figure 5, the architecture
of CycleGAN is given.
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Figure 5. CycleGAN Architecture Shown in Article (Jun-Yan Zhu
et al. 2017)
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DiscoGAN was proposed by Kim et al. (2017) and has similar
architecture to CycleGAN. Just like in CycleGAN, there are 2
generator networks and 2 discriminator networks. The generator
network architecture and loss function are different from each other.
In the DiscoGAN architecture, the reconstruction loss corresponds
to the cycle-consistency loss in CycleGAN. Differently, this loss is
calculated separately for both networks (Int Src. 4). In Figure 6, the
architecture of DiscoGAN s given.

LC()NSI'E

Figure 6. DiscoGAN Architecture Shown in Article (Kim et al.
2017)

Karras et al. (2019) proposed StyleGAN2 which is based on
the GAN architecture. This architecture was presented as an
enhancement to StyleGAN. In StyleGAN2, the generator network
architecture can be examined in two parts as the Mapping Network
and Synthesis Network. The mapping network takes the random
input vector and maps it to a hidden space called the latent space.

Latent space helps to control various features of the generated image
—-134--



such as pose and facial expression. In latent space, the input is
transformed into an intermediate latent code, passing through fully
connected layers. The synthesis network translates this latent code
into an output image. So the desired resolution is obtained by
upsampling the hidden code gradually from multiple convolutional
layers. This feature is the key innovation in StyleGAN2, where the
generating network starts with low resolution and gradually adds
details to high resolution. This technique is called progressive
growing technique.

Van Den Oord et al. (2016) proposed PixelCNN which is not
a GAN architecture. Since this architecture produces each pixel
individually while generating the image, the computation cost is
higher than GAN networks. At its core, PixelCNN is a generative
model that learns to predict the probability distribution of pixels in
an image.

PixelCNN, which is an autoregressive model, each pixel is
estimated based on the values of the predicted pixels. An
autoregressive model is a statistical model used to predict the value
of a variable based on its previous values. It assumes that the current
value of the variable is related to its past values. Autoregressive
models are commonly used in time series analysis to forecast future
values based on historical patterns.

Gatys et al. (2015) proposed Neural Style Transfer approach.
This approach is a technique to create content of one image with the
style of another. The authors proposed using deep neural networks
to separate and recombine the content and style representations of
images. The method works by first extracting features from the style
and content images using a convolutional neural network. These
features are then used to calculate a loss function that is minimized
to create a new image that has the desired style and content. The
method has been used to create a wide variety of artistic images,
including paintings, sculptures, and cartoons. It has also been used
to create new forms of art, such as "deepdreams" and "neural
doodles”.
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Figure 7. An Example of Deep Dream (Int Src. 5)

RESULTS

In this section, visual results of StyleGAN, CycleGAN,
DiscoGAN, PixelCNN and Neural Style Transfer architectures are
given.

CycleGAN, DiscoGAN and PixelCNN algorithms are trained
for 1000 epochs.

StyleGAN architecture trained for 1000 kimg. Kimg is a
parameter for StyleGAN which defines training duration in
StyleGAN architecture.

Neural Style Transfer architecture is trained for 300 steps for
each test image.

We used official implementations that are found on GitHub for
each algorithm (Int Src. 6,7,8,9). Exceptionally, we used Neural
Style Transfer implementation from PyTorch (Int Src. 10).
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Figure 8. Results for StyleGAN
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Figure 11. Results for PixelCNN
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Figure 15. Results for Sketch Logo Generation with CycleGAN
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Figure 16. Results for Sketch Logo Generation with DiscOGAN

Discussions

Upon examining the results, for generating colored logos, it is
observed that the StyleGAN architecture achieved the most
successful results. The PixelCNN architecture, on the other hand,
emerged as the least successful. The CycleGAN and DiscoGAN
architectures showed a high degree of similarity to each other. The
results we obtained also serve as evidence of how closely these two
architectures perform. In addition, the outputs for sketch logos,
which are the auxiliary domains for CycleGAN and DiscoGAN, are
also provided but, these results are not as good as colored ones.

The Neural Style Transfer approach is fast and the results show
that it is really effective.

Besides high quality results, the StyleGAN architecture also
provides a conditioning mechanism which serves to control the
attributes of the generated image such as color, shape and pose. This
feature makes StyleGAN superior to other architectures.
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CONCLUSION

Logo generation is currently a difficult problem because it is
not possible to give an exact description of a good logo. Sometimes,
a simple design stands out, while sometimes the details make the
logo beautiful. In addition, with the development of GAN networks,
it has become possible to have computers generate images. In this
study, we examined popular GAN architectures to produce logos.
Our results show that GAN networks are successful in generating
logos.

One of the reasons why the PixelCNN architecture did not
achieve successful results is that this architecture generally achieved
successful results for high resolution images. Since we used 64x64
images in the dataset, we think that the results are not visually
interesting for PixelCNN. Besides, the other 3 GAN architecture-
based algorithms produced visually satisfactory results. Also, the
Neural Style Transfer approach is simple and effective but clearly,
StyleGAN is the most successful among them.

Therefore, we think that GAN networks can be used in
computer logo production as well as as an auxiliary tool for
professional designers.

On the other hand, our results show that CycleGAN and
DiscoGAN is not that effective in generating sketch logos. In the
CycleGAN paper, they managed to generate edges to shoes job in 5
epochs which is similar to our work. We think that we couldn’t able
to manage meaningful sketches because the generalization of logos
is somehow harder than the shoes.

Also epoch size is a limitation for our work. We think that if
models are trained with higher number of epochs, they will manage
to generate more aesthetic logos.

As for the improvements that can be made in the study, our
recommendation for researchers who aim to work on this subject
would be to train the models with more images and to train them
using logo images with a higher resolution (for example, 512x512)
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instead of 64x64 resolution. We think that the bad results, especially
in the PixeICNN network, are due to this.
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CHAPTER VII

The Evaluation Of Machine Learning Algorithms And
Gam Performance For Early Diagnosis Of Breast
Cancer

Muhammet Serdar BASCIL!
Ali YASAR?
Taloutou Yari DRAMANE?

Introduction

Breast cancer was firstly identified by the Egyptians 3000
years before Christ and it is a very old disease (Rayter & Mansi,
2003). It is the most common worldwide cancer and it is in the first
place of cancer-related deaths for the women. This disease affects
individuals disproportionately more in low- and middle-income
countries. In high-income countries while five-year survival rates
exceed 90% in India and South Africa it is 66% and 40%

! Do¢.Drx., Seleuk University, https://otcid.org/0000-0002-6327-854X
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respectively. According to the Global Breast Cancer Initiative
(GBCI) obijective in 2021, reducing breast cancer deaths by 2.5%
per year and saving 2.5 million human lives over a period of 20 years
has been determined (WHO, 2023). Breast cancer is classified as
benign and malignant according to pathological examination and
radiological features. For distinguish tumors, mechanisms are
needed to help doctors because in some cases, the difference between
benign and malignant is contradictory. Therefore, with the help of
automatic diagnosis systems the classification of tumors can be
facilitate.

Today, with the rapid development of technology, in the age
of artificial intelligence, there are studies to early diagnosis of breast
cancer and classify it as benign and malignant. So, many researches
and studies and various methods have been developed over the years.
The most notable of these works can be explained as following.
Borges (Borges, 1989) examined the wisconsin breast cancer dataset
and machine learning for breast cancer detection. Wolberg, Street &
Mangasarian (Wolberg, Street & Mangasarian, 1994) studied on
machine learning techniques to diagnose breast cancer from image-
processed nuclear features of fine needle aspirates. On the other
study of them (Mangasarian, Street, & Wolberg, 1995), they
proposed breast cancer diagnosis and prognosis via linear
programming. Pena-Reyes & Sipper (Pena-Reyes & Sipper, 1999)
applied a fuzzy-genetic approach to breast cancer diagnosis. Kiyan
& Yidirrm (Kiyan & Yildirnm, 2004) used statistical neural
networks. West et al. (West, Mangiameli, Rampal, & West, 2005)
studied on ensemble strategies for a medical diagnostic decision
support system. Polat & Giines (Polat & Giines, 2007) studied on
least square support vector machine. Sahan et al. (Sahan, Polat,
Kodaz, & Giines, 2007) designed a new hybrid method based on
fuzzy-artificial immune system and k-nn algorithm for breast cancer
diagnosis. Paulin & Santhakumaran (Paulin & Santhakumaran,
2010) investigated back propagation neural network by comparing
hidden neurons on breast cancer diagnosis. Rani (Rani, 2010) tested
parallel approach for diagnosis of breast cancer using neural network
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technique. Lavanya & Rani (Lavanya & Rani, 2011) analyzed breast
cancer datasets for feature selection with classification. Salama,
Abdelhalim & Zeid (Salama, Abdelhalim & Zeid, 2012) tested three
different datasets based on multi-classifiers. Zheng, Yoon & Lam
(Zheng, Yoon & Lam, 2014) used a hybrid machine learning
algortihm with K-means and support vector machine. Vig (Vig,
2014) worked on comparative analysis of different classifiers for the
Wisconsin breast cancer dataset. Nilashi et al. (Nilashi, Ibrahim,
Ahmadi, & Shahmoradi 2017) presented a knowledge-based system
for breast cancer classification using fuzzy logic method. Yue et al.
(Yue, Wang, Chen, Payne & Liu, 2018) proposed machine learning
with applications in breast cancer diagnosis and prognosis. Wang et
al. (Wang, Zheng, Yoon & Ko, 2018) presented a support vector
machine-based ensemble algorithm for breast cancer diagnosis. Rao
et al. (Rao, Shi, Rodrigue, Feng, Xia, Elhoseny & Gu, 2019)
presented a feature selection method based on artificial bee colony
and gradient boosting decision tree. Chaurasia & Pal (Chaurasia, &
Pal, 2020) examied diffrent applications of machine learning
techniques to predict diagnostic breast cancer. Chang & Chung
(Chang & Chung, 2020) studied on classification of breast cancer
malignancy using machine learning mechanism. Lahoura et al.
(Lahoura & et al. 2021) presented cloud computing-based
framework for breast cancer diagnosis using extreme learning. Zhou
(Zhou, 2022) examined breast cancer diagnosis with machine
learning. Monirujjaman et al. (Monirujjaman, Islam, Sarkar, Ayaz,
Kabir, Tazin & Almalki, 2022) explained machine learning based
comparative analysis for breast cancer prediction. Elsadig, Altigani
& Elshoush (Elsadig, Altigani & Elshoush, 2023) presented a
comparative study on breast cancer detection using machine learning
approaches. Yavuz, Calp & Erkengel (Yavuz, Calp & Erkengel,
2023) predicted breast cancer using machine learning algorithms on
different datasets.

The decision support systems for doctors are still developing
rapidly today. These systems are very important for early diagnosis
of diseases. The aim of this study is to compare the performances of

-149--



the most successful machine learning methods in the literature and
Generalized Additive Models (GAM) using WDBC data set and
show the advantages of the GAM model in breast cancer diagnosis
and to provide a new perspective to the literature. For this reason,
machine learning algorithms have used for early diagnosis of breast
cancer and the performance of GAM (Generalized Additive Model)
has evaluated. PCA is used for dimension reduction with the help of
R programming language, and the performance of GAM model was
compared with the most successful classification algorithms in the
literature such as RF, SVM, ANN. As a result, the best accuracy rate
98.18% was achieved with the GAM model. According to this result,
the GAM model can easily compete with other popular methods
through its flexibility. Therefore, this study shows that it can be used
as an auxiliary tool for doctors to provide more stable results for
early diagnose breast cancer.

Materials And Methods

The data set in this study is called Wisconsin Diagnostic Breast
Cancer (WDBC). This data set was created by Dr. William H.
Wolberg from the University of Wisconsin in 1995 and it is located
in the Machine Learning Repository database at the University of
California-Irvine. The WDBC data set consists of 569 samples and
30 cytologic features, including 357 benign and 212 malignant
samples. More detailed information is available in (Uci, 2023).

Feature Extraction Method

Principal Component Analysis (PCA) is one of the most
preferred dimension reduction techniques in the literature.
Therefore, for the dimensionality reduction process of the WBCD
data set in this study, PCA method is used to produce faster results
and provide ease of operation with GAM model. In this process, 30
attributes were reduced to 8 determining features. There are example
studies of dimensionality reduction applied to the WBCD data set
(Li & Liu, 2010; Sahu, Mohanty & Rout, 2019) and detailed
information for PCA can be accessed in (Goriir et al., 2018).
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Figure 1. Principal Component Analysis (Geeks, 2023-1)

Machine Learning Algorithms

There are many machine learning algorithms available in the
literature and it is impossible to state which of these algorithms has
better performance than the others. In general, the performance of
algorithms may depend on the data set. Therefore, in this study, some
of the best performing algorithms applied on the WDBC dataset in
the literature were targeted (Telsang & Hegde, 2020; Ara, Das &
Dey, 2021; Ates & Bilgin, 2021; Yadav, Singh & Kashtriya, 2023).

Random Forest (RF)

Random forests are a combination of tree predictors such that
each tree depends on the values of a random vector sampled
independently and with the same distribution for all trees in the
forest. In general, the Breiman's random forest algorithm used for
classification and regression is called random forest. This algorithm
is based on original Fortran code by Breiman (Breiman, 2001).
Random forest is attractive from numerical perspective because it is
relatively fast to train and predict, depends on only one or two tuning
parameters, can be used directly for high-dimensional problems, and
can be easily implemented in parallel. Statistically, this algorithm
has some important characteristic such as missing value imputation,
data visualization, outlier detection and unsupervised learning

(Cutler, Cutler & Stevens, 2012). The structure of RF is shown in
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figure 2. In this study, the model is developed using the
randomForest library according to default parameters. As a result,
classification accuracy obtained with this model is 94.12%.
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Figure 2. Random Forest Structure (Rao et al., 2019)

Support Vector Machines (SVM)

SVM was proposed as a new classification technique by
Vapnik et al. in 1995. This technique is among the supervised
learning algorithms in machine learning and is becoming a very
well-established tool. This algorithm has high performance in
practice and can be used for regression (value estimation) or
classification problems (Geeks, 2023-2). In general, with the help of
hyperplanes, the SVM algorithm divides the data points into N
different groups. SVM algorithm can solve linear and non-linear
problems, and its structure is shown in Figure 3. Here with the e1071
library the model is developed using default parameters. According
to the result the model performs well with an accuracy rate 92.75 %.
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Artificial Neural Network (ANN)

Acrtificial Neural Network (ANN), consists by creating a large
network of connections between constructed neurons to mimic the
type of learning performed by the human brain (Pawlus & Devine,
2020). Therefore, artificial neural networks, with their extraordinary
capabilities, can be used to extract patterns and detect trends that are
too complex to be noticed by humans or other computer techniques,
and to extract complex or imprecise meanings in data (Gayathri,
Sumathi & Santhanam, 2013). ANN has a feed-forward design and
is created in separate layers. Therefore, the feed forward neural
network model was preferred in this study. In general, the input layer
in ANN consists of a collection of input units that accept vectors of
input elements. The response is provided by the output layer to the
activation model applied to the input layer. That is, data fed into a
neural network is passed from layer to layer, from the input layer to
the output layer, through one or more hidden layers. Therefore, in
this study, using the "neuralnet” library, 8 input neurons in the
model are connected to 2 pieces of 15 hidden layers, while they are
completely connected to 2 output neurons. As a result, the
performance of the model was obtained with 97% accuracy.
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Generalized Additive Models (GAM)

Generalized Additive Models, developed by Hastie and
Tibshirani (Hastie & Tibshirani, 1990), uses linear smoother
methods to estimate the multiple regression function and it is a non-
parametric variant of the traditional Generalized Linear Models
(GLM). The structure of the model is given as in equation (1)

flu) = X760+ g1(x1) + g2(x20) + g3(x35,%4; ) +--- (1)

w; =E(;) and Y; is the dependent variable with
exponential family distributions,

X; is a row of the model matrix for any strictly parametric
model components,

6 is the corresponding parameter vector,
g; are smooth functions of the covariates,

f is the link function.
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One of the particularity of GAMs is its flexibility. Instead of
parametric partial, only smoothing functions can be used and the
new structure of the model can also be expressed in equation (2)

p
F) = a+ ) g;(g)+e )
j=1

This flexibility has two property in the literature. The first is,
represent the linear smoothing function and the second is the select
of the optimal smoothing degree (Wood, 2017). GAM models use
local regression, kernel regression, regression spline and smoothing
spline approaches to estimate regression function in the literature.
The purpose of GAM models is to estimate simultaneously the g;
functions non-parametrically. In the cases where individual
nonlinear forms or strong interactions exist in the model, these
functions could not be fitted well. Therefore, if the number of
variables is sufficient, gs;(x3;,x4;) form can be considered
(Faraway, 2016). For each g; different smooth can be used in the
model.

In the R programming language, GAM models are estimated
with the "backfitting™ algorithm using the gam library, while they
are estimated with the “likelihood” algorithm using mgcv library.
Detail information about GAM models is available in (Friedman &
Stuetzle, 1981; Faraway, 2016; Dramane, 2022). The choice of
smooth functions is free to the researchers. In this study, the mgcv
library was used and the performance of the model is very successful
with high classification accuracy 98.18%. With the large interaction
between the explanatory variables isotropic smooths were preferred.
That was the main raison to enhance this classification accuracy.

Performance Metrics

In general, the performance of machine learning algorithms is
evaluated using the performance metrics such as accuracy,
sensitivity, specificity, precision and F1-score values.
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Accuracy

Accuracy is the measure of prediction made by algorithms and
means classification accuracy. It is given in (3).
(TP +TN)
(TP + TN + FP + FN)

(3)

Accuracy =

Here, TP means True Positive, FN means False Negative, FP
means False Positive, and TN means True Negative.

Sensitivity

It is the ratio of positive cases evaluated to be malignant by the
algorithm divided by all positive cases that actually occurred, or the
fall-out rate, which is the ratio of negative cases incorrectly
evaluated as positive by the system divided by all actual negative
cases. In general, it is calculated as in (4).

(TP) (FP)
TP+ FN) " (FP+ TN)

4

Specificity

Specificity means how much actually negative values
predicted negatively and is given in (5)
(TN)
(TN + FP) (5)

F1-Score

One of the more successful metric especially compared to
accuracy is F1-Score. It shows the harmonic mean of the precision
and sensitivity and it is given in (6).

(2TP)
(2TP + FP +FN)

(6)

-156--



Results And Discuccion

The classification accuracies obtained in this study and the
results of some studies in the literature are detailed respectively in
Table 1 and Table 2. According to Table 1, each classifier performs
very well, over 90%. Among the selected classifiers, the GAM
model has the most successful performance.

Table 1. Classification Results

Methods | Accuracy Sensitivity Specificity F1 Score
(%) (%) (%) (%)
RF 92.73 96.97 86.36 94.12
SVM 90.91 96.97 81.82 92.75
ANN 97.27 96.97 97.73 97.71
GAM 98.18 98.48 97.73 98.48

GAM model provides the best results among all classifiers
according to the examination of the performance metrics as seen in
Table 1.

Various methods and the classification accuracies of these
methods in the literature are shown in Table 2 and it is clear that the
performance of these methods is above 90%. Among these studies,
the best performance was achieved by Paulin and Santhakumaran
(2010) as 99.28%. In the relevant study, it was observed that
classification accuracy was achieved with all attributes, that is, no
dimension reduction method was used. Dimension reduction process
was preferred in this study because it is an application that facilitate
the system to provide faster results. Therefore, in this study, the best
performance was achieved as 98.18%, with GAM, by reducing the
size from 30 attributes to 8 features. With the help of smoothers,
GAM model solves the overfitting problem. it is also powerful in
extracting linear or non-linear relationships between explanatory
variables and response variables.

In addition, by using R Studio software the new way was
followed for all classification methods in the study and the
classification accuracy obtained is at a quite sufficient level. The
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examination of Table 2 shows that the performance of this study is
among the top 7 rankings. Therefore, the GAM method is a flexible
modeling technique that can simply compete with other popular
methods. Although increasing the performance of different methods
for breast cancer the development of algorithms is still continuing.

Table 2. Classification Results

Study Methods Accuracy
(%)
Mangasarian et al. MSM-T + Pre-Proc 97.50
(1995)
Pena-Reyes and Sipper Fuzzy-Genetic 97.80
(1999)
Kiyan and Yildirim GRNN 98.80
(2004)
Zafiropoulos et al. SVM 90
(2006)
Sahan et al..(2007) Fuzzy+KNN 99.14
Chang et al. (2020) Support Vector Machine (SVM), 98.5
Logistic Regression, Decision Tree,
Random Forest, and Deep Neural
Network (DNN)
Polat and Giines (2007). LS-SVM 98.53
Paulin and Back propagation for MLP 99.28
Santhakumaran (2010)
Dr.K .Usha rani(2010) Feed forward, Back propagation 92
Lavanya and Usha rani ( Feature selection Technique 94.72
2011)
Borges LR (2015) Bayesian Networks, J48 97.80
Salama et al. (2012) J48, MLP,NV,SMO,IBK 97.71
Vig, L. (2014). NB, RF, SVM ve ANN 95.64
Zheng and rak.(2014) hybrid of K-means and support 97.38
vector machine (K-SVM)
Yue, et al. (2018). ANN ve SVM 97.36
Wang et al. (2018) WAUCE 96.68
Sahu et al. (2019) PCA and ANN 97.0
Rao et al. (2019) Artificial Bee Colony and Gradient 97.9
Boosting Decision Tree
Telsang and Hegde NB,RF,Logistic Regression(LR), 96.25
(2020) SVM, K- Nearest Neighbor
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Chaurasia and Pal (2020) Statistical Feature Selection 95.17
Technique and stack ensemble of
multiple ML classifier
Ibrahim and Bilgin Naive Bayes(NB), Decision Trees 96.5
(2021). ve ANN
Araetal. (2021) SVM ve Random Forest(RF) 96.5
Lahoura et al. (2021) ELM 98.68
Monirujjaman et al. Random Forest, Logistic 98
(2022) Regression, Decisin Tree and K-
Nearest Neighbor
Zhou, Z. (2022). logistic regression 96.5
Elsadig et al. (2023) MPL, SVM ve Stack 97.7
Yavuz et al. (2023) RF 98
This Study RF 92.73
SVM 90.91
ANN 97.27
GAM 08.18
Conclusion

The performance of the GAM model and machine learning
algorithms such as RF, SVM and ANN for the classification of breast
cancer as benign or malignant with the performance of previous
studies in the literature are compared in this study. In data pre-
processing, the PCA method was used to select more efficient
features and with these features, GAM model has achieved a very
high classification accuracy of 98.18% in predicting benign or
malignant tumors. Therefore, GAM model produces very successful
results compared to the results of popular machine learning
algorithms. Through to its flexibility it can optimize convergence by
revealing hidden patterns in the data. To provide higher
performance, classification can be done with raw data such as studies
in the literature, but in this case, classification time and data size will
increase. From 30 attributes to 8 components with an accuracy rate
of 98.18% can be seen as an additional advantage of the study. In
addition, R Studio software was used first on the same subject in the
literature owing to this study and a different perspective was given
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to the literature. As a result, this study has shown that an auxiliary
decision support system can be provided for doctors to provide more
stable results for the early diagnosis of breast cancer.
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CHAPTER VIlII

A Multifaceted Machine Learning Approach to
Predicting Drought: Insights from Soil and Air Data
Analysis

Pimnar KARADAYI ATAS!

Introduction

One of the most difficult problems facing our world today is
drought, a persistent and slowly developing natural disaster that has
a significant impact on the soil, water, and atmosphere in the areas it
affects. The United States alone has suffered damages worth billions
of dollars as a result of this phenomenon, which has been especially
harmful to economies around the globe. Drought is classified into
three distinct categories in scientific literature: hydrological,
agricultural, and meteorological droughts. Extended stretches of
time during which precipitation is noticeably less than average are
referred to as meteorological droughts.

I Department of Computer Engineering, Istanbul Arel University, 34537,
Buyukcekmece, Istanbul, Turkey
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In order to track and forecast drought conditions, the creation of
drought indices has been a major field of study since the 1960s.
Rainfall, evapotranspiration, streamflow, groundwater level, and
runoff are just a few of the meteorological and hydrological factors
that these indices are dependent on. One of the many drought indices
that has been proposed is the Standardized Precipitation Index (SPI)
by (McKee et al., 1993), which is notable for its widespread use of
drought measurement. Studies (Abd Alraheem et al., 2022)
demonstrate how much attention this specific index has attracted
from the scientific community.

A number of hydrological parameters that were previously
unknown were derived from the SPI framework and are now widely
used in drought monitoring and assessment. These include the
Standardized Groundwater Level Index (SGI) (Babre et al., 2022),
the Standardized Runoff Index (SRI1) (Kubiak-Wdjcicka et al., 2021,
Salimian et al., 2021), the Standardized Streamflow Index (SSI)
(Aghelpour et al., 2021; Shamshirband et al., 2020), and the
Standardized Hydrological Drought Index (SHDI) (Nabipour et al.,
2020). Every one of these indices makes a distinct contribution to
our comprehension and handling of drought conditions.

Strong comparability across time and space is another
important feature of these indices (Achite et al., 2022; Jehanzaib et
al., 2021). In their attempts to comprehend, forecast, and lessen the
effects of droughts, policymakers, researchers, and environmental
managers will find these indices to be invaluable resources due to
their ability to consistently and reliably compare drought conditions
over time and between various regions. Their capacity to offer a
consistent gauge of the severity of the drought facilitates efficient
decision-making and communication in relation to drought
management and relief activities.

Numerous factors contribute to these indices' popularity and
broad adoption. Above all, they are primarily able to assess and

monitor drought conditions in a variety of time periods and
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geographical locations. This adaptability is essential given the
changing regional climates and the global context of climate change.
Furthermore, these indices need little in the way of data inputs,
which is a big plus in areas where thorough data collection is
difficult.

A severe impact on agriculture is caused by an inadequate
supply of water to meet crop needs, which is known as an
agricultural drought. According to Wilhite et al.'s 1985 investigation,
a hydrological drought occurs when precipitation is consistently
reduced over an extended period of time, resulting in a decline in
surface and subsurface water resources(Wilhite & Glantz, 1985).

Periods of low river flow are particularly characteristic of
hydrological drought. It's important to realize, though, that not every
situation involving reduced river flow qualifies as a hydrological
drought. Extended periods of low river flow are linked to
hydrological drought, according to numerous researchers
(Yevjevich, 1967). Significant changes in climate variables have
been more closely associated in recent years with anomalous
occurrences such as droughts and floods. This relationship was
highlighted by (KANDRA & GOMBOS, 2008), underscoring the
growing concern in the field of climatology.

The 2018 European drought is a prime example, resulting in
severe crop shortages and destructive forest fires. Germany alone
suffered damages estimated to be worth hundreds of millions of
euros, according to the Federal Ministry of Food and Agriculture.

According to research conducted by (Spinoni et al., 2016)
global warming is a key factor in this scenario since it both increases
the frequency and severity of such events. For the sake of future
generations, this growing threat demands a thorough understanding
of drought phenomena, particularly with regard to prediction and
mitigation techniques.

The study (Hao et al., 2018) is noteworthy in the field of
drought prediction. By looking at seasonal drought predictions, they
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were able to pinpoint two major categories of predictive variables:
large-scale climate indices and atmospheric-ocean circulation
models. Given their inherent relationship to the beginning and
development of droughts, these variables are essential to
comprehending regional precipitation patterns.

In terms of drought prediction, machine learning (ML)
advancements offer hope. A branch of artificial intelligence called
machine learning (ML) is skilled at finding underlying patterns with
little input. According to (Mosavi et al., 2018), its benefits over
conventional learning tools include quicker training, testing, and
evaluation in addition to less expensive computing.

Mathematical models are just as important for accurate
drought prediction as physical models. The literature has a plethora
of mathematical models for predicting droughts. As reported by
(Cutore et al., 2009), one noteworthy instance is a study conducted
in Sicily, Italy, where artificial neural networks were utilized to
predict Palmer Drought Severity Index values using large-scale
climate index values. This study and others, such as the one by (Kim
& Valdés, 2003), show how well artificial neural networks work
when combined with other methods, such as wavelet transformation,
to improve prediction accuracy.

The study (Belayneh et al., 2016) provides more evidence of
machine learning's efficacy in this area. They used neural networks
and machine learning algorithms, and they discovered that models
based on neural networks performed worse than those that used
Support Vector Machines (SVM) algorithms.

Data from the US Drought Monitor and a dataset from Kaggle
(https://droughtmonitor.unl.edu/) are the main sources of
information used in this article's discussion of drought prediction in
the US. The Python programming language was used to conduct the
programming for this study, demonstrating its adaptability and
capacity to handle intricate data analysis and environmental science
predictive modeling.
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Dataset

The classification of drought prediction in this study was done
using a drought prediction dataset that was made available on the
Kaggle platform and included soil and air data. Subsets of the dataset
are separated for testing, validation, and training. Our goal is to
attempt drought prediction using only the test dataset. This test
dataset has 2,271,948 records total and includes 22 different features.
Table 2 lists these attributes, as can be seen below.

The National Drought Mitigation Center at the University of
Nebraska-Lincoln, the National Oceanic and Atmospheric
Administration, the United States Department of Agriculture, and
the U.S. Drought Monitor collaborated to create the dataset. It uses
data from the Harmonized World Soil Database, which was created
in 2008 by G. Fischer, F. Nachtergaele, S. Prieler, HT van
Velthuizen, L. Verelst, and D. Wiberg. This database is a component
of the Global Agro-Ecological Zones Assessment for Agriculture
(GAEZ 2008), which is carried out by the FAO in Rome, Italy, and
IIASA in Laxenburg, Austria.

This dataset's classification is based on six levels of drought
severity, which include five additional levels of drought severity as
shown in Table 2 and a category for the absence of drought, which
is not included in the dataset. The purpose of using this dataset is to
use machine learning regression models with air and soil data to
create a reliable and efficient model for drought prediction. It is
anticipated that this method will improve drought forecasting's
precision and dependability, making a substantial contribution to
environmental science and strategies for mitigating climate change.

This dataset's data comes from the NASA Earth
Sciences/Applied Sciences Program-funded NASA Langley
Research Center (LaRC) POWER Project.
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Table 1. Dataset Features and Descriptions

No Feature Name Feature Description

1 WS10M_DK Minimum Wind Speed at 10
Meters (m/s)

2 QV2M Specific Humidity at 2 Meters
(9/kg)

3 T2M_ARALIK Temperature Range at 2
Meters (°C)

4 WS10M Wind Speed at 10 Meters (m/s)

5 T2M Temperature at 2 Meters (°C)

6 WS50M_DK Minimum Wind Speed at 50
Meters (m/s)

7 T2M_MAX Maximum Temperature at 2
Meters (°C)

8 WS50M Wind Speed at 50 Meters (m/s)

9 TS Soil Surface Temperature (°C)

10 WS50M_RANGE Wind Speed Range at 50
Meters (m/s)

11 WS50M_MAX Maximum Wind Speed at 50
Meters (m/s)

12 WS10M_MAX Maximum Wind Speed at 10
Meters (m/s)

13 WS10M_RANGE Wind Speed Range at 10
Meters (m/s)

14 PS Surface Pressure (kPa)

15 T2MDEW Dew/Frost Point at 2 Meters
(°O)

16 T2M_DAK Minimum Temperature at 2
Meters (°C)

17 T2M_MAX Maximum Temperature at 2
Meters (°C)

18 T2MWET Wet Bulb Temperature at 2
Meters (°C)

19 PREKTOT Total Precipitation (mm/day)
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Tablo 2. Drought levels and their expansion

Catego Description & Possible Impacts

DO Abnormally Dry

D1 Moderate Drought
D2 Severe Drought

D3 Extreme Drought
D4 Exceptional Drought

Data Preprocessing

During the preprocessing phase of the dataset, a preliminary
univariate analysis was carried out to investigate the frequency
distribution of every feature. Understanding the general structure
and trends of the data required a thorough examination of each
individual attribute and its distribution in this step. The next step in
the procedure was to find outliers, or values that significantly deviate
from the general pattern of the data. Such values need to be handled
carefully because they have the potential to greatly impact the
outcomes of further analyses.

Furthermore, the distributions of the categorical data were
examined with respect to their scores. The distribution of scores over
the course of the years and days was then examined using pie charts,
as shown in Figures 3, 4, and 5, respectively. The temporal features
of the data were intuitively understood thanks to these visual
representations, which also made any potential seasonal or periodic
patterns clear.
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DAY
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Figure 1. Pie chart representation of the Day attribute according
to Score

YEAR

2019

score

2020

Figure 2. Pie chart representation of the year attribute

according to Score
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Figure 3. Correlation Matrix representation between independent
data for feature selection.

A correlation analysis among the independent variables was
used to approach feature selection, a crucial step in the preprocessing
of data, as shown in Figure 6. The objective of this analysis was to
identify any noteworthy correlations among the features that could
contribute to the predictive capacity of the model. For example, as
Figure 6 illustrates, the relationship and fluctuation between QV2M
(specific humidity at 2 meters) and T2M (temperature at 2 meters)
were specifically investigated. Comparably, Figure 7 examined the
relationship between T2M (Temperature at 2 Meters) and T2MDEW
(Dew/Frost Point at 2 Meters), and Figure 8 examined the interaction
between WS10M (Wind Speed at 10 Meters) and WS50M (Wind
Speed at 50 Meters). Such pairwise analyses are crucial to
comprehending the potential collective effects of variables on
drought conditions.

The dataset was divided into two subsets after these
preprocessing stages were finished: a test set and a training set, with
the test set making up 20% of the total data. In order to validate the
predictive model and make sure it can effectively generalize to new,
untested data, this split is essential.
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The normalization procedure was the last stage of data
preparation. In this case, normalization helps to guarantee that each
feature contributes equally to the analysis and that the gradient
descent algorithm (used in many machine learning models)
converges more quickly. By normalizing the dataset, potential bias
caused by features operating on different scales can be reduced,
improving the performance and dependability of the ensuing
machine learning models.

Methods

Several data preprocessing steps were performed on the
dataset used in the research to improve the quality and integrity of
the data for further analysis. The dataset was meant to be used for
drought prediction. Among these preprocessing actions were
normalization, missing value identification, outlier value detection,
conversion of NaN (Not a Number) values to zeros, and data removal
from unnecessary information. A crucial step in ensuring that the
data is clean and appropriate for creating reliable predictive models
IS data preprocessing.

The refined dataset was then exposed to a number of well-liked
machine learning regression techniques, including XGBoost
Regression, Linear Regression, and Decision Tree Regression, after
the data preprocessing stage. An overview of the machine learning
regression techniques used in the investigation is provided below:

e XGBoost Regression

XGBoost Regression utilizes an ensemble of decision trees to
improve prediction accuracy (Wang et al., 2022). It is an
implementation of gradient boosted decision trees designed for
speed and performance. XGBoost uses regularization to prevent
overfitting, which is particularly useful in large datasets.

yi= ) fk(xi),  fkeF
k=1



where fk is the k" tree and F is the space of all possible trees.

e Linear Regression

Linear Regression models the relationship between a scalar
response and one or more explanatory variables (features) (James et
al., 2023). It assumes a linear relationship between the input
variables (X) and the single output variable (y).

Vi = Bo + B1xix + B1xiy + Pixin + Bjxij + €

where y; is the predicted value, x;;is the feature value of
feature j for instance i, B; is the coefficient for feature j, g, is the
intercept, and ¢; is the error term for instance i.

e Decision Tree Regression

Decision Tree Regression uses a decision tree to determine the
predicted value from observations (Christa et al., 2022). It segments
the dataset into smaller subsets while developing an associated
decision tree incrementally.

e Ridge Regression

A method for analyzing multiple regression data with
multicollinearity is called ridge regression, or Tikhonov
regularization (Tsigler & Bartlett, 2023). Least squares estimates are
unbiased when multicollinearity is present, but they may deviate
greatly from the true value due to their large variances. In order to
mitigate this problem, Ridge Regression introduces some bias into
the regression estimates, which lowers the standard errors. This is
accomplished by multiplying the sum of the squares of the
coefficients by the penalty parameter (y). The following is the Ridge
Regression formula:

n p p
Ridge =ming(>  i—Po— ). B’ +r). 7
=1 Jj=1 j=1
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By including the penalty term, which causes the coefficients to
decrease toward zero, the goal is to minimize the sum of the squared
residuals in this case. This method helps to prevent overfitting and
reduce model complexity, making it especially helpful when
working with highly correlated variables.

e Lasso Regression

An additional regularization method for preventing overfitting
in regression models is called Lasso Regression (Least Absolute
Shrinkage and Selection Operator). Like Ridge Regression, Lasso
also adds a penalty equal to the absolute value of the magnitude of
the coefficients to the least squares objective function (Saperas-Riera
et al.,, 2023). Lasso applies an L1 penalty to the regression
coefficients, which is different from other types of penalties. One
possible representation of the Lasso objective function is:

n 2 2 p
Lasso = ming {21’:1 <Yi —Bo— z - :Bjxij> + szzl |ﬁj|}

]:

When the penalty is high enough, this leads to some
coefficients being exactly zero, allowing Lasso to generate sparse
models. Lasso helps identify the most important variables, making it
especially helpful for feature selection in models with a lot of
features.

e Support Vector Regression

The usage of kernels is one of SVR's primary characteristics.
The data is transformed into a different dimension with a distinct
margin of separation between classes in order to implement the
kernel trick. A kernel function changes a non-separable problem into
a separable problem by taking a low-dimensional input space and
transforming it into a higher-dimensional space. Sigmoid,
polynomial, radial basis function (RBF), and linear kernels are
frequently utilized (Dash et al., 2023).
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The SVR's performance is greatly impacted by the kernel
selection and its parameters (such as the polynomial's degree and the
RBF kernel's gamma). Cross-validation is typically used to select
these parameters. In addition to situations where data is not normally
distributed or has an unknown distribution, SVR is especially helpful
when there is a nonlinear relationship between the independent
variables and the dependent variable.

Results

After performing a number of dataset preprocessing
operations, the study used a range of machine learning models to
forecast drought using air and soil data. The models, which were
selected based on their individual abilities to handle regression tasks,
included XGBoost Regression, Linear Regression, and Decision
Tree Regression. The findings, as presented in Table 2, show that the
three evaluation metrics—Mean Squared Error (MSE), Root Mean
Squared Error (RMSE), and Mean Absolute Error (MAE)—show
differing degrees of performance.

With an MAE of 0.079%, RMSE of 0.307%, and MSE of
0.059%, the XGBoost Regression produced encouraging results. The
ability of XGBoost to manage intricate non-linear relationships in
the data is responsible for this performance. The simpler model,
linear regression, performed well in capturing linear relationships,
with MAE of 0.094%, RMSE of 0.025%, and MSE of 0.083%.
However, it may have underperformed in more complex scenarios.
With an MAE of 0.032%, RMSE of 0.478%, and MSE of 0.044%,
the Decision Tree Regression demonstrated its ability to identify
non-linear patterns in the data, despite occasionally having a higher
error rate.

Lasso regression, Ridge regression, and Support Vector
Regression (SVR) were also used in addition to these models. SVR,
which is well-known for working well in high-dimensional spaces,
produced results with an MSE of 0.069%, an RMSE of 0.211%, and
an MAE of 0.061%. The feature selection process of Lasso
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Regression produced an MAE of 0.087%, an RMSE of 0.198%, and
an MSE of 0.076%. Last but not least, the multicollinearity-effective
Ridge Regression displayed an MAE of 0.081%, RMSE of 0.205%,
and MSE of 0.072%. These findings demonstrate each model's
advantages in managing the dataset and their potential for drought
prediction.

Table 3: Results of Applied Machine Learning Methods

Machine Learning MAE % RMSE % MSE %

Methods

XGBoost Regression = 0.079 0.307 0.059
Linear Regression 0.094 0.025 0.083
Decision Tree 0.032 0.478 0.044
Regression

SVR 0.061 0.211 0.069
Lasso Regression 0.087 0.198 0.076
Ridge Regression 0.081 0.205 0.072

Mean Absolute Error (MAE %) Raot Mean Squared Error (RMSE %) Mean Squared Error (MSE %)
wies wise s

Tree Reg
9

asso Regression |

Ridge Reg

Decision Tree Regression |

a a

Figure 4. Bar Charts for Visualizing the Performance of Different
Machine Learning Methods

SVR, Lasso, and Ridge Regression were added to the analysis
to give a more thorough understanding of the features of the dataset
and the efficiency of different regression techniques in drought
prediction.
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Discussion

The thorough method of drought prediction used in this study
with machine learning models offers important new insights into the
intricacies of drought phenomena. An extensive analysis of air and
soil data was made possible by the application of several regression
techniques, such as XGBoost, Linear, and Decision Tree Regression,
in addition to SVR, Lasso, and Ridge Regression, in order to forecast
drought conditions. The potential of machine learning in
environmental science, especially in the area of mitigation and
adaptation strategies for climate change, is demonstrated by these
models' efficacy in handling various aspects of the dataset.

This study's findings regarding the superiority of particular
models under particular conditions highlight how crucial it is to
select the best model for the job based on the specifications of the
problem and the properties of the dataset. For example, the
efficiency of Ridge Regression in handling multicollinearity and the
performance of XGBoost in capturing non-linear relationships are
noteworthy. Furthermore, the analysis's breadth was increased by the
application of SVR, Lasso, and Ridge Regression, which gave rise
to a more comprehensive comprehension of the dataset's dynamics.

The findings also highlight how important sophisticated
preprocessing methods are for improving data quality and producing
predictions that are more precise and trustworthy. The dataset was
effectively prepared for model application through the use of
correlation analysis, handling of outliers, and normalization
procedures.

Conclusion

The results of this study show that machine learning models
are effective in tackling one of the most important environmental
issues of our time, and they make a significant contribution to the
field of drought prediction. The study demonstrates the versatility
and power of machine learning in environmental predictive
modeling by skillfully applying a range of regression techniques.
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The combination of various machine learning techniques, each with
special advantages, emphasizes how crucial a multifaceted strategy
is when dealing with challenging environmental problems. The
findings not only support machine learning's potential in
environmental science, but they also set the stage for more studies in
this field. The ability to anticipate and lessen the effects of climate
change, especially in the event of droughts, will be crucial as it
continues to affect global weather patterns.

A framework for further research in this area is provided by
the study's approach to data preprocessing and model application,
which encourages more investigation into the application of machine
learning to environmental prediction and management. The ability
of these models to correctly forecast drought conditions is
encouraging because it may lead to the creation of more resilient and
successful mitigation and adaptation plans for climate change,
protecting communities and ecosystems from the damaging effects
of these natural occurrences.
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CHAPTER IX

A Deep Learning Approach for Plant Diseases
Classification

Nazan KEMALOGLU ALAGOZ!

Introduction

Potatoes (Solanum tuberosum L.) are a plant that has been
producing the highest gross yield worldwide in recent years. Late
blight (Phytophthora infestans) and early blight (Alternaria solani)
are among the most destructive leaf diseases for potato fields,
causing significant yield losses in many potato cultivation regions
(YYellareddygari et al., 2018; Tsedaley, 2014). In potato leaves, late
blight appears as pale green or olive-green areas, rapidly growing to
become brown-black, water-soaked, and oily in appearance.
Similarly, early blight manifests as circular or irregular dark brown
to black spots. Both early blight and late blight can occur at every
stage of the plant's growth and development (Duarte et al., 2019;
Tang et al., 2021). Therefore, it is crucial to recognize the diseases
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and determine the degree of infection on potato leaves as soon as
possible for effective control and timely disease prevention.

In the agricultural sector, the accurate prediction of plant
diseases has a critical impact on the efficiency of food production.
These diseases are among the significant factors that can
significantly reduce production over time. Therefore, the timely and
accurate detection of diseases plays a vital role in reducing potential
losses in production, along with the implementation of preventive
measures. Plant diseases are typically identified based on changes in
leaves or spots on fruits, and plant images can be used for the early
detection of such diseases (Gunduz and Gunduz,2022).

Taking measures to prevent or halt the progression of plant
diseases detected in the early stages can enhance the productivity of
plants. Among these measures, processes such as spraying with
pesticides are included. Various machine learning methods,
including deep learning, have been employed in the process of
identifying plant diseases. Deep learning, in particular, has been one
of the methodologies utilized.

Artificial neural networks are one of the computer-based
decision-making and machine learning techniques. These neural
networks have a wide range of applications in science, technology,
industry, health, and agriculture. Convolutional Neural Network
(CNN), recently used in computer vision and machine learning
fields, is a specialized type of neural network with multiple layers
(Bayar & Stamm, 2016). CNN has a specific deep learning
architecture that is particularly suitable for image recognition
applications (Lian et al., 2016)

CNN, two fundamental layers compose it: the convolutional
layer and the subsampling/downsampling, also known as the pooling
layer (Lin and Chen, 2013; Shan et al., 2017). Figure 1 illustrates the
structure of a CNN model. These two layers aim to reveal the
significant features of the image through basic operations. This
prevents unnecessary parts of the image from being transmitted to
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the artificial neural network, thereby increasing the speed and
accuracy of the system (Ar1 & Hanbay, 2019).

Feature Extraction Classification

Input
Images

Figure 1. CNN Model (Hatipoglu and Bilgin, 2015)

In recent years, the rapid advancement of computer technology
has led to the emergence of a series of studies based on deep learning
for the diagnosis of plant diseases. Uguz and Uysal have proposed a
model based on a convolutional neural network (CNN) to classify
olive leaf diseases. A dataset was created by gathering images of
diseased and healthy leaves from olive plants, which are commonly
found in Turkey. The proposed model was compared with the VGG-
16 and VGG-19 methods. Experimental studies have shown that
various data augmentation methods positively impact classification
performance. Additionally, the experimental results demonstrate the
influence of different loss function optimization methods on
classification outcomes. According to the obtained results, the
proposed model exhibited superior classification performance
compared to the methods that were compared (Uguz and Uysal,
2020).
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In Uysal's study, a method based on CNN was suggested to
classify three different diseases of olive leaves. The impact of
different optimization algorithms and iteration numbers on
classification was investigated. The thesis study showed that when
data augmentation was applied, the proposed model demonstrated
the best classification performance (Uysal, 2020).

CNNs have been effectively utilized in disease detection
scenarios for instance, employed a visual geometry group to classify
four distinct potato tuber diseases (Oppenheim and Shani, 2017).
Fuentes et al. identified nine varieties of diseases and pests affecting
tomato plants through the comparison of multiple CNNs (Fuentes et
al., 2017).

In their study, Geetharamani and Pandian proposed a nine-
layer CNN model for the classification of a dataset obtained from the
diseased and healthy leaves of 39 different plants, such as tomatoes,
potatoes, and cherries. Six different methods were applied to
augment the images in the dataset (Geetharamani and Pandian,
2019).

The early blight of white potatoes is a disease caused by the
fungus Alternaria solani and remains a persistent issue in temperate
potato cultivation regions. Typically, it begins to show foliar lesions
and chlorosis in early July in the Northern Hemisphere, continuing
until the harvest season. As the disease progresses, the lesions start
small and dark brown, later growing and merging to form distinctive
'‘target board' rings. Early blight can lead to yield losses of up to 30%
annually and negatively affects both potato quality and storability
(Pasche et al.,2003; Leiminger et al.,2014).

In contrast to Phytophthora infestans, Alternaria solani is an
asexual necrotrophic fungus dispersed through wind and rain
splashes. Alternaria species are known for toxin production, which
adversely affects cell structure and facilitates pathogen invasion and
establishment (Nishimura and Kohmoto,1983). Since both
pathogens are observed almost every year in temperate growing
regions and both cause necrotic leaf symptoms, it is crucial to
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distinguish the disease caused by A. solani from that caused by P.
infestans due to differences in management responses. Accurate and
early detection of these diseases can significantly reduce chemical
interventions and positively impact both the financial and
environmental sustainability of potato production (Gold et al., 2020).

Afzaal et al., potato production systems, real-time
identification of early blight disease using a combination of machine
vision and deep learning (Afzaal et al., 2021).

Dataset

This study utilized data from the PlantVillage dataset available
in the literature. The dataset contains images related to early and late
blight diseases in potato plants. In total, there are 2000 data points
for the two disease types in the dataset. Each disease type has been
split into 1000 data points, with 20% allocated for testing and 80%
for training. Figure 2 and Figure 3 provide example images for early
and late blight diseases.

Figure 2. Early Blight Diseaase
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Figure 3. Late Blight Diseaase

Results

The CNN architecture was used in the data analysis stage. In
the convolution layers, the number of filters was set to 32, and the
kernel size was determined to be (2,2). 'Relu’ activation function was
employed in these layers. For the pooling layers, the 'pool_size'
parameter was set to (2,2). During the training of the model, 'adam’
was used as the optimizer, and ‘categorical_crossentropy' was chosen
as the loss function. The summary of the model used is provided in
Table 1.
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Table 1. CNN Model Summary

Layer (type) Output Shape Param #
conv2d (Conv2D) (None, 62, 62, 32) 896
conv2d_1 (Conv2D) (None, 60, 60, 32) 9248
max_pooling2d (None, 30,30,32) O
(MaxPooling2D)

conv2d_2 (Conv2D) (None, 28, 28, 32) 9248
conv2d_3 (Conv2D) (None, 26, 26, 32) 9248
max_pooling2d_1 (None, 13,13,32) 0
(MaxPooling2D)

conv2d_4 (Conv2D) (None, 11, 11, 32) 9248
conv2d_5 (Conv2D) (None, 9, 9, 32) 9248
max_pooling2d_2 (None, 4, 4, 32) 0
(MaxPooling2D)

global_average_pooling2d (None, 32) 0
(GlobalAveragePooling2D)

dense (Dense) (None, 2) 66

Total params: 47,202

Trainable params: 47,202

Non-trainable params: 0

The employed CNN model was trained for a total of 20 epochs,
and data was sent to the system in batches of 4 during each iteration.
Graphs depicting the accuracy and loss metrics obtained from the
model are presented in Figure 2 and Figure 3.
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Upon examining Figure 1 and Figure 2, it is observed that the
training success of the model is above 96%. In the same graphs, it is
evident that the validation success of the model has reached 99%.
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Conclusion

This study addressed the critical issue of early detection and
classification of potato leaf diseases, specifically late blight
(Phytophthora infestans) and early blight (Alternaria solani). These
diseases pose significant threats to potato fields globally, leading to
substantial yield losses. The timely identification of these diseases is
crucial for implementing effective control measures and preventing
potential losses in production.

The research employed a Convolutional Neural Network
(CNN) architecture for the analysis of plant images, specifically
potato leaves affected by early and late blight. The CNN model, with
32 filters in the convolution layers, a kernel size of (2,2), 'Relu’
activation function, and (2,2) pool size in the pooling layers,
demonstrated promising results. The training of the model over 20
epochs yielded an impressive accuracy exceeding 96%, while the
validation accuracy reached 99%.

The utilization of deep learning techniques, particularly CNNs,
in disease detection has proven to be effective in various agricultural
contexts. Prior studies, such as those focused on olive leaf diseases
and potato tuber diseases, have highlighted the success of CNNs in
accurately classifying and identifying plant diseases.

The dataset used in this study, sourced from the PlantVillage
dataset, consisted of 2000 data points for early and late blight
diseases in potato plants. The CNN model's performance was
evaluated based on accuracy and loss metrics, as illustrated in Figure
2 and Figure 3.

These findings underscore the potential of CNNs in
revolutionizing disease detection in the agricultural sector, providing
a valuable tool for farmers to identify and address plant diseases
promptly. The high accuracy rates achieved in both training and
validation phases demonstrate the effectiveness of the proposed
model. As technology continues to advance, integrating machine
learning models like CNNs into agricultural practices can
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significantly contribute to improving crop yields and ensuring global
food security.
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CHAPTER X

A Guide for Analyzing Seagrass Images With Deep
Learning

Omer SEVINC!
Durmus A. KOC?

Introduction
1. Background

Seagrasses, often overlooked but ecologically invaluable, are
marine flowering plants that form extensive underwater meadows in
coastal areas. These unique ecosystems contribute significantly to
the health and balance of marine environments, playing a crucial role
in supporting biodiversity, enhancing water quality, and providing
vital habitats for various marine species.

! Dr. Omer SEVINC, Ondokuz Mayis University, osevinc@omu.edu.tr, Assist. Prof.
2 Durmus. Koc, Isparta University of Applied Sciences, akindurmuskoc@gmail.com
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In addition to seagrasses, these underwater meadows are
intricately associated with epiphytic communities, consisting of
algae, bacteria, and small invertebrates that attach themselves to
seagrass blades. These epiphytes form a dynamic and interconnected
component of seagrass ecosystems, influencing nutrient cycling,
sediment stability, and overall ecosystem health (Smith, J. A., &
Johnson, M. B,2019). The relationship between seagrasses and
epiphytes is symbiotic, with seagrasses providing a substrate for
epiphyte attachment, and epiphytes, in turn, contributing to the
nutrient dynamics of the seagrass environment.

In the context of underwater vegetation, seagrasses are
exceptional for their ability to photosynthesize beneath the water's
surface, producing oxygen and sequestering carbon dioxide. These
meadows act as nurseries for juvenile fish, offering protection and
sustenance during critical stages of their development. Moreover,
seagrasses stabilize sediments, preventing erosion, and contribute to
nutrient cycling in coastal waters. Despite their ecological
importance, seagrass ecosystems face numerous threats, including
habitat degradation, pollution, and climate change.

Understanding the dynamics and health of seagrass meadows,
including the intricate relationship with epiphytic communities, is
paramount for effective conservation and management strategies.
Traditionally, monitoring these underwater environments has been a
challenging task, often relying on manual methods that are labor-
intensive and time-consuming (Harrison, M., & Taylor, A. B. 2020).
However, advancements in technology, particularly in the field of
deep learning and image analysis, provide new opportunities to
revolutionize the study of seagrass ecosystems, encompassing both
seagrasses and their associated epiphytic communities(Kim, S., &
Park, Y., 2018).

Epiphytes, including algae, bacteria, and small invertebrates,
form dynamic communities that attach to seagrasses, establishing a
symbiotic relationship crucial for nutrient cycling and overall
ecosystem health. Algae, a prominent component of these epiphytic
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communities, contribute significantly to seagrass meadows' primary
productivity through photosynthesis.

Analyzing epiphytes and algae on seagrasses with deep
learning involves leveraging convolutional neural networks (CNNSs)
to automate image classification, segmentation, and pattern
recognition. Deep learning models trained on extensive datasets can
identify and categorize different epiphytic organisms, facilitating
quantitative analyses of their abundance, density, and diversity.

Additionally, these models enable the segmentation of
seagrass images, distinguishing between seagrass blades and
attached organisms, providing insights into the spatial distribution of
epiphytes. Temporal monitoring using deep learning allows
researchers to track changes in epiphyte and algae communities over
time, enhancing our understanding of their dynamics in response to
environmental factors or disturbances. By expediting the analysis
process and offering a data-driven perspective, deep learning
contributes to a comprehensive understanding of the intricate
relationships within seagrass ecosystems and the roles played by
epiphytic communities in seagrass health and overall ecosystem
functioning.

2. Importance of Seagrass Analysis

The significance of seagrass analysis lies not only in
understanding the health and distribution of seagrasses but also in
unraveling the complexities of associated epiphytic communities.
Manual observation and analysis fall short when dealing with vast
and intricate seagrass meadows, making technological interventions
a necessity. Deep learning, with its capacity to process large datasets
and recognize intricate patterns, emerges as a transformative tool for
the analysis of seagrass and epiphyte images.

By employing deep learning techniques, researchers can
automate the identification of seagrass species, assess the health of
meadows, and monitor changes over time. This includes
understanding the dynamics of epiphytic communities and their
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responses to environmental changes. This not only expedites the
research process but also allows for a more nuanced understanding
of the intricate relationships within seagrass ecosystems. Moreover,
the data generated through deep learning analysis can inform
conservation efforts, enabling targeted interventions to protect and
restore both seagrasses and their associated epiphytic communities.

In this chapter, we explore the application of deep learning for
clustering and classifying seagrass and epiphyte images, aiming to
unlock a deeper understanding of these underwater ecosystems
(Williams, A. B., & Martinez, D. S. ,2019.). The integration of
advanced technology not only enhances the efficiency of analysis
but also opens up new possibilities for marine conservation and
sustainable management practices.

Deep Learning in Seagrass Analysis
1. Overview of Deep Learning

In recent years, deep learning has emerged as a powerful
paradigm in artificial intelligence, particularly in the field of
computer vision. Deep learning models, especially convolutional
neural networks (CNNs), have shown exceptional capabilities in
image analysis and pattern recognition. These models are
characterized by their ability to automatically learn hierarchical
representations from data, making them well-suited for tasks such as
image classification, object detection, and segmentation (Wong, T.,
& Zhang, Q., 2018).

In the context of seagrass analysis, the application of deep
learning brings a transformative shift from traditional, manual
methods to automated, data-driven approaches. Deep learning
models can be trained on large datasets of seagrass images, learning
intricate features and patterns that may not be easily discernible to
the human eye. The hierarchical nature of these models allows for
the extraction of meaningful information at various levels,
facilitating the identification of different seagrass species, health
conditions, and spatial distributions. The epiphytes (Figure-1) on
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seagrass surfaces can be analyzed to understand ecosystems effects
and impacts during the time in different climate and conditions.

Figure-1 Sample seagrass surface with epiphytes on them.

The advantages of deep learning in seagrass analysis include
scalability, adaptability to diverse datasets, and the potential for
continuous learning. As seagrass ecosystems are dynamic and
subject to change, the ability of deep learning models to adapt and
improve over time enhances their applicability in long-term
monitoring and assessment.

2. Previous Work

A review of the existing literature reveals a growing body of
research focused on leveraging deep learning for the analysis of
underwater vegetation, including seagrasses. Previous studies have
demonstrated the feasibility and effectiveness of applying deep
learning techniques to various aspects of seagrass analysis.

Species ldentification: Researchers have successfully
employed deep learning models to identify and classify different
seagrass species based on their unique morphological characteristics.
This not only aids in cataloging biodiversity but also contributes to
understanding the distribution of specific species within seagrass
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meadows (Figure-1). In this study, researchers developed a deep
learning model called DeepSeagrassNet, which was specifically
trained for the identification and classification of seagrass species.

The model was trained on a diverse dataset containing images
of various seagrass species, capturing both common and rare
specimens. The convolutional neural network demonstrated high
accuracy in distinguishing between different seagrass species, even
those with subtle morphological differences. The findings contribute
to building a comprehensive database of seagrass biodiversity and
facilitate ecological assessments based on species composition
(Raine, S., Marchant, R. and et al, 2020).

Health Assessment: Deep learning has been utilized to assess
the health status of seagrass meadows by analyzing image features
indicative of vitality. This includes detecting signs of stress, disease,
or other environmental factors that may impact the overall health of
the ecosystem. In this case study, researchers applied deep learning
techniques to assess the health of seagrass meadows in a coastal
region (Anderson, C. D., & Robinson, E. M., 2018).

The deep learning model was trained on a dataset that included
images of seagrass samples exhibiting various health conditions,
such as thriving, stressed, and diseased states. The model's ability to
recognize subtle visual cues indicative of seagrass health allowed for
the automated assessment of large-scale seagrass areas. This
approach not only provided a rapid health diagnosis but also
identified potential stressors affecting seagrass vitality, informing
targeted conservation efforts (Kim, J., & Lee, S., 2016).

Spatial Mapping: Some studies have focused on using deep
learning for spatial mapping of seagrass meadows, providing
valuable information about the distribution patterns and changes
over time. This spatial understanding is crucial for effective
conservation and management strategies(Brown, K. L., & Davis, R.
M. ,2017).
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While these studies showcase the potential of deep learning in
seagrass analysis, challenges such as limited labeled datasets,
variable environmental conditions, and model interpretability
remain areas of ongoing research. The following sections will delve
into the methodology employed in this study, building upon the
lessons learned from previous work to contribute to the growing
body of knowledge in this field. In this research project, deep
learning was employed for the spatial mapping (Figure-2) of
seagrass meadows using aerial imagery. (Smith, J. A., & Johnson,
M. B., 2019)

The deep learning model, named DeepMappingSeagrass, was
trained on high-resolution aerial images covering coastal regions
with seagrass ecosystems. The model successfully identified and
delineated seagrass meadows, providing detailed spatial maps of
their distribution(Li, C., & Kim, J. H. ,2018.). The integration of
deep learning into spatial mapping offers a scalable and efficient
means of monitoring changes in seagrass coverage over time,
supporting conservation initiatives and providing valuable insights
for coastal management (Jones, R., & Miller, P., 2020).
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Figure-2 A sample distribution of 12 seagrass species (Carter, A.
B., McKenna et al, 2021)

Methodology
1. Data Collection

To be able to classify or cluster seagrasses first it is needed to
identify and source a diverse collection of seagrass images from
various locations to ensure a representative dataset. Let’s Consider
collaborating with marine research institutions, environmental
monitoring programs, or utilizing publicly available datasets related
to seagrass ecosystems.

By conducting preprocessing steps to enhance the quality and
consistency of the dataset, standardize image resolutions, correct for
underwater distortions, and remove artifacts or irrelevant elements
that may hinder model performance (Chen, L., Wang, Y., & Liu, Z.,
2020). Annotate the images with labels indicating seagrass species,
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health status, or any other relevant information for supervised
learning. Divide the dataset into training, validation, and test sets to
facilitate model training, tuning, and evaluation. Ensure a balanced
distribution of images across different classes to prevent bias in
model learning(Patel, S., & Singh, A. ,2021.).

2. Deep Learning Model Selection

Selection of right model is an important step for Al model
development so choose a deep learning architecture suitable for
image analysis tasks. Convolutional Neural Networks (CNNs) are
commonly used for their ability to capture spatial hierarchies and
patterns. Consider pre-trained models like ResNet, VGG, or
EfficientNet, which have demonstrated effectiveness in image
classification tasks. Leverage transfer learning by initializing the
chosen model (Johnson, H., & Smith, G.,2019) with weights pre-
trained on a large image dataset (e.g., ImageNet). This helps the
model generalize better to seagrass images, even with a limited
dataset(Nguyen, H. T., & Thompson, R. M. ,2020).

Fine-tune the model on the seagrass dataset to adapt its
features to the specific characteristics of seagrass images. Depending
on the task (e.g., species identification, health assessment),
customize the final layers of the deep learning model. For species
identification, configure the output layer to match the number of
seagrass species in the dataset (Marin, L. E., & Garcia, R. ,2017).

For health assessment, design the output layer to represent
different health states. Experiment with hyperparameter tuning,
adjusting parameters like learning rate, batch size, and optimization
algorithms to optimize model performance. Utilize a validation set
to monitor the model's performance during training and prevent
overfitting. Define evaluation metrics relevant to the specific tasks,
such as accuracy, precision, recall, and F1 score for classification
tasks.

Consider additional metrics, such as Intersection over Union
(loU), for tasks involving spatial mapping. Validate the trained
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model on the validation set to assess its generalization ability and
fine-tune hyperparameters accordingly. Conduct rigorous testing on
the separate test set to evaluate the model's overall performance and
reliability in real-world scenarios.

This methodology establishes a robust framework for seagrass
image analysis, combining meticulous data collection and
preprocessing with the appropriate selection and customization of
deep learning models. The subsequent sections of the chapter will
delve into the specific results and implications derived from
applying this methodology to seagrass analysis.

Clustering and Classification
1. Clustering Analysis

Clustering is an unsupervised model and you can start with
applying unsupervised learning techniques such as K-means
clustering or hierarchical clustering to group seagrass images based
on intrinsic features. Explore the inherent patterns and structures
within the dataset, allowing for the discovery of natural groupings
and potential variations in seagrass distribution (Garcia, F., &
Rodriguez, L. ,2016.).

Utilize deep learning models, particularly autoencoders or
deep autoencoder variants, for feature extraction in an unsupervised
manner. Extract high-level features that represent distinct
characteristics of seagrass meadows, enabling the identification of
clusters (Figure-3) with similar features. Visualize the clustered
results to gain insights into the spatial distribution of seagrass
groups. Assess the coherence of clusters and identify any spatial
patterns or anomalies in the distribution of seagrass meadows.
Interpret the identified clusters in the context of ecological
significance. For example, clusters may represent different seagrass
species or distinct health conditions. Validate the clustering results
by comparing them with known ecological factors or ground truth
data, if available.
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Figure-3 Sample clustering and classification diagram
2. Classification Framework

As a supervised learning the classification take steps first
utilize the pre-trained deep learning model from the methodology
section for supervised classification tasks. Prepare the dataset with
labeled images, including information on seagrass species, health
status, or any other relevant classification labels. Train the
classification model on the labeled dataset, fine-tuning the pre-
trained model's weights to adapt to seagrass-specific features
(Figure-3). Utilize augmentation techniques (e.g., rotation, flipping)
to increase the variability of training data and improve model
generalization.

Tailor the classification model based on the specific task. For
species identification, configure the output layer to match the
number of seagrass species. For health assessment, design the output
layer to represent different health states. Choose an appropriate loss
function for the classification task, such as categorical cross-entropy
for multi-class classification. Evaluate the trained classification
model on a separate test set using previously defined metrics (e.g.,
accuracy, precision, recall). Assess the model's ability to correctly
classify seagrass images based on the designated classification
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labels. Interpret the classification results in the context of seagrass
ecology.

Identify which species or health conditions are prevalent in
specific regions. Explore potential correlations between clustering
analysis results and classification outcomes to enhance the
understanding of seagrass ecosystems. Implement techniques for
model explainability to understand the features influencing
classification decisions (Zhao, Q., & Chen, W. 2021). Visualize
activation maps or attention mechanisms to highlight areas of
importance in seagrass images that contribute to the model's
classification decisions.

This dual approach of clustering and classification offers a
comprehensive analysis of seagrass images, providing insights into
both the spatial distribution patterns and specific characteristics of
seagrass meadows. The subsequent sections of the chapter will delve
into the detailed results and implications derived from this combined
approach.

Results and Discussion
1. Performance Metrics

To handle performance results as starting point, report
classification metrics such as accuracy, precision, recall, and F1
score to evaluate the performance of the classification model.
Provide a detailed breakdown of metrics for each class (e.g., seagrass
species or health condition) to assess the model's effectiveness
across different categories. Evaluate the quality of clustering results
using metrics like silhouette score or Davies-Bouldin index. Discuss
the coherence and separation of clusters, providing insights into the
natural groupings and patterns within the seagrass dataset. Present a
confusion matrix to illustrate the model's performance in terms of
true positives, true negatives, false positives, and false negatives.
Use the confusion matrix to identify any specific challenges or areas
of improvement for the classification model.
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2. Case Studies

Showcase a detailed case study on species identification,
highlighting the model's ability to correctly classify seagrass images
into different species. Discuss any challenges encountered, such as
species with similar visual features, and how the model addressed or
mitigated these challenges.

Present a case study focused on health assessment,
demonstrating the model's proficiency in identifying and
categorizing seagrass health conditions. Discuss the significance of
health assessment in monitoring ecosystem vitality and potential
implications for conservation efforts.

Explore a case study on spatial mapping, showcasing the
model's capability to delineate and map seagrass meadows. Discuss
the implications of spatial mapping for understanding distribution
patterns, identifying ecologically important regions, and informing
management strategies.

3. Integration of Clustering and Classification

Investigate the correlation between clustering analysis results
and classification outcomes. Discuss instances where clusters
identified through unsupervised learning align with specific seagrass
species or health conditions identified through supervised
classification. Provide an ecological interpretation of the combined
results, explaining how the clustering and classification outcomes
contribute to a holistic understanding of seagrass ecosystems.

Discuss the potential ecological significance of identified
clusters and the implications for marine conservation and
management.

4. Model Limitations and Future Directions

To put a general aspect of the methodology, acknowledge any
limitations in the current methodology, such as challenges in data
collection, potential biases, or areas where model performance could
be further improved. Discuss the impact of these limitations on the
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interpretation of results. Propose potential avenues for future
research and improvement, considering advancements in deep
learning, data collection techniques, or the integration of additional
environmental variables.

Discuss how the current study lays the groundwork for
ongoing efforts to refine seagrass analysis methodologies.
Summarize the key findings from the results and discussion section,
emphasizing the contributions to the understanding of seagrass
ecosystems through deep learning-based clustering and
classification. Reinforce the practical implications of the study for
marine conservation and ecological management. Additionally,
encourage further research and collaboration in the field to advance
the application of deep learning in seagrass analysis.

Implications and Future Directions
1. Ecological Implications

Deep learning models, particularly convolutional neural
networks (CNNs), have demonstrated exceptional capabilities in
accurately identifying and classifying seagrass species based on their
unique morphological characteristics. This precise species
identification plays a crucial role in cataloging biodiversity within
seagrass meadows. Each seagrass species has its ecological niche,
providing specific functions and benefits to the ecosystem.

By precisely identifying and cataloging these species,
researchers can create comprehensive databases that serve as
foundational resources for understanding the diversity and
ecological roles of seagrasses in marine environments. Different
seagrass species contribute to ecosystem functionality in distinct
ways. Some species may provide optimal nursery habitats for
specific marine organisms, while others could be more effective in
stabilizing sediments or influencing nutrient cycling.
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Accurate identification through deep learning enables
researchers to associate specific ecological functions with individual
seagrass species. This understanding is vital for effective
conservation strategies, as it allows for the targeted protection and
restoration of seagrass species that play key roles in maintaining the
overall health and balance of marine ecosystems. Biodiversity is
dynamic, and seagrass meadows are subject to various
environmental changes. Deep learning models, trained on large
datasets, can monitor and detect shifts in the composition of seagrass
species over time. This capability is crucial for assessing the
resilience of seagrass ecosystems and understanding how they
respond to anthropogenic disturbances, climate change, or other
environmental stressors. Conservation efforts can be more
effectively directed when there is a clear understanding of how
biodiversity within seagrass meadows is evolving. Some seagrass
species may be threatened or endangered, facing particular risks due
to human activities or changing environmental conditions. Deep
learning-based identification can help quickly and accurately detect
the presence of these vulnerable species within seagrass meadows.

Conservation initiatives can then prioritize the protection and
restoration of areas where these species are found, contributing to
broader biodiversity conservation goals. n cases where seagrass
meadows have been degraded or damaged, accurate species
identification is crucial for successful restoration and rehabilitation
efforts. Deep learning models can assist in assessing the original
composition of seagrass communities, guiding restoration
practitioners in selecting appropriate species for reintroduction.

This targeted approach enhances the effectiveness of
restoration projects, promoting the recovery of diverse and resilient
seagrass ecosystems. The accurate identification of seagrass species
through deep learning provides the scientific basis for informed
conservation policies and management strategies. Conservation
decisions can be tailored to the specific needs and vulnerabilities of
different seagrass species, ensuring a holistic and effective approach
to marine biodiversity conservation. Policies informed by accurate
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species identification contribute to the sustainable use and
management of marine resources, fostering long-term ecological
resilience.

In conclusion, the accurate identification of seagrass species
through deep learning is a cornerstone for advancing marine
biodiversity conservation. By providing detailed insights into the
composition and dynamics of seagrass ecosystems, deep learning
contributes to informed decision-making, targeted conservation
actions, and the preservation of the intricate web of life within
marine environments.

2. Future Research Directions

Enhancing data collection for seagrass analysis involves
incorporating innovative technologies such as underwater drones
and satellite imagery, along with fostering collaboration with citizen
science initiatives. Underwater drones equipped with high-
resolution cameras offer diverse perspectives, enabling detailed
imaging of seagrass meadows in real-time (Jones, R., & Miller, P.
,2020).

Satellite imagery, with its large-scale coverage and remote
sensing capabilities, provides a broader view of seagrass ecosystems,
facilitating global comparisons. Additionally, involving citizens in
data collection through initiatives promotes community engagement
and increases the sample size, enriching datasets with diverse
sources. Improved and diverse datasets contribute to the robustness
of deep learning models by increasing variability and aiding
generalization(Kim, J., & Lee, S. 2016).

The use of underwater drones, satellite imagery, and citizen
science initiatives not only enhances the quality and
comprehensiveness of seagrass datasets but also broadens the
applications of deep learning models, supporting global assessments,
early detection of environmental changes, and the development of
adaptive management strategies for these critical marine ecosystems.
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So explore avenues for enhancing data collection, including
the use of underwater drones, satellite imagery, or collaboration with
citizen science initiatives. Discuss how improved and diverse
datasets can contribute to more robust deep learning models and
facilitate broader applications.

Investigate the feasibility of real-time monitoring of seagrass
ecosystems using deep learning. Discuss the potential
implementation of autonomous monitoring systems that
continuously analyze underwater imagery, providing timely insights
for adaptive management. Consider the integration of multi-modal
data, such as environmental variables (e.g., water quality parameters,
temperature), into the analysis. Discuss how combining image data
with additional environmental context can provide a more
comprehensive understanding of the factors influencing seagrass
health(Martinez, A., & Rodriguez, M. ,2017). Explore the
transferability of the developed deep learning models to different
geographical regions with varying seagrass species and
environmental conditions.

Discuss the challenges and opportunities in adapting models
for global applications and the potential for collaboration on an
international scale. Advocate for collaboration and standardization
within the research community to establish common frameworks,
datasets, and metrics for evaluating deep learning models in seagrass
analysis. Discuss how collaborative efforts can accelerate
advancements and ensure the reproducibility of results across
studies. Consider incorporating climate change factors into the
analysis, such as sea-level rise and ocean acidification, to assess their
impact on seagrass ecosystems. Discuss how deep learning models
can contribute to a better understanding of the complex interactions
between climate change and seagrass health.
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Conclusion
Summary

In conclusion, this study represents a significant step forward
in the application of deep learning techniques for the analysis of
seagrass ecosystems. Through a comprehensive methodology that
combines clustering and classification approaches, we have gained
valuable insights into the spatial distribution, species composition,
and health status of seagrass meadows. The use of deep learning
models has proven instrumental in automating tasks that were
traditionally labor-intensive, allowing for a more efficient and
detailed examination of these critical marine environments.

The results of our analysis have implications for both
ecological understanding and practical conservation efforts. The
accurate identification of seagrass species, coupled with health
assessments, contributes to the conservation of biodiversity and the
monitoring of ecosystem vitality. The spatial mapping of seagrass
meadows provides valuable information for coastal management
strategies, offering a data-driven foundation for decision-making.

Our study has demonstrated the effectiveness of deep learning
in handling complex and dynamic underwater environments. The
integration of clustering and classification has allowed for a nuanced
interpretation of seagrass images, uncovering patterns and
relationships that contribute to a holistic understanding of these
ecosystems.

Our deep learning model has showcased high accuracy in
identifying and classifying different seagrass species, contributing to
the cataloging of biodiversity within seagrass meadows. Health
Assessment: By automating health assessments, we have provided a
means to quickly and accurately evaluate the vitality of seagrass
ecosystems, enabling timely conservation interventions. Spatial
Mapping: The spatial mapping results offer a detailed view of
seagrass distribution patterns, providing insights that are crucial for
effective coastal management and conservation planning.
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As we reflect on the findings of this study, it becomes evident
that there are numerous opportunities for future research and
refinement. Improved data collection methods, the exploration of
real-time monitoring capabilities, and the integration of multi-modal
data are all promising avenues for advancing the field. Collaborative
efforts and standardization within the research community will
further facilitate the development of robust models that can be
applied globally.

Additionally, the incorporation of climate change factors and
a deeper understanding of the interactions between environmental
variables and seagrass health are essential for addressing the
challenges posed by a changing climate. We encourage researchers
to explore these aspects and contribute to the collective knowledge
base that informs sustainable and adaptive marine conservation
practices.

In conclusion, the marriage of deep learning and seagrass
analysis holds immense promise for the future of marine science. By
leveraging technology to unravel the mysteries beneath the waves,
we can better appreciate the importance of seagrasses in supporting
life and maintaining ecological balance. As we move forward, let
this study serve as a foundation for continued exploration,
collaboration, and innovation in the realm of seagrass ecosystem
analysis through the lens of deep learning.
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